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ABSTRACT
The purpose of this study is to investigate the effects of personal attributes, risk
perception, and risk reduction strategies on travel intention in the specific context of U.S.
travelers and the island destination of Bali, Indonesia. The variables examined in this study are
personality traits, subjective knowledge, risk experience, perceived risk, emotion, risk reduction
strategies, and intention to visit. Travelers with certain personal attributes (personality traits,
subjective knowledge, and risk experience) were asked to evaluate destination risk factors and
develop risk perceptions and emotions. They were also asked about different risk-reduction
strategies and how each would impact their considerations to visit the destination.
The method used in this study was a quantitative approach. The data were collected from
U.S. travelers with a non-probability sampling procedure. Participants were asked to complete an
online survey through Amazon MTurk. The survey was completed on November 11, 2020. A
total of 594 usable responses were retained for data analysis. Descriptive analysis was conducted
to describe the socio-demographic and travel experiences of the respondents. PLS-SEM
statistical analysis with SmartPLS v.3.0 was then conducted to examine the effects of personal
attributes and risk-related variables on intent to visit. Findings showed that risk experience
positively influenced risk perception, while psychocentric personality traits and subjective
knowledge positively influenced emotion. Risk perception was found not to inhibit intention to
visit. In addition, respondents had relatively positive emotion levels regarding the destination.
However, risk perception had a positive influence on the intention to engage in various risk
reduction strategies, except information search. Only trust and financial strategies had positive
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influences on intent to visit. The effects of risk perception and emotions in influencing risk
reduction strategies were different according to the experienced and non-experienced groups.
This study adds to the limited knowledge of tourist risk reduction behaviors in the context
of a vulnerable island destination. This study proposes a conceptual framework that provides a
more integrated understanding of risk-related behavior. Exploring the complexity of tourists'
behavior regarding risk could expand our understanding of how tourists respond to different
types of risks. DMOs must understand how tourists respond to different types of risks and
support effective strategies to alleviate risk perception.

Keywords: destination risk perception, risk reduction strategies, information search, social
strategies, financial strategies, emotion regulation, trust, time substitution, physical strategies,
intention to visit, vulnerable island destination, partial least structural equation modeling, Bali,
tourism, tourism demand
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:
INTRODUCTION

The first chapter introduces the study, outlines the justification and significance for
conducting the study. This chapter consists of several sections which include: the background of
the study, problem statements, theoretical background, the proposed model, purpose of the study,
rationale or justification of the study, theoretical and practical significance, and the organization
of the dissertation.

1.1. Background of the Study
Studies on perceived risk have been an important topic in the tourism literature for many
years, and these have developed into a body of knowledge in understanding tourists’ decisionmaking process. Risks are inherent in decision making and considered as a deterrent factor that
could influence travel decisions (Fuchs & Reichel, 2006; Kozak, 2007; Karl, 2018; Law, 2006;
Liu et al., 2016; Reisinger & Mavondo, 2005; Sharifpour et al., 2014). Because of its potential
influence shaping travel behavior, significant research has been devoted to understand risk
perception, including its antecedents, its influence on travel behavior, and how risk can be
managed (see for example, Hasan et al., 2017; Yang & Nair, 2014).
The occurrence of crisis and disaster events (e.g., financial crisis, natural disasters,
diseases outbreak, etc.) worldwide and their impacts on tourism demand illustrates how fragile
tourism is (Cro & Martins, 2017; Rosello et al., 2020). More recently, evidence to date suggests
that the coronavirus or COVID-19 pandemic’s impact on international travel has been the most
devastating crisis since the beginning of international tourism in the 1950s (UNWTO, 2020).
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The emergence of the COVID-19 outbreak with its global scale impact is unprecedented
(Gossling, 2020). Accordingly, the impacts of COVID-19 have shaped travel behavior as
travelers are more safety cautious in their decisions, such as postponing their plans, reducing
consumption, and/or traveling more locally if at all (Kourgiantakis et al., 2020; Nguyen & CocaStefaniak, 2020). The increasing crisis and disaster events globally strengthen the significance of
undertaking risk-related research which started in the1990s (Roehl & Fesenmaier, 1992; Sonmez
& Graefe, 1998a).
An important area of risk-related studies involves risk management which suggests the
need to alleviate risk perception as it would create a more positive outcome, so people would not
necessarily avoid so-called “risky” destinations. The literature also indicates that risk
management is not only the concern of the tourism industry (supply-side), but also the tourists
(demand-side). There are segments of tourists who are willing to take risks, and these segments
proactively engage in various risk reduction strategies when planning or traveling to risky
destinations (Adam, 2015; Fuchs & Reichel, 2011; Kerr & Kelly, 2018; Mitchell & Vassos,
1997; Nugraha, Hamin, & Elliott, 2020). In line with the previous studies, this study also argues
that perceived risks would motivate the adoption of protective behaviors.
The issue with perceived risk is that it is relatively subjective. Travelers may have
different risk perceptions and respond differently toward the same risk factors. The external
stimuli are internalized differently depending on individuals’ internal factors (Karl & Schmude,
2017). Thus, it becomes important not only to understand tourists’ concerns but also to
understand the type of tourists who are willing to set aside their worries and able to manage
risks, as these types of tourists are the ones who would visit risky destinations (Adam, 2015;
Fuchs & Reichel, 2011). Perception management is important for a destination to understand the
2

types of behaviors that could alleviate risk perception and how such behaviors could be
supported.
Because risk perception is situation-specific, it is recommended that research should be
conducted at a destination level (Roehl & Fesenmaier, 1992; Schroeder et al., 2013). Where
crises have occurred, be they natural or man-made, they have generally contributed to a
temporary reduction in tourist numbers for temporary periods, with the industry traditionally
resilient to recovery (Bhati, Upadhayaya, & Sharma, 2016; Gössling, Scott, & Hall, 2020). The
growth of international tourism remained strong since the beginning of mass tourism in the
1950s until the emergence and spread of Covid-19 (UNWTO, 2020). However, the local level is
more pressing since those destinations deemed vulnerable to crises and disasters have the most
challenging tasks to maintain their markets from going elsewhere. The latter is particularly
evident with island destinations where a high concentration of tourism dependency inflates the
degree to which their vulnerability negatively impacts the international markets, as reflected in
the fluctuations of tourist arrivals (Katarzyna, 2018; Wang, 2009).
The concept of vulnerability suggests that some destinations deserve more attention than
the others. Vulnerability is not a new concept and is commonly defined as the susceptibility of a
system to harm due to exposure to hazards and the lack of ability to cope, recover, or adapt to
such hazards (Calgaro, 2014; Perch-Nielsen, 2010; Pelling & Uitto, 2001). Islands, particularly
the smaller ones, have inherent conditions such as small size, remoteness, fragile ecosystems,
limited hazard mitigation capability, dependence on tourism, limited socio-demographic and
economic structure (Perch-Nielsen, 2010; Pelling & Uitto, 2001). The stability of tourism
demand in island destinations can be easily threatened by the impacts of socio-economic and
environmental disturbances (Becken, Mahon, Rennie, & Shakeela, 2014). The consequence of
3

vulnerability contributes to the construction of a destination that is the focal point of tourists'
experiences. The islands' vulnerability to crisis and disaster events could evoke negative
destination images and demotivate travelers to participate in tourism activities. Thus, destination
management is concerned with monitoring any misperceptions and maladaptive behaviors
resulting from the impacts of islands' vulnerability.
Because of the importance of understanding travel behavior for island destinations,
several risk-related studies have taken place in the context of island destinations. Researchers
have examined the impacts of risk perceptions on travel behaviors based on a specific or several
risk factors associated with island destinations, including climate change (De Urioste-Stone et
al., 2016; Huebner, 2012), hurricanes (Forster et al., 2012), perceived crowding (Rasoolimanesh
et al., 2017), socio-psychological, physical, and financial risk (Chew & Jahari, 2014), human and
natural induced hazards (Filep et al., 2014). These studies highlight the importance of
understanding the implication of destinations’ risk perception in influencing tourists' behavior.

1.2. Problem Statement
While studies on risk perception within island destinations have gained visibility,
investigations of risk reduction strategies are limited. The understanding of this phenomenon in
its current standing is inadequate. Thus, the purpose of this study is to have a better
understanding of how tourists interpret and respond to different risks associated with island
destinations that are under perpetual threats. Understanding risk perception provides empirical
evidence which can clarify what vulnerability means from travelers' perspectives (Huebner,
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2012). This understanding will help tourism professionals and destinations identify and support
important strategies that reduce risk perception.
Although risk-related studies have received considerable attention, there are some
limitations. Studies on risk perception tend to be fragmented (Karl, 2017). The role of personal
attributes has not been examined to investigate risk reduction behaviors (Adam, 2015; Fuchs &
Reichel, 2011; Nugraha et al., 2020). Previous studies have primarily focused only on one or a
few risk types (e.g., Chew & Jahari, 2014; Huebner, 2012). Investigations have primarily
focused on problem-based approaches and ignored the importance of emotion-based strategies
(Adam, 2015; Fuchs & Reichel, 2011; Nugraha et al., 2020).
More current risk-related research has highlighted the importance of emotion as a
component of risk perception (Becken, Jin, Zhang, & Gao, 2017; Larsen, Brun, & Ogaard, 2009;
Reisinger & Mavondo, 2005; Wang et al., 2019) and emotion regulation as risk reduction
strategies on travel (Gao & Kerstetter, 2018; Gao, Zhang, Kerstetter, & Shields, 2019). In
addition, other risk reducers have not been examined as part of risk reduction strategies, such as
time substitution (McCreary et al., 2019) and trust (Abu-bakar Ilkan, 2016; Boo & Gu, 2010;
Nugraha, Hamin & Elliot, 2020). Considering that travel decisions involve different risk
dimensions, the current study proposes integrating different types of risk perception and risk
reduction strategies to identify which attributes are important.
Two theories are applicable in explaining individuals’ risk perception and subsequent
protective behaviors. First, the adoption of protective measures can be explained by Protection
Motivation Theory (PMT) by Rogers (1975). The theory has been applied in explaining the
relationship between perceived risk and motivation to engage in protective behaviors (Law,
2006; Slevitch & Sharma, 2008; Wang, Lin, Lu, & Lee, 2018). The theory describes the
5

cognitive process that includes threat appraisals (the likelihood and severity of threats) and the
self and response efficacy appraisals. The assessment of threats motivates a person to engage in
protective measures, including avoiding a particular destination if one feels in danger. Although
it has been widely used to predict protective measures, it tends to overemphasize cognitive
processes as a mediating mechanism to overcome fear and engage in protective measures
(Okazaki & Chung, 2004).
The emotion-based regulation theory is based on the Transaction Model of Stress and
Coping (TMSC) (Lazarus & Folkman, 1984). According to the theory, risk evaluation may
create stress and motivate a person to engage in two coping mechanisms: problem and emotionbased coping. Problem-based coping aims to change the behavior, environment, or person, while
emotion-based coping seeks to change thoughts. Risk perception might trigger negative emotions
(e.g., worry, fear, or anxiety), which could also lead to the intention to cope with such emotions
by reducing or decreasing this inner tension through cognitive change. The theory also suggests
the use of a multi-stage cognitive process in which individuals will re-evaluate the situation after
adopting a coping strategy.
This study applies PMT and TMSC as theoretical foundation in explaining the adoption
of risk reduction behaviors and intention to visit a risky destination. A combination of PMT and
TMSC can serve as a suitable framework that can link risk perception and the adoption of risk
reduction strategies and travel decisions. The application of PMT offers limited information on
how emotions take part in coping strategies. As such, the current study attempts to demonstrate
the efficacy of PMT and TMSC in predicting tourists' adoption of risk reduction strategies when
making the decision to visit a vulnerable island destination.

6

1.3. Purpose of the Study
Given that there is limited research on tourists’ risk reduction efforts in island
destinations and the disjointed conceptualization of risk reduction strategies, this study will fill
the knowledge gap by proposing a more integrated model. This study aims to conceptualize and
operationalize risk-related constructs and test the effects on intent to visit a vulnerable island
destination. Such efforts are intended to better understand the processes between the risk-related
constructs and provide conceptual clarity before examining the conceptual model. In particular,
the objectives of this study are as follow:
1. Identify what types of destination risk factors and risk reduction strategies are prevalent.
2. Test the influence of personal factors (personality traits, subjective knowledge, and risk
experience) on perceived risk (cognitive and affective).
3. Test the influence of perceived risk (cognitive and affective) on different types of risk
reduction strategies.
4. Test the mediation effects of risk reduction strategies on perceived risk (cognitive and
affective) and intention to visit.
5. Test the effects of past travel experiences to the destination on the structural relationships
between personal factors, perceived risk (cognitive and affective), risk reduction
strategies, and intention to visit.

1.4. Proposed Research Model
The proposed conceptual model of this study is presented in Figure 1. Personal attributes,
risk-related variables, and intent to visit are included in a broader concept. The model
demonstrates that perceived risk is influenced by three internal factors: personality traits,
7

subjective knowledge, and risk experience. Perceived risk includes cognitive and affective risk
perception (emotion). Risk perception (cognitive and affective) is associated with the adoption of
risk reduction strategies and travel intention. Risk reduction efforts mediate the effects of risk
perception (cognitive and affective) and intention to visit. The discussions of each construct are
presented in Chapter 2.
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Figure 1. Proposed Model
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1.5. Theoretical Significance
Although risk-related studies have gained popularity in the tourism literature, few studies
have been conducted on risk reduction strategies (Adam, 2015; Fuchs & Reichel, 2011; Karl,
2017; Nugraha et al., 2020). Also, there is a gap in the existing literature that needs further
investigation. The decision-making process operates on the interaction between internal and
external factors. Thus, the inclusion of personal attributes within the investigation of risk
reduction behaviors adds to the existing knowledge of the examination risk-related variables and
intention to visit. Thus, integrating different attributes can better understand which attributes are
relevant in explaining risk-related behavior.
This study adopts a multi-dimensional approach to compare the relevance of different
risk dimensions in influencing behavior. In addition, previous studies have identified different
risk reducers. This study seeks to integrate different risk reduction strategies and test the effects
of the strategies on perceived risk and intention to visit. This study presents a broader model and
compares different types of risk and risk reducers, extending the existing examination of riskreduction behavior (Adam, 2015; Nugraha et al., 2020).
It aims to conceptualize, operationalize, and analyze the effects of personal factors, riskrelated variables, on intention to visit. The proposed conceptual model will contribute to the
existing literature of risk-related research by adopting a theoretical lens. This study expands
insights in conceptualizing and operationalizing risk-related variables in the context of island
destinations. A combination of PMT and TMSC is proposed as a comprehensive model that
explains tourists’ adoption of risk reduction behavior. Integration of these two theories provides
a comprehensive understanding of traveler risk perception and pertinent behavior. The use of
TMSC is considered relevant to supplement the PMT’s limitation that tends to rely on cognitive
10

evaluation. Together, PMT and TMSC imply that perceived risk regarding island destinations
might influence the intention to adopt risk reduction efforts. The theories can assess a specific
situational context, such as in the context where risk or threat is dominant and necessitates
behavior change. Therefore, the current study integrates these theories to provide a complete
picture of travelers’ behavior to the risk factors associated with a vulnerable island destination.
Empirical evidence is provided to support the applicability of these theories within the context of
island destinations. The replication of the tested model contributes to the generalization of the
theories.

1.6. Practical Significance
Understanding tourists' behavior is important considering tourism is a key industry that
brings substantial economic benefits to the island destination. Because of the potential influence
of destination risk factors on behaviors, it is crucial to monitor travelers' responses toward
destination risk factors. Risk management has become an important recovery strategy to gain the
confidence of tourists after crisis events. Risk perception assessment is required to understand
the corresponding change in public perception and behavior (Carlsen & Hughes, 2008).
Risk perception is an important aspect of risk mitigation (Filep et al., 2014). Perceived
risks can affect how to do something about it, whether to completely avoid or engage in risk
reduction efforts. From the destinations' perspective, the latter is more desired. As a result,
destination management needs to understand the impacts of the risk factors affecting tourist
behavior. Through understanding the important risks and risk reduction strategies, the tourism
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industry and local government can take the initiative to pre-empt and provide support for the risk
reduction strategies that they know tourists are likely to employ.

1.7. Delimitations
Delimitations are boundaries of the study that the researcher can control (Todman-Lewis,
2017). This study has several delimitations. This dissertation focuses on examining the influence
of personal attributes, risk-related constructs on travel intention. This study is contextualized in
terms of the travelers’ perception in the planning stage and the anticipation of travel experiences.
In the planning stage, risk reduction focuses on increasing certainty and reducing the negative
consequences should the decision be unsatisfactory. Bali, Indonesia was chosen as this study’s
case, assuming that risk perception is situation-specific (Liu et al., 2016; Roehl & Fesnmaier,
1992; Sharifpour et al., 2014). The island has been recognized as a major tourist destination and
described as a vulnerable island that deserves further attention (Gurtner, 2016). Accordingly,
potential U.S. travelers were selected as the subjects of this study with the assumption that
national background plays an important role in risk evaluation. The U.S. travelers were described
as risk-averse travelers who would likely have higher safety concerns toward the destination
(Reisinger & Mavondo, 2005; Seabra et al.,2013).
This study is limited to the theoretical adopted in this study, Protection Motivation
Theory (PMT) and Transaction Model of Stress and Coping (TMSC). The theories have several
components to focus on. This study focuses on perceived probability at both cognitive and
affective components for risk appraisals, emotion and problem-based components for coping
appraisals. Risk perception and risk reduction strategies are hypothesized to influence travel
intention. This research is not intended to include the whole model of PMT theory but to gain an
12

understanding of risk and coping appraisals that may lead to travel intention. The variables
included in this study were personal attributes, risk perception, risk reduction strategies, and
travel intention. Individuals’ previous travel experience to the destination was also addressed.

1.8. Definition of Key Terms
•

Risk perception: perceived probability and magnitude of negative outcomes (Law, 2006).

•

Risk reduction strategies: the processes or actions to reduce uncertainty or negative
outcomes involved in a decision (Adam, 2015).

•

Vulnerability: the exposure of a system or community to hazards and the lack of ability to
cope, recover, or adapt to such hazards (Calgaro, 2014).

•

Intention to visit: the likelihood to visit a destination for leisure, business, or visit friends,
and relatives.

•

Crises: problems or difficulties seriously disrupting a system's function (Laws &
Prideaux, 2006).

•

Disaster: sudden catastrophic problems that can normally be responded after the
occurring events (Laws & Prideaux, 2006).

1.9. Organization of the Study
This dissertation consists of five chapters. The details included in each chapter are as
follow:
•

Chapter One describes the rationale and significance of the study. The chapter includes
the background of the study, problem statements, research objectives, the proposed
research model, and the theoretical and practical significance of the study. It also
13

provides definition definitions of the key concepts discussed for the whole study and
organization of the study.
•

Chapter Two provides a review of the literature related to antecedents of risk perception,
cognitive and affective risk perception, risk reduction strategies, travel decisions, and the
vulnerability of island destinations. Theoretical support and gaps within the literature are
provided.

•

Chapter Three describes an overview of the research methodology employed in this
study, including justification of the selected methodology, destination description,
population and sample size, data collection procedure, research instruments, and data
analysis.

•

Chapter Four describes the results and findings of the statistical analyses from the pilot
tests and preliminary study.

•

Chapter Five discusses the findings and presents concluding remarks, including the
theoretical and practical implications, limitations, and suggestions for future research.
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:
LITERATURE REVIEW

This chapter describes the context and the theoretical foundation that will guide the
study. The study context discusses the key concepts related to the research which are divided
into the following topics: the dual meaning of risk, development of risk studies, the role of risk
in decision making, perceived risk, emotion (affect), risk reduction strategies, components of
risk reduction, vulnerability island destinations, and risk-related studies in the context of island
destinations. Seven factors of tourists’ risk reduction strategies are proposed: information search,
social, emotion regulation, financial, trust, time substitution, and physical strategies. This chapter
also discusses related theories that serve as the foundation to conduct the study. A conceptual
model is proposed to expand the existing knowledge and is used as the basis to obtain empirical
evidence.

2.1. Risk is a Homonym
The word risk is both a noun and a verb. Based on Merriam-Webster dictionary (2020),
the word risk is defined as something that may cause injury or harm or the state of not being
protected from injury, harm, or evil. It is also synonymous with taking a chance on, tempt, or
venture. Also, the use of the word risk can be traced back to early 3200 BC, as a community in
Mesopotamia dealt with predicting risk and managing risk. The word risk has continuously been
part of human civilization, which has been associated with ensuring oneself from major problems
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(natural disasters, pollution, etc.). It describes the way humans make decisions in response to the
problems they faced (Trimpop, 1994).
The word risk can also be traced back to Plato’s passage of The Republic, where it was
associated with an outcome such as danger, hazards, and chances (Cline, 2004). Cline associates
risk as to the Janus-faced concept, which can have two contrasting meanings as potential danger
or courageous gestures that one can yield. A similar definition can be found from the
International Organization for Standardization which defines risk as the outcomes of uncertainty,
may create opportunities or threats, expressed in the possible likelihood and the consequences of
events (ISO 31000: 2018). This dual meaning implies that the definition is dependent on how one
might position the issue.

2.2. The Development of Risk Studies
The concept of risk can be viewed as a consequentialist perspective that focuses on
outcomes as the starting point of a thought process. This perspective considers that the outcome
of a decision is vague. It cannot be measured with certainty or exact rules. It is impossible that
one has perfect knowledge about the future. Therefore, the estimates of probability guide people
in deciding to get the optimal outcomes which they desire. Taken from the economic field,
Knight’s work in the 1920s discussed the important role of risk and uncertainty for economic
agents (Knight, 1921). According to Knight, risk and uncertainty are different. The first refers to
a known probability, and the second one is when one cannot assign any definite probabilities.
These two elements need to be taken into consideration when making judgments. Although one
cannot know exactly the result of individual ventures, one could operate and base these
competitive offers based on the probable outcomes and follow out on the effects of uncertainties.
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Furthermore, socio-psychological perspectives have also contributed to explaining different
factors that might influence the way people evaluate risks (Sjoberg, 2004).
The concept of risk has been known in the marketing field and has been investigated in
the context of consumer behavior since the 1960s. The concept was associated with a consumer’s
buying behavior which was first proposed by Bauer (1960), who argued that a purchase decision
is a highly conscious activity. One will calculate the consequences of his purchase decisions
because there is an investment involved. The more investment involved in the purchase
decision, the more careful is the decision made. Consumers may abandon a purchase or engage
in risk reduction strategies by seeking more information when risk is involved when it comes to
purchasing decisions. However, a person would act only when risk is perceived.
Considering the probability of having negative outcomes from a purchase decision (e.g.,
a product might fail), consumers rely on various strategies in response to perceived risk and
uncertainties, either by increasing the level of certainty or reducing the potential negative
consequences. The importance of risk reduction strategies in purchase decisions has led to
extensive studies in this area. Consumer behavior studies have discussed different strategies to
reduce perceived risks. For instance, the role of brand loyalty as a risk reducer (Sheth &
Venkatesan, 1968), self-confidence and information-seeking behavior (Taylor, 1974), friends
and relatives’ recommendations, well-known brand information, etc. (Mitchell & McGoldrick,
1996). The rankings on important types of risk reduction strategies (Roselius, 1971) and different
types of risk reducers for durable and non-durable goods are also important (Derbaix, 1983).
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Further, risk has also been investigated in the pre-and post-purchase stage (Mitchell & Boustani,
1994) and online shopping (Jiuan Tan, 1999).
The importance of risk perception for the service industry is clear. For example, Mitchell
and Greatorex (1993) compare consumer goods and services and indicate that purchasing
consumer services (hairdresser, banking, hotel, restaurant, and sports center) are considered
riskier than consumer products. Services have specific characteristics, such as intangibility,
perishability, heterogeneity, and inseparability, that increase the level of uncertainty. Therefore,
understanding consumers’ perceived risk in the context of the purchase of services is important.
Several risk reduction measures have been suggested, such as brand loyalty, special offers,
celebrity endorsement, and salesperson advice.
A distinction is made between uncertainty and risk, subjective and objective risk, inherent
and handled risk (Mitchell, 1999). According to Mitchell (1999) risk and uncertainty are
different terms. The first one is the consumer has no information on the probabilities and the
later the probabilities are known. Objective risk deals with the actual risk that can be measured
with scientific tools, while subjective risk involves average consumer subjective impressions that
may not be accurate. Inherent risk involves latent risk of a product, while the handled risk is
when risk reduction or safety control takes place (e.g., buying a well-known branded product). It
is the perceived risk that has been primarily the focus of investigations, as it is the one that drives
consumer behavior.
The consumer behavior literature indicates the importance of understanding risk
reduction strategies to reduce consumer’s purchase decision constraints. Identifying risk
reduction strategies is still the goal of consumer behavior research (Lam, Tong, & Ariffin, 2017;
Pandey, Gupta, & Sharma, 2020; Schultz, Kovacs, & Janssen, 2016). Studies have indicated that
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risk reduction efforts reduce risk perception and subsequently increase the likelihood of purchase
decisions (Bruwer, Fong, & Saliba, 2013; McCarthy, Brennan, Ritson, & de Boer, 2006; Yeung,
2010). The role of emotion has also been recognized as part of risk reduction efforts. Brunel and
Pichon (2004) divide consumer risk reduction into problem-focused strategies and emotionfocused strategies. Consumers regulate their emotions to overcome the stress they experience
from perceived risk. For instance, believing that the cause of stress does not exist (denial),
acceptance and focusing on positive thoughts, and confidence in the supplier.
In summary, consumers’ perceived risk remains a popular topic in consumer behavior
research as new products and services might increase perceived risk in purchase decisions.
Product marketers need to identify different types of risk reduction approaches that can be used
as a catalyst in reducing consumers’ risk perception. Therefore, the investigation of risk
perception needs to be paralleled with understanding risk reduction approaches which also
include two dimensions of risk reductions, problem-based (e.g., buying well known brands) and
emotion-based strategies (e.g., focusing on positive thoughts).

2.3. The Role of Risk in Decision Making
Travel decision occurs in a different sequence, which may include three essential stages,
namely pre-decision, decision, and post-purchase decision (Correia & Pimpão, 2008). Tourists
select a destination at the pre-decision stage, where choices are made from several destination
alternatives. In this stage, motivation is built, and information about a destination contributes to
perception development. In the decision stage, evaluation of constraints such as budget and
conditioning constraints is evaluated. The post-purchase decision is important as it can influence
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the choice process of evaluating the destination. This stage is also important in estimating the
repeating intention to travel or recommending to others.
Decision-making can be explained in a choice-set approach, where tourists select tourism
products or services from several alternatives or choices (Crompton & Ankomah, 1993). The
process starts with developing an initial set of choices, reducing the number to a few choices, and
makings a final selection. The assumption is that people are rational human beings who evaluate
costs and benefits from alternatives and select the one that can maximize utility and minimize
risks. It is also believed that decision-making is not entirely a rational activity because decisions
are often bounded by socio-psychological and contextual constraints that may not produce an
optimal result. Risk can make decision-making quicker rather than evaluating all the possible
details (Sirakaya & Woodside, 2005). Within the context of crisis events, individuals might be
willing to forego their wealth or income to minimize risks (Cahyanto et al., 2014).
Travel decision is a dynamic process that can change and be revised at any point in the
decision sequence (Sirakaya & Woodside, 2005). It involves a high degree of risks, particularly
to the consequences of external environmental forces, which can be more powerful than the
influence of personal desire. The role of risk stimulus is one critical element that guides the
process for behavior change. Perceived risk, which is grounded on rationality for ‘loss aversion,’
can override judgments towards destination selection, while greater sensitivity to risk can
motivate people to modify behavior for safer alternatives or choices, such as avoiding risky
destinations or taking precautionary measures (Sonmez & Graefe, 1998a).
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2.4. Perceived Risk
Although indirectly, the tourism literature has acknowledged the concept of risk since the
1970s, where traveling to a new environment can be exciting but also unpleasant and threatening.
This strangeness needs some level of familiarity to the home environments (e.g., food, people)
(Cohen, 1972). Based on the needs for familiarity, tourists can be categorized into four different
typologies (the mass tourist, independent mass, drifter, and explorer). It is acknowledged that
the need for familiarity/novelty is also related to tourists’ psychology (Plog, 1974). Traveling to
a foreign country is a risk-taking activity that also involves the need to find effective means to
create more secured and less threatening vacation trips.
Since the 1990s, risk perception has gained significant attention considering increased
external forces that influence the tourism industry (e.g., war, political instability, natural
disasters). Roehl and Fesenmaier (1992) are among early researchers that came up with tourist
typology according to risk perception of destination risk factors and travel risks in general.
Further, risk and safety are highlighted as critical elements in determining future travel intention
(Sonmez & Graefe, 1998a). Risk perception has become a popular topic in tourism research for
decades (Kirilenko & Stepchenkova, 2018).
Tourism is understood as an open system that is interconnected with its outer social,
economic, and ecological elements. Any changes occurring in the external elements will impact
the tourism system (Mill & Morrison, 2002). The nature of the external forces that cannot be
predicted and uncontrollable suggest a complex relationship between tourism and constantly
changing environmental conditions (Mill & Morrison, 2002). Crises and disasters may come
unpredictably beyond destination management control (Kozak, Crotts, & Law, 2007). One may

21

not know for sure what can happen in a destination until he is experiencing it. Therefore, travel
decisions are based on evaluative judgment in a high-risk situation.
Risk perception is a construction of a negative image of the destination, which is the
opposite of a safety/positive image (Perpiña, Camprubí, & Prats, 2017; Tasci & Sonmez, 2019).
According to Carter (1998), people carry a strong sense of place at home when traveling. They
make meaning of home and other places that the author denotes to otherness. This comparison
between home and other places can involve different aspects, such as environment, social,
economic, historical, and cultural elements. This image can be shaped by the information
received. The mental representation of places informs whether a destination is risky or not. Some
places may appeal to negative images more than others (Carter, 1998; Karl, 2018; Sonmez &
Graefe, 1998a).
The mainstream risk perception in the tourism literature follows the conceptual definition
of consumer behavior that consumers’ risk perception involves the perception of uncertainty and
unpleasant outcomes from a purchase decision (Bauer, 1960). Although there is no universal
definition of risk perception and how it is operationalized, risk perception typically has a
negative connotation, and it includes two components, the consequences and likelihood that
negative outcomes will occur (Kozak et al., 2007; Law, 2006; Liu, Schroeder, Pennington-Gray,
& Farajat, 2016). When the risk is beyond an acceptable level, risk perception is likely to
influence travel decisions (Chew & Jahari, 2014). The higher the likelihood of risks to occur or
the magnitude, the higher is the negative impact on travel decisions.
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Table 1. Definition of Risk Perception
Authors
Dickson and Dolnicar (2004, p.246)

Definition
“…as a hurdle to attracting tourism and
the managerial aim is to reduce it.”

Reisinger and Mavondo (2005, p.213)

“… what is perceived and experienced
by the tourists during the process of
purchasing and consuming traveling
services and at the destination.”

Law (2006, p.291)

“…the perceived probability of
occurrence and the magnitude of a
threat.”
“…a consumer’s perception of the
overall negativity of a course of action
based upon an assessment of the
possible negative outcomes and the
likelihood that those outcomes will
occur.”

Reichel, Fuchs, and Uriely (2007, p.207)

Quintal et al (2010, p.796)

“…the subjectively determined
expectation of a potential loss, in which
some measure of probability can be
attached to each possible outcome.”

Chew and Jahari (2014, p.383)

“…consumer perception of the
probability that action may expose them
to the danger that can influence travel
decisions if the perceived danger is
deemed to be beyond an acceptable
level.”.

Yang et al (2015, p.209)

“…the subjective evaluation of potential
threats and dangers with the existence of
safety controls.”

Adam (2015, p.100)

“…individual's perceptions of the
uncertainty and negative consequences
of buying a product or service,
performing a certain activity, or
choosing a certain lifestyle.”

Hasan (2017, p.2)

“…negative consequences that may
occur during travel.”
23

Authors
Promsivapallop and Kannaovakun (2017,
p.636)

Definition
“… fears and concerns about potential
negative experiences and consequences
associated with a holiday.”

Tasci and Sonmez (2019, p.25)

“..the possibility of experiencing
negative outcomes.”

Wolff et al (2019,p.3)

“…the subjective understanding of
outcome severity weighted by outcome
probability.”

The dual meaning of risk suggests that risk perception can also be interpreted in a more
positive direction as attractive factors, particularly in adventure tourism setting, i.e., ‘no risk no
fun’ (Dickson & Dolnicar, 2004). The risk-taking activity provides certain benefits as it creates a
thrilling experience that can satisfy personal needs (Holm, Lugosi, Croes, & Torres, 2017).
However, a risk-taking decision does not mean it is a death wish, but rather it is seen as a
challenge. Risks cannot be eliminated, and it needs to be balanced by safety controls. Similarly,
although risk can be interpreted as the likelihood of negative outcomes, it can give an early
warning to take precautionary measures (Adam, 2015; Fuchs, 2013).
According to the way it is measured, risk can be categorized into real (objective) risk and
perceived (subjective) risk (Rittichainuwat, Nelson, & Rahmafitria, 2018). The real (objective)
risk exists in the real situation, and perceived risk is what is sensed. Risk can also be
distinguished into three categories: inherent risk, handled risk, and perceived risk (Dickson &
Dolnicar, 2004). Inherent risk refers to the actual (real) risk attached to a product or an activity,
while the handled risk is when a safety control is present to mitigate a specific aspect of risk. The
interest of tourism researchers is on the subjective or perceived risk because of its importance in
influencing behavior. Although, risk perception does not necessarily reflect in the real world.
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Risk also has been associated with uncertainty. While risk and uncertainty have been
used interchangeably, they are two different constructs (Karl,2018; Quintal, Lee, & Soutar,
2010). The first implies a known probability in the outcome of a decision, and the later indicates
no probability attached to it. Risk entails that there is the possibility that a decision might turn
bad, while uncertainty means that anything can happen and there is no idea what will happen.
Risk also implies uncertainty, with some knowledge that the risk will occur, the less uncertain is
the situation. The greater the probability, the greater is risk perception.
Risk perception is not a static concept because risk perception interacts with temporal and
spatial involvement. Rare events (e.g., terrorist attacks or natural disasters) can dissolve from
people’s memory over time, and involvement with the destination may influence the level of risk
perception and decision making (Rittichainuwat, Nelson, & Rahmafitria, 2018; Tasci & Sonmez,
2019). The reconstruction of positive images and risk perception after disaster events compete in
influencing travel decisions (Chew & Jahari, 2014). A more frequent occurrence and exposure
to disaster events might contribute to higher perceived risk.
Prior studies have attempted to associate risk perception with several behavioral
constructs. Perceived risk is commonly associated with destination image (Chew & Jahari, 2014;
Karamustafa, Fuchs, & Reichel, 2013; Parrey, Hakim, & Rather, 2019; Perpina et al., 2020),
perceived safety (Liu et al., 2016; Reisinger & Mavondo, 2006; Tasci & Sonmez, 2019),
satisfaction (Filep et al., 2014; Tasci & Boylu, 2010) loyalty (Yuksel & Yuksel, 2007),
willingness to pay (Slevitch & Sharma, 2008), travel intention (Kozak et al., 2007; Law, 2006;
Morakabati, et al., 2012; Reisinger & Mavondo, 2005; Sonmez & Graefe, 1998a) and revisit
intention (Hasan et al., 2019).

25

The negative conceptualization of perceived risk suggests that perceived risk is an
inhibiting factor of intention to visit a destination. Rationally, the majority of people are likely to
choose safer options and are likely to avoid destinations perceived as risky (Kozak et al., 2007;
Law, 2006; Liu et al., 2016; Sharifpour, Walters, & Ritchie, 2014). The negative
conceptualization of risk perception also suggests the need to manage foreseeable risks through
precautionary measures.

2.5. Types of Risks
Perceived risk is considered a multi-dimensional construct. The types of risks identified
in research have expanded which are commonly associated with the source of risks. Hasan et al.
(2017) identified 22 different kinds of travel-related risk, which include: financial,
physical/health/personal, social, psychological, functional/performance, natural disasters, time,
terrorism and war, food safety, equipment, satisfaction, political instability, service quality,
crimes, travel related, epidemic diseases, cross-cultural differences, property, availability of
facilities, security or law and order, medical and opportunity loss. Although there are different
types of risks, these risks are not equal in influencing a decision. Some risks can be more
prominent in influencing decisions, such as political instability, terrorism, health, crimes, and
natural disasters are a major source of physical risks that prevent travel decisions including
experienced travelers.
A destination has specific types of risks that are different than travel risks in general.
Schroeder et al. (2013) highlighted destination-associated risks include physical risks such as
terrorism, natural disasters, disease outbreaks, crimes, political coup, and financial crisis.
Sharifpour et al. (2014) separated destination risks with physical and general risks. Destination
26

related risks include performance/functional, time, and financial risks. However, other authors
are incorporating six or seven dimensions of perceived risks associated with a destination (Björk
& Kauppinen-Räisänen, 2012; Jalilvand & Samiei, 2012; Moutinho, 1987; Quintal et al., 2010;
Roehl & Fesenmaier, 1992; Tasci & Sonmez, 2019).
Research in island destinations typically focused on a specific or few types of risk.
Huebner (2012) examined three major types of risks associated with the impacts of climate
change, including environmental (e.g., sea-level rise, extreme weather), social (e.g., water-food
scarcity, diseases), and damage to the infrastructure. Stone (2012) also examined environmental
(e.g. extreme weather, sea level) and social risks (e.g., disease outbreak, water scarcity). Filep et
al. (2014) identified nature (e.g., droughts, tsunamis) and human-induced risks (e.g., crime,
exchange rates). Forster (2012) examined natural disaster risk. Chew and Jahari (2014) used
three dimensions to examine tourists' perceived risks; namely physical, socio-psychological, and
financial risk.
This study considers the importance of a multi-dimensional approach because travel
decisions are complex that may involve more than one dimension. Travelers may face different
types of risks when making decisions. Therefore, different types of risks associated with island
destinations can be summarized as follows: psychological (possibility of loss of self-image and
psychological discomfort), financial (possibility of loss of money or whether purchase worth of
value), functional/performance: (possibility the trip to the destination do not meet the travelers’
expectations), social (possibility of getting adverse impressions of others), physical (possibility
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of getting physical injury, accidents or illnesses), and time (possibility that the trip is a waste of
time). These types of destination risks may occur at both the planning and consumption stage.

2.6. Measurement of Risk Perception
Although perceived risk can be measured in two components as perceived likelihood and
severity (Law, 2006), several studies have commonly measured risk perception in one
component as a probability or likelihood of negative outcomes. The reason for using the
probability or likelihood component as an indicator is because the outcome of a decision cannot
be approximate with certainty. Either probability or severity of risk is sufficient to predict
protective measures' adoption (Sun, Wang, & Shen, 2020). Although there are differences in the
types of scales used, the use of probability or likelihood component is commonly used along
with different dimensions of risk perception.
Several studies have used probability or likelihood component in Likert scales to measure
risk perception in different ways as cognitive, affective, and experiential evaluation. Quintal et
al. (2010) used a 7-point Likert scale (1=extremely improbable, 7=extremely probable) with six
types of risks, including financial, physical, psychological, performance, social, and convenience
loss. The question asked by the author is ‘What is the probability of the purchase of vacation will
lead to…loss?’. Fuchs and Reichel (2006) used a 7-point Likert scale (1=strongly disagree,
7=strongly agree) with five types of risks, including financial, physical, socio-psychological,
performance/functional, time (α=.74). The author asked for agreement or disagreement on
statements such as ‘I worried about food safety problems’. Similarly, Chew and Jahari (2014)
measured risk perception by using a 7 point Likert scale (1=strongly disagree, 7=strongly agree)
with only three types of risks; physical, socio-psychological and financial (α>.70). Tasci and
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Sonmez (2019) asked the respondents likelihood of risk experience by using a-7 point Likert
scale (1=highly unlikely, 7=highly likely) which include six risk factors (financial, performance,
physical, social, psychological, and time). The statement includes “During the trip,
experiencing….”.

2.7. Factors Influencing Perceived Risk
Prior literature has shown that risk perception can be influenced by internal and external
factors. Socio-demographic characteristics and travel-related variables have been considered as
important variables in understanding risk perception. Although socio-demographic profiles such
that age and gender were not significant predictors of risk perception (Sonmez & Graefe,
1998b), several studies supported the influence of socio-demographic factors on risk perception.
Risk perception may vary according to income, gender, educational level, and marital status.
Female, lower-income, less educated, older people, and people traveling with children are likely
to exhibit higher risk perception or more risk-averse than the other groups (Adam, 2015; Karl,
2018; Park & Reisinger, 2010; Roehl & Fesenmaier, 1992; Williams & Baláž, 2013). Sociodemographic alone may not determine risk perception. There is the influence of situational or
contextual factors influencing perception, such as travel arrangement (e.g., groups or
independent and with children or not) (Karl, 2018), news report (Brown, 2015; Morakabati et al.,
2012), word-of-mouth (Mizrachi & Fuchs, 2016), proximity to risk and past travel experiences
(Rittichainuwat, Nelson & Rahmafitria, 2018).
Cultural background or nationality have also been considered as an essential factor
influencing risk perception, particularly for international travelers (Fuchs & Reichel, 2004; Kim,
Schroeder, & Pennington-Gray, 2016; Kozak et al., 2007; Mitchell & Vassos, 1997; Pizam et al.,
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2004; Reisinger & Mavondo, 2006; Seabra et al., 2013; Tasci & Boylu, 2010). According to this
perspective, different national cultures may have different needs for safety. Risk perception
differences are found according to different national cultures. Reisinger and Mavondo (2006)
found that travelers from the U.S. have a higher risk perception when it comes to travel
internationally than other travelers from the United Kingdom, Canada, and Greece. Jalilvand and
Samiei (2012) also found that respondents from the U.S. have a higher risk perception than the
other travelers from the UK and other European countries. According to Korstanje (2009),
American travelers are more fearful of traveling internationally because of the psychological
consequences of 9/11.

Personality Traits
An important internal factor in understanding risk perception is related to tourists’
psychology, such as personality traits (Chang, 2011; Chien, Sharifpour, Ritchie, & Watson,
2017; Crompton & Lee, 1992; Fuchs, 2013; Lepp & Gibson, 2003, 2008; Morakabati &
Kapuściński, 2016; Pizam et al., 2004; Plog, 1974, 2001; Sonmez & Graefe, 1998b; Wang, LiuLastres, Ritchie, & Pan, 2019). Personality traits refer to the psychological makeup of the
tourists according to the psychocentric/allocentric continuum which differentiate travel
preferences of different individuals (Sonmez & Graefe, 1998b). According to Plog’s tourist
typology, tourists can be polarized into groups that determine whether they would seek or avoid
a risky environment. Allocentric types prefer novel and varied places and experiences, open to
people from different cultures, more flexible in travel arrangements, and have more selfconfidence.
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Psychocentric types prefer familiar destinations, low activity levels, structured trips, like
to be surrounded by family/friends, and are more cautious. However, the majority of tourists fall
in the mid-centric who combine both elements. These personality traits explain why different
types of tourists have different destination choices. The use of allocentric/psychocentric typology
has been criticized because of its low predictability in predicting destination choices. Personality
traits alone cannot predict a particular destination selection because other variables might
moderate the relationship, among others are budget, distance, word-of-mouth as well as
satisfaction with the destination (Cruz-Milán, 2019).
Reisinger and Mavondo (2005) found that personality traits were associated with
perceived risk and travel intention. Using descriptive adjectives (e.g., active, extrovert,
confident) to distinguish personality types, personality is associated with risk perception and
anxiety level, which further influences intention to travel. A passive or risk-averse personality is
more sensitive to perceived risk than an active or risk-taking personality. However, the
relationship is complex because personality traits may have a significant association with
perceived terrorism risk, but not health, financial, and socio-cultural risk.
Another term and measure used to explain tourists' risk-taking personality traits is a
novelty-seeking tendency. Individuals have different levels of needs for arousal, which are
determined by underlying psychological qualities (Lepp & Gibson, 2003). For example, there are
tourists who are motivated to travel to novel destinations to restore their psychological balance,
such as changing routine activities to alleviate boredom. Novelty-seeking traits are associated
with perceived risk, where the novelty-seekers tend to perceive lower perceived risk in terms of
international travel than familiarity-seekers.
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A similar concept associated with risk-taking personality is sensation-seeking (Pizam et
al., 2004). Sensation seekers were characterized as active individuals who seek novel, varied,
fast-paced, and less comfortable vacations, but not necessarily reckless. Lepp and Gibson (2008)
stated that sensation-seeking personality is developed through a genetic and environmental
process, shaping differences in individuals' Optimal Level of Arousal (OLA). This OLA consists
of four components: the desire to seek adventure and thrills, novel experiences, social
stimulation, and aversion to routine activities. Individuals with higher sensation-seeking traits
have an internal locus of control. They are less anxious to engage in risk-taking activities,
including traveling to riskier destinations and having independent travel arrangements.
Sensation-seeking traits can be heterogeneous, which can influence risk perception
differently. Individuals with higher sensation-seeking traits might be less concerned with
physical risks, but they might be concerned with other risks, for instance, socio-psychological
risks (Karamustafa et al., 2013). Similarly, an individuals' need for novel expereinces is
associated with some types of perceived risks, but they can vary between individuals depending
on their needs. For instance, individuals can be food novelty seekers but not in other risky
activities (Chang, 2011). Novelty and sensation-seeking traits are found to be associated with
health and communication risks (Promsivapallop & Kannaovakun, 2017). Although there are
different concepts associated with personality traits and how they are measured (e.g., sensation
seekers, risk-takers, novelty seekers), they have the same goal (Pizam et al., 2004).
The relationship between Plog's personality types and destination preferences has been
supported in several studies. Although there are critics of the weak influence of tourist typology
on destination choice, personality traits are still useful in explaining an ideal destination. It was
found that different personality types have different destination preferences, such as primitive32

rural and urban places, when socio-demographic and travel characteristics are controlled
(Bayarsaikhan, Kim, & Gim, 2020). Four items of personality on venturesome influence
preference for popular and unpopular destination marketing messages (Kim, Yilmaz, & Choe,
2019). Park and Jang (2014) argued that personality traits might not be a static predictor for
revisit intention, considering situational factors that can change behavior, such as satisfaction or
past travel experience.
Plog's allocentric/psychocentric personality types have been adopted by Morakabati and
Kapuściński (2016), who examined differences in risk perception, benefits from a holiday, and
terrorism effects. The perceived benefit of traveling to a risky destination might match the
personal needs that can increase the willingness to take risks. Aspects of personality traits related
to travel preferences include the need for structure, familiarity/novelty, off-the-beaten-track,
venturesome, intellectual curiosity, activity, and openness to other cultures. It is argued that the
psychocentric personality types tend to have higher risk perception and are more worried when it
comes to terror, crime, political stability, and health risk than the allocentric types. Kapuściński
and Richards (2016) also found that the psychocentric tends to be more sensitive to the
perception towards media reporting than the allocentric group.
Karl (2018) examined the relationship between risk, uncertainty, tourist typologies, and
destination choices. Karl differentiated five types of tourists: uncertainty and risk avoiders, risk
avoiders, safe novelty-seekers, adventurous novelty-seeker, and risk-takers. Risk-takers are more
flexible in their travel preferences, such as preferences for less developed places or less safe
spontanous activities. Risk-takers are also associated with higher education levels and
experience. Those with risk-taking personality traits are likely to be more interested in the new
and unknown destinations with less developed or little infrastructures. Furthermore, sensation33

seeking traits are also associated with worry and the adoption of protective behavior. Sensation
seekers are less worry and more likely to take protective measures when engaging in a risky
tourism activity.

Subjective Knowledge
Prior knowledge is one of the personal factors that influence perceived risk and travel
decisions. Prior knowledge is defined as information, expertise, or skills stored in tourists’
memory through information acquisition and learning process (Sharifpour et al., 2014). Prior
knowledge is considered a multi-dimensional construct that includes familiarity or what one
knows about the destination (subjective knowledge), actual (objective) knowledge about the
destination, prior visits to the destination, and international travel experiences in general
(Sharifpour et al., 2014). Tourists use the information stored in their memory to evaluate
destination attributes and travel decisions. Prior knowledge is considered a construct that can
influence risk perception and decisions (Sharifpour et al., 2014). Huang, Gursoy, and Xu (2014)
consider subjective knowledge as a combination of various information received about the
destination, including objective knowledge that builds tourists’ confidence.
Previous studies have focused on subjective knowledge or familiarity as a mediating
variable between risk perception and travel decision. Prior knowledge, measured by perceived
familiarity or subjective knowledge of the destination, moderates the effects of risk perception on
travel decisions (Wong & Yeh, 2009). An increased level of familiarity, which can be influenced
by multiple sources of information, experience, and geographical distance, can provide a reward
for security, which may outweigh the potential cost or uncertainty (Tasci & Boylu, 2010). As a
person is familiar with the destination, they will likely know what to expect from the destination,
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including its limitations. They will have less uncertainty, which can bring a sense of security.
Subjective knowledge has the strongest influence on tourist risk perceptions (destination-specific
risk, physical risk, and general risk) (Sharifpour et al., 2014). Huang et al. (2014) found that
perceived risk positively influences subjective knowledge, suggesting that a person would gather
more information to avoid the uncertainty attached to tourism products.

Risk Experience
Risk experience, either direct or indirect, is considered an important variable that could
influence risk perception (Floyd, 2004; Yang, 2015). The influence of prior visitation on
perceived risk can vary depending on the nature of the visit. A favorable prior visitation might
reduce risk perception. On the contrary, unfavorable prior visitation might increase risk
perception. Consequently, past travel experience to the destination may increase or decrease the
likelihood to re-visit (Nugraha et al., 2016). In addition, direct or indirect experience with
hazardous events might contribute to the awareness that one can be a potential future victim,
increasing the level of risk perception (cognitive and affective) and the motivation to engage in
risk reduction behaviors (Terpstra, 2011). Factors such as the severity and intensity of the
experiences also play an important role. The more severe and intense the risk experiences, the
more risk is perceived (Terpstra, 2011).
Rittichainuwat, Nelson, and Rahmafitria (2018) argued that risk perception is more
influenced by probability than severity. People tend to underestimate the low probability of risk
events, although such events may have catastrophic effects. In contrast, risk experiences do not
necessarily lead to higher risk perception or intention to take precautionary measures. For
instance, local residences who live in a disaster-prone area tend to have lower risk perception and
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less likely to evacuate from a natural disaster than tourists from different areas (Cahyanto et al.,
2014). Therefore, the consequences of risk experiences on risk perception might vary.

2.8. Emotion (Affect)
Risk perception does not only involve cognitive processes but it also involves emotions
or how one feels about risk. Several authors have noted that risk perception has consequences on
emotions, which can override cognitive evaluations and influence behavior. Risk perception is
associated with different types of emotion or feelings. Yuksel and Yuksel (2007) indicate that
perceived risk weakens positive emotions (arousal and pleasure). Larsen et al. (2009) define
worry as negative affect and uncontrolled thoughts of possible future events' uncertainty. The
authors indicate that perceived risk and worry are correlated. The higher the perceived risk, the
more worried is the person. Wang, Liu-Lastres, Ritchie, and Pan (2019) indicate that worry is a
stronger predictor of motivation to take protective measures. Furthermore, anxiety, defined as a
feeling of being nervous or stressed, has also been tested as a mediating variable between risk
perception and intention to travel Becken et al. (2017) used feelings (e.g., frightened, concerned,
etc.) of risk from the impact of air pollution risk as predictors for the image of a destination and
travel intention.
The negative emotion or feeling is a consequence of cognitive evaluation and low
perception of coping efficacy, which can influence someone to feel stress or anxiety (Bandura,
1993). Lack of efficacy belief means that one has the tendency to magnify the severity of
possible threats and therefore causes stress, which can impair one's level of functioning. This
stress or anxiety reaction can be handled by strengthening coping efficacy through mastery of
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experience. In addition, stress is also influenced by control of disturbing thoughts. Perceived
control of thought and coping efficacy reduce the level of anxiety.
Loewenstein et al. (2001) argued that risk perception works in a dual process: cognitive
and affective evaluation. Not only cognitive evaluation, but affective evaluation can influence
decision making. Risk as feeling theory suggests that risk perception is an immediate intuitive
reaction to a risky situation that produces negative feelings (e.g., worry and anxiety). The
influence of risk stimulus can also be direct, as it is not necessarily mediated by cognitive
evaluation to influence decisions. Slovic et al. (2004) argued that risk as feelings is a ‘heuristic’
process where risk perception is based on intuition and instinctive judgment of danger.
Judgement relying on feelings tend to be quicker, easier, and more efficient. Risk judgment is not
only what they think about it, but also their feelings which could influence the decision to take
protective measures.

2.9. Risk Reduction Strategies
Risk-related studies have discussed the tourism industry’s measures to reduce tourists’
perceived risk. Increased safety threats have consequences on the implementation of safety
measures. The provision of safety measures, physical and behavioral measures at tourist
destinations can influence tourists’ perception of safety (Milman, Jones, & Bach, 1999). Law
(2006) highlighted the importance of a surveillance system, guaranteed personal service, and free
insurance coverage. Rittichainuwat (2013) examined risk reduction measures in the aftermath of
tsunami disasters, including the provision of safety devices, evacuation plans and warning
systems, frequent safety inspections, emergency drills, and purchase of travel insurance, and
crisis communication. Simpson and Siguaw (2008) emphasized the transparency of traveler37

related information, crime rate, and health information. Liu, Pennington-Gray, and Krieger
(2016) suggested adopting protection measures such as providing safety information on online
and travel agent platforms and the provision of safety devices in hotel and tourist areas.
The importance of risk reduction measures has also been examined from the perspective
of tourists. According to Fuchs and Reichel (2011), tourists have a tolerance level. If it is
reached, they may abandon purchase decisions or engage in risk reduction behaviors to reduce
perceived risk. The concept of risk reduction strategies, which was adopted from consumer
behavior literature, is commonly associated with the process or actions that tourists use to reduce
uncertainty and potential negative outcomes resulting from a decision (Adam, 2015; Fuchs &
Reichel, 2011; Kerr & Kelly, 2018; Mizrachi & Fuchs, 2016). In this case, tourists have the
ability to absorb the risks associated with their decision.
Tourists use different types of risk reduction strategies to rationalize their decision to visit
a destination. One of them is experiential. Hales and Shams (1990) argued that tourists also use
direct experience with the destination to make a judgment besides information search. This direct
experience is called an incremental consumption strategy. Findings from 328 Gulf Arab
consumers showed that they visit a familiar destination rather than a completely novel one. They
gradually switch to another destination that is less unfamiliar to them before exploring the new
one.
Similarly, based on direct experience as a risk reducer, Fuchs and Reichel (2011)
compared perceived risk and adoption of risk reduction strategies between first-time versus
repeat visitors. These tourists behave differently in terms of risk perception and adoption of risk
reduction strategies. Those who have visited the destination or repeat visitors perceive less risk
and employ less risk reduction strategies than those who have not traveled to the destination.
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Repeat visitors rely on friends and relatives in making decisions. At the same time, first-time
visitors search for information from various sources and consult with the people who have
previously visit the place.
In addition to the use of past travel experiences to reduce uncertainty, other risk reduction
strategies are related to information search and behavior modification. Mitchell and Vassos
(1997) identified 15 risk reduction strategies and found that the most common risk reducers are
reading independent travel reviews, buying travel insurance, and waiting to pay at the last
minute. Also, there are differences in perceived risk and the adoption of reduction strategies
according to gender and national cultures. Males perceived less risks than females, and Cypriot
respondents perceived more risks than British respondents.
Adam (2015) showed that certain risk perception leads to the adoption of certain risk
reduction measures. Tourists who have a higher physical risk perception tend to have higher
intention to adopt various risk reduction strategies. Higher perceived physical risk positively
influences the adoption of information search and behavior modification. The health risk
perception positively influences the adoption of health-related strategies (e.g., getting health
advice), and socio-psychological risk is positively related to social risk reduction strategies (e.g.,
using travel intermediaries use local guides).
Information search is considered an important risk reducer. Risk perception may not
inhibit travel intention, that tourists would still be willing to travel to risky destinations.
However, tourists need to make an informed decision (Bacon & Buzinde, 2018). Thus,
information seeking is seen as a strategy to reduce perceived risk. Several information sources
include friends, family, relatives, people who have traveled to the destination, and government
agencies, such as the embassy. Slevitch and Sharma (2008) indicated the importance of
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information quality and willingness to pay premium in reducing perceived risks. Mizrachi and
Fuchs (2013) highlighted the importance of online community as a medium to reduce perceived
risk.
Nugraha et al. (2020) distinguished risk reduction strategies as risk relief and risk
mitigation and compared the two. Risk relief is related to information search, and risk mitigation
is related to actions or processes intended to reduce unexpected consequences of an outcome.
The study indicated that only risk relief mediated perceived risk and willingness to take risks.
Also, perceived risk was not a significant predictor of the adoption of risk mitigation (e.g.,
purchasing travel insurance, allocating a larger budget).
The adoption of risk reduction strategies is influenced by efficacy beliefs. Individuals are
motivated to take protective measures when they believe the actions would be effective, and they
believe they can perform such actions. Several researchers have investigated the role of
perceived efficacy in influencing risk perception and intention to engage in protective actions. Lu
and Wei (2018) examined the intention to take precautionary actions in response to
overcrowding, such as making reservations, going to a less popular spot, using public transport,
avoiding peak time, and focusing on an online platform. Wang et al. (2019) investigated
traveler’s intention to take precautionary actions in response to health risks, such as taking travel
insurance, consult with a health professional, and obtain the vaccination.
Attempts have been made to classify tourists according to risk reduction strategies.
Different perceived risk levels have different risk reduction strategies. Lo et al. (2011)
considered that different types of tourists adopt risk reducers in different ways. The study
categorized tourists into three different leisure segments which include: the socially reliant risk,
the self-initiated tourists, and the unconcerned tourists. Ritchie et al. (2017) categorized three
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segments of tourists: carefree travelers who perceived less risk and employed less risk reduction
strategies, risk-reducing travelers who perceived higher risk and risk reduction strategies, and the
seriously concerned travelers who employed risk reduction strategies most times on the trip. The
segment with higher risk perception tends to be older and visiting friends and relatives on their
repeat visits.
Risk-related studies have also been observed in response to a specific risk factor, such as
the impact of climatic factors. The tourism industry, which relies on the condition of climate, is
affected by climate change. Climatic factors can influence the operation of the tourism industry.
Several behavior responses are identified to cope with the constraints, including changing the site
(spatial), postpone the visit (temporal), seek information (informational), and use different
methods or equipment (strategic coping) (McCreary et al., 2019). The impact of climatic factors
increases the likelihood of adopting behavioral coping. Younger visitors and those who are
concerned with climate change are more likely to adopt risk reduction strategies.
Risk reduction strategies in tourism have been examined in different contexts, such as the
restaurant and airline industry. To reduce perceived risk, consumers adopt several strategies, for
instance: purchasing the same or known brand, seeking product information whether from the
leaflet or friends and relatives, buying cheaper or special offers, and quality assurance (Bruwer et
al., 2013). In the purchase of air travel products online, several risk reduction strategies that are
important for travelers when purchasing the air tickets online include the reputation of the
vendor, well-known brand, a recommendation from family and friends, special offers, and
reading the product information (Kim, Qu, & Kim, 2009).
In summary, research in risk reduction strategies has indicated the association between
perceived risks and risk reduction strategies. Travelers engage in risk reduction strategies when
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traveling to a risky destination. The literature identified different types of risk reduction efforts
that tourists can engage in reducing perceived risks, including the use of past travel experiences,
information seeking, and behavior modification. Such strategies can be categorized in the
problem or task-based risk reduction efforts. Research has also indicated the role of risk
reduction strategies in facilitating intention to visit.
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Table 2. Studies on Risk Reduction Strategies
Author

Target
population
Undergraduate
British and
Cypriot students

Sample
size
320

Method

Key findings

ANOVA

Risk perception and
adoption risk
reduction vary
according different
nationalities

Read independent travel reviews, brochure and culture
Purchase travel insurance
Visit tour operator or travel agents personally
Take a similar holiday from travel agent
Watch TV or travel programs about the destination
Purchase travel items (e.g., comfortable shoes)
Ask friends/family for advice, travel agents, and locals
Pay at the last minute
Study local language

Slevitch and
Sharma (2008)

Midwest
university in the
US

295

Ordinal
logistic
regression

Perceived risk is
reduced by
Information quality
and willingness to
pay premium price
particularly for
physical/health,
terrorism, financial
and political risk

Information quality
Price premium

Lo, Law and
Cheung (2011)

Hongkong
residents
(outbound)

1,208

ANOVA

Leisure travelers can
be grouped
according to their
adoption of risk
reduction strategies.

Purchase travel insurance

Mitchell and
Vassos (1997)

Risk Reduction Strategies

Bring extra cash
Search for the latest information about the destination
Take note of the emergency hotline
Read about the culture of the destination
Seek advice from family and friends
Not to travel independently but in groups
Learn to speak the languages for simple conversations
Get immunization vaccines before departure
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Author
Fuchs and
Reichel( 2011)

Target
population
International
tourists to Israel

Sample
size
760

Method

Key findings

t-test and
ANOVA

Risk perception and
the adoption of risk
reduction strategies
vary between firsttime and repeat
visitor

Risk Reduction Strategies
Gather information from travel agencies, and friends, relatives
Choose a popular destination
Watch televisions programs about the destination
Refer to the World Travel Organization
Read articles about the destination
Make decisions in cooperation with friends and relatives
Plan a short trip
Plan an inexpensive trip
Consult with people who had previously visit the destination

Mizrachi and
Fuchs (2013)

Adam (2015)

TripAdvisor
users

International
backpacker
tourists visiting
Ghana

200

603

Qualitative,
thematic
analysis

One-way
ANOVA

Three main themes
related to risk
mitigation: positive
thinking and
encouragement;
knowledge
development and
preparation; and
personal risk
assessment
Socio-demographics
profiles, repeat
visits, and travel
arrangements
influence perceived
risk. Reduction
strategies vary by
type of perceived
risk.

Have positive thinking and encouragement (ignore the
media, do not trust people in media)
Purchase travel insurance
Develop knowledge and preparation (prepare evacuation
plan, seek advice from locals, and use only official website)
Financial risk reduction as replacement of diseases

Travel in the company of others
Seek advice to the local tourist boards
Make of travel intermediaries
Avoid places crowded by locals
Make use of local guides
Dress like locals
Avoid public transports when alone
Seek advice from the police and consulate
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Author
Ritchie, Chien,
and Sharifpour
(2017)

Target
population
International
tourists from
Australia

Sample
size
864

Wang et
al.(2019)

Australian
travelers

279
survey
and 16

Nugraha,
Hamin, and
Elliot (2020)

Potential
Australian
respondents to
Singapore and
Indonesia

682

Method

Key findings

Cluster
analysis

Travelers risk
reduction typologies
are associated with
perceived risks

Mixed
Method

Analysis of
variance,
SEM

Both threat and
coping appraisals
can enhance
protective behavior
Only risk relief
(information search)
not risk mitigation
mediates perceived
risk and willingness
to take risk
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Risk Reduction Strategies
Check the latest travel advice from official sites
Check with health professionals on recommended health
precautions (e.g., vaccinations)
Take out travel insurance
Register my travels and contact details at embassy or consulate
when arrive
Consult regular health professional
Obtain recommended vaccinations before trip
Purchase travel insurance covering me for the trip
Seek advice from travel agents
Search for the latest information about the destination
Read about Singapore/Indonesia and its culture
Purchase travel insurance
Allocate a larger budget for unexpected expenses
Take note of government emergency hotline for tourists

2.10. Risk Reduction Strategies Components
Information Search
Tourists are seeking information to make informed decisions. Information seeking is
believed to be associated with the level of involvement in purchase decisions. Chon (1991)
identifies patterns of information seekers and how the segments are involved in travel activities.
The study finds that information seekers tend to have more consumption than non-information
seekers. Fodness and Murray (1997) examine the relationship between individual characteristics
and external factors, information search, and behavioral outcomes. Tourists with extensive use of
information also have higher purchases (e.g., stay longer and spend more), and they use various
sources of information, external and internal, in their decision. Internal information is related to
information stored in the memory. When an internal source of information is insufficient, one is
likely to use an external source of information, such as friends or social media (Maser &
Weiemair, 1998; Yasin, Baghirov, & Zhang, 2017).
While several studies have indicated the potential effects of perceived risk and
information-seeking behavior, research findings on the influence of risk perception on
information search are inconclusive. Studies have concluded higher perceived risk leads to a
higher likelihood of information search (Adam, 2015, Bruwer, Fong & Saliba, 2013, Maser &
Weiermair, 1998). Similarly, institutionalized and risk-averse travelers used formal sources of
information (e.g., intermediaries, travel brochures) more than the non-institutionalized and riskseeking travelers (Björk & Kauppinen-Räisänen, 2011). Roehl and Fesenmaier (1992) showed
that the risk neutral-group who perceived less risk were more likely to use information from
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formal information sources, including the travel agents and tourist information offices as pre-trip
information sources than the other groups who perceived higher risk perception.
As one has more knowledge about the destination, one is more likely to rely on an
informal source of information. According to Fuchs and Reichel (2011), because first-timers tend
to have higher risk concerns, they are more active and use more information sources than repeat
visitors. They rely on travel agencies, mass media, including TV, newspapers, radio, and
magazines. Repeat visitors considered friends, family, and relatives the most important source of
information. It is also argued that tourists who use various information sources have more
awareness of the potential risks and might be more tolerant of the risks (Badu-Baiden, AduBoahen, & Otoo, 2016).
As a predictor of perceived risk, information-seeking behavior had no significant impact
on perceived risk (Boo & Gu, 2010). Knowledge is considered to have weak effects on risk
perception, which might be due to cognitive limitations in processing information overloads and
full utilization of information. Slevitch and Sharma (2008) suggest that information seeking can
reduce perceived risks when the information is perceived as beneficial and having a credible
source of information. Information on safety, values, attractions, infrastructures, and other
perceived benefits is considered important to reduce perceived risks.

Social Strategies
Travel decisions are not only influenced by personal attributes but also by interaction
with other people. Social proximity and interaction help people navigate in a difficult situation
(Coan & Maresh, 2014). Family members, friends, and relatives, social groups can shape travel
decision-making in terms of timing and monetary decisions. They also provide the information
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needed to make decisions. Family members influence monetary and timing decisions. Friends,
relatives, and social groups can provide the information needed for decision-making (Sirakaya &
Woodside, 2005). Social media has also been cited as a medium to find information that might
be useful to reduce perceived risks (Mizrachi & Fuchs, 2016). People consult with their family
members and their social groups to help them make travel decisions. Lo, Law, and Cheung
(2011) found that there are risk socially reliant travelers who heavily use social risk reducers to
make decisions.
The anxiety faced by traveling to a new environment can be mediated by traveling with a
travel companion, either with relatives, friends or in an organized group. Individuals who are
risk-takers tend to travel independently, while those who are less risk-tolerant are more likely to
take arranged tours than the risk-takers (Williams & Baláž, 2013). Tourists might experience
social risks, such as harassment, hostility, and unfriendly behavior from the host community.
Traveling in the company of others is safer than traveling alone. Tourists who are in the
company of others tend to be more tolerant of harassment than those who travel alone. They are
also likely to seek protection from the local authorities. These protective actions are dependent
on the trustworthiness of the local authorities. The adoption of protective actions is higher for
first-time tourists and without prior social risk expectations (Badu-Baiden et al., 2016).

Emotion Regulation
Emotion regulation is conceptualized as a psychological process to manage emotion by
initiating, inhibiting, or modifying a person’s mental state in a given situation (Gao et al., 2019;
Gross & Jazaieri, 2014). People might experience variations of emotions during travel
experiences. Therefore, they are likely to regulate these emotions, such as increasing positive
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emotions (e.g., happiness, joy), reducing negative or less positive emotions (e.g., anxiety).
Emotion regulation strategies may include having a more positive perspective, distancing,
manipulating (i.e., releasing, controlling, or holding), and accepting the situations or the
problems.
Emotion regulations are considered as tourists' active parts of co-operative behaviors that
can create valuable experiences in various situations. The manifestation of such behavior is
reflected in the way tourists cope with the problem or individual's emotions. Prebensen and Foss
(2011) revealed the use of problem and emotion-based strategies to cope with incidents during
vacation experiences. Tourists might engage in emotion regulation strategies, such as making
meaning of the negative experiences or considering bad experiences as learning.
Emotion regulations serve two different purposes: to regulate personal emotions (intrinsic
regulations) or other people's emotions (extrinsic emotion regulations). There are different
mechanism one can take to regulate his or her emotions, including changing or modifying the
situation, changing the focus of attention, thoughts (cognition), and modifying responses. In this
case, one might change or modify the situation to reduce the emotion's impact, change the focus
to the other aspects of the situation, have a more positive perspective on the situation, or
controlling expressive behavior (Gross & Jazaieri, 2014).
Individuals' decision-making is attributed to subjective evaluations which could be
influenced by perceived risks and uncertainty. Negative emotions, such as anxiety, could impair
decision-making. Individuals employ emotion regulations when they anticipate or experience
emotions. Cognitive reappraisal is considered as an antecedent-focused strategy that involves
reducing the negative emotion by making meaning from the situation, directing from negative to
a more positive trajectory (e.g., as part of learning). A person would have an increased sense of
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emotional control to engage in risky decisions with positive thoughts (Panno, Lauriola, & Figner,
2013). Cognitive reappraisals have been used as a construct that can motivate people to take
protective behavior in response to threats toward climate change (Panno et al., 2015).

Trust
Trust is an important aspect of destination and tourist relationships. Liu, Wang, Fang, and
Zhang (2019) define trust as the destinations’ reliability and credibility perceived by tourists, that
effective task performance is delivered with benevolent motivations for travelers’ best interest.
Perceived trust in destinations contributes to the construction of a positive destination image.
Also, trust can help to reduce perceived risk and enable long-term relationships. Considering that
multiple stakeholders are involved in a destination-tourist relationship, perceived trust to
destinations is measured by perceptions of multiple parties, including trust in agency, authorities,
other tourists, residences, and employees. Trust is strengthened through contact and experiences
with the parties. Destinations are expected to perform their advertised functions that are
transparent, reliable, and risk-free. Trust is the manifestation of tourists' confidence in such
conditions. It can be observed at two different levels, the perception or trustworthiness and the
behavior intention to rely on the suppliers’ products and services (Wang et al., 2014).
The concept of trust has been considered an important variable associated with risk
perception. Uncertainty and perceived risk are high when traveling to risky destinations.
Perceived trust is a mental shortcut that people use to reduce uncertainty and risk perception in
decision-making (Abubakar & Ilkan, 2016; Nugraha et al., 2020). Trust reduces perceived risk
and increases intent to travel. Boo and Gu (2010) suggest that trust can reduce perceived risk,
and lower perceived risk will increase the likelihood to travel. However, the impact of trust on
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perceived risk can differ across different markets, such as the domestic and international
markets. Considering the importance of trust in the decision-making process, it is beneficial to
integrate trust as part of risk reduction strategies.

Financial Strategies
Price is an important consideration in purchase decisions considering that all products are
associated with monetary values. The purchase decision is based on the calculation of potential
loss and benefit. Purchase decisions happen when the perceived benefit is greater than the
expected loss. In other word, that purchase should be worth values for money. The monetary
amount which is sacrificed for a product is expected to compensate for what is received. Under
uncertainty or risky situation, the perception of the loss is much greater. Crises and disasters
reduce the image values and attractiveness of tourist destinations, which further potential for
substitution. In addition, the cost of substitution is also a factor that can influence tourist
behavior. When the cost of substitution is high, tourists are less likely to switch to other
destinations (Ridderstaat & Nijkamp, 2016).
Tourist decisions are trade-off activities between monetary and non-monetary risks. They
might constraint their purchase to minimize loss. Financial risk reduction has been considered as
a strategy that could reduce tourists’ perceived risk, such as through price discounts (Okuyama,
2018), deals, and guarantees for product or service failures (Hajibaba, Gretzel, Leisch, &
Dolnicar, 2015). However, Rittichainuwat and Chakraborty (2009) found that price discounts are
not effective in reducing tourists' perceived risks and low-cost tour packages did not motivate
tourists to visit a disaster-hit destination. Slevitch and Sharma (2008) used price premium as
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means to reduce perceived risk. Other financial risk reductions may include planning for an
inexpensive trip and bringing extra cash for unexpected expenses (Lo et al., 2011).

Physical Strategies
The use of physical measures has been mentioned as factors that could influence
perceived risk. With the consequences that tourists might be exposed to personal injuries, illness,
or harm, the tourism industry takes efforts to reduce the potential perceived risks by the
provision of the physical attributes in the environment, such as having the presence of law
enforcement or security personnel, regulations, and infrastructures. Guidance and information on
risk exposure are considered key for risky destinations since tourists lack the knowledge and are
unprepared for the dangers that exist in destinations. The provision of safety measures has
become more important for destinations to attract tourists as it can reduce perceived risk,
particularly to those who have been impacted by crises and disasters (Rittichainuwat, 2013).
However, tourists may not be aware of or ignore the provision of safety measures (Wang et al.,
2019).
The impacts of climate change could influence changes in environmental conditions, such
as warmer temperatures. These also influence people to take physical protective measures, such
as taking personal protective equipment or finding the available places that could protect oneself
from harm (Wang et al., 2018). From the health perspective, some researchers note several risk
reduction strategies that include: taking vaccination before travel, consulting with the health
professionals, taking personal medicine, and purchasing health insurance (Wang et al., 2019).
Purchasing insurance is believed to reduce risk and provide benefits such as peace of mind and a
sense of security (Kerr & Kelly, 2018).
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Time Substitution
Because disturbances of external factors do not necessarily involve permanent losses and
allow use later within the same year, people could change or modify the time of their recreation
to overcome constraints (McCreary et al., 2019). The economic perspective shows that
consumers are likely to change the timing of service usage when short-term disruption happens.
Temporal substitution has been cited as the strategy used to overcome travel constraints or
conflicts, which relate to climate and weather events. These events can be avoided by changing
the visitation timing. The more an individual has experienced climate issues during travel, the
more he will engage in temporal substitution (McCreary et al., 2019). Therefore, tourists could
postpone their visit but not necessarily cancel it when there are short-term disturbances such as
weather events, terrorist attacks, etc.
The temporal strategy has also been cited as a strategy employed to overcome
overcrowding, which seasonality factors can cause. Tourism seasonality can damage tourist
attractions (e.g., congestion, traffic, and waste problems) and influence residents' and tourists'
dissatisfaction. Temporal substitution, such as avoiding peak hours or making an advanced
reservation, is taken as a precautionary measure to reduce perceived overcrowding (Lu & Wei,
2018). The adoption of temporal strategies gives tourists the opportunity to travel in other times
that are much safer. It is logical to assume that temporal factors could reduce risk perception
allow tourists to participate in tourism activities.

2.11. Island Tourism Destinations and Vulnerability
An island is characterized as an attractive tourism spot with its small size (smaller than a
continent), remoteness, and exotic imaginary (Sharpley, 2012). Size and population have been
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used as indicators of islands. However, description of what constitue small is subjective
depending on the researchers’ definition (Croes, 2011; McElroy, 2006; Weaver, 2017). Based on
the lists provided by the United Nations, the socalled ‘small islands states’ equate to a
population up to 10 millions with land area of less than 500,000 km2, and the smaller and less
developed islands are communly associated with vulenerability with the need to promote
sustainability (www.un.org/ohrlls).
Islands can also be single or part of an archipelago (a group of two or more islands).
There are advantages and disadvantages to the island being part of an archipelago. An island that
is part of an archipelago has more resource endowment, including the possibility of offering
multiple destinations and the availability of the domestic market. However, islands in
archipelagic nations often depend on the other islands in decision-making. Their decisionmaking representation is important; otherwise, it might create a potential political conflict or
economic leakages (Sheldon, 2005). Being part of an archipelago also means that islands are
facing more challenges in maintaining political stability that are essentials for attracting
international tourists (Ekiz, Hussain, & Ivanov, 2010).
Although tourism settings and processes can occur anywhere, tourism occurs in islands
with its limitations (e.g., small size), has different opportunities and challenges different from the
mainland or the other islands (Baldachhino, 2004; Sharpley, 2012). Islands, have three distinct
features, including smallness, remoteness, and coastal environment features (Vitova et al., 2019).
Natural attractions of island destinations include the importance of marine wildlife attributes
(e.g., coral and fish diversity), warm temperatures, clear waters, beach characteristics, and lowrisk health (Uyarra et al., 2005). Island destinations are associated with 3S-Sun, Sea, and Sand
images that embody unique characteristics and dominate tourists' motivation to visit (Alipour,
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Olya, Maleki, & Dalir, 2020). Although islands can vary (i.e. climate, proximity to the mainland,
size, types of formation, and socio-cultural characteristics), the blend of natural, social, and
economic resources of island destinations make their existence important (Sheldon, 2005).
The negative association of islands is its vulnerability that suggests the need to have the
ability to cope with external disturbances and maintain their functional characteristics (Calgaro,
2014; Perch & Nielsen, 2010). Several factors contribute to vulnerability, such as dependency
on tourism, small size, remote locations, fragile ecosystem, limited hazard mitigation capability,
limited demographic and economic structures (Pelling & Uitto, 2001; Perch-Nielsen, 2010).
Because island destinations are dependent on tourism, vulnerability also involves sensitivity to
perceived risks (Calgaro, 2014; Forster et al., 2012; Huebner, 2012). As it is pointed out, a
vulnerable destination is a risky destination, and this association can have a significant impact on
travel behavior (Huebner, 2012). The paradox of island destinations with their limited resources
and capability to meet the consumption of tourism activities provides 'a natural laboratory' to
understand the dynamics of the impacts of tourism as well as socio-economic and environmental
impacts on tourism (Hall, 2012).

2.12. Risk Related Studies in the Context of Island Destination
Understanding travelers’ risk perception in the context of island destinations is important
because of the fragility of island destinations to changes in tourists’ perceptions influenced by
the island destinations’ dynamic. Tourists would hope that island destinations are risk-free, either
from major ones that involve physical risk (e.g., tsunamis, earthquakes) to the less threatening
ones such as being on a crowded beach. Researchers have been interested in understanding the
consequences of perceived risk on travel behavior. Previous studies have concentrated only on a
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specific risk or few risk dimensions which represent the immediate challenges facing island
destinations.
Huebner (2012) showed that tourists have different levels of concern, where
environmental risks (e.g., sea-level rise, extreme climate, and environmental degradations) weigh
more than social risks (e.g., political instability, disease outbreaks) and infrastructure damages.
De Urioste-Stone et al. (2016) also identify similar findings that tourists are more concerned with
environmental factors than other risk factors with the highest importance on extreme weather
events, disease outbreaks, hurricanes, and water scarcity as factors influencing potential travel.
Wang et al. (2018) examined potential changes of declining destination attractiveness and found
that tourists are likely to take protective measures in three behavioral dimensions (time, spatial,
and activity substitution), physical (use of supporting items), and psychological adaptation
intention (response motivation).
Natural induced risk factors, such as the hurricanes, are important considerations for
travel decisions. An attempt has been made to test the relationship between hurricanes' impact on
willingness to pay (Forster et al., 2012). As hurricane activity increases, tourists are likely to
choose alternative destinations. Price reduction strategies could compensate for increased
hurricane activities. Hübner and Gössling (2012) find that extreme weather is an important factor
for travel but has only influenced 17% out of 240 respondents in influencing future travel. It is
also found that those tourists are likely to find information before travel, and the information
mostly comes from various media with the internet as the most important source. Repeat visitors
appear to be more receptive to extreme weather than first-time tourists. The impacts of weather
conditions have also encouraged the motivation to search for weather-related information
(Jeuring & Becken, 2013).
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Another area that receives attention in the literature of risk is tourists' perception of
crowding. Perceived crowding is considered an important evaluation for island destinations. The
perception of crowdedness can influence tourist experiences and perceptions about how tourism
activities are managed. Ziegler et al. (2019) reported that perceived crowding in tourism sites
gives the impression of tourism providers' inability to manage tourism activities. The study
showed that tourists support management intervention to limit the number of visitors and
facilities that reduce crowdedness. Another study investigated the role of socio-demographic and
socio-behavioral factors in influencing perceived crowding. Younger and higher education levels
are more tolerable to perceived crowding, increased competition with the host community over
the use of space and satisfaction with accommodation leads to higher perceived crowding
(Rasoolimanesh et al., 2017).
Filep et al. (2014) examined the role of happiness, satisfaction, and risk perception when
traveling to an island destination. In their study, risk perception involves a combination of human
and natural hazards, such as earthquakes, volcanic eruptions, financial crises, etc. The study
showed that a higher level of happiness and satisfaction contributes to lower risk perception in
the island tourism activities and the majority of hazards. Tourists are likely to find value in risk
management when traveling, such as advising the location to family members, reading the
information, carrying a mobile phone, and becoming familiar with the available safety measures.
While others have tended to focus on a specific risk, Chew and Jahari (2014) combined
three dimensions of risks, including physical, financial, and socio-psychological risks in a postdisaster setting. While risk perception influenced travel intention, the study argued that
destination images have the ability to mediate the relationship between perceived risk and travel
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intention. Other pull factors of a destination image (e.g., infrastructure) can increase tourists'
level of confidence to revisit the destination after a disaster event.
Risk perception has also been investigated by examining content analysis through news
reports from the media and tourism demand analysis. Brown (2015) examined the impact of a
crime event that involves an American tourist's disappearance. The failure of destinations in
handling crime and news framing contributes to the prolonged effects of risk perception. The
study has also emphasized that international tourists from the same nationality are concerned and
affected by the issue because it involves a member of their community as the victim.
Understanding tourists' risk perception is important for island destinations. Risk-related
studies in the context of island destinations have highlighted different risk factors associated with
island destinations that could influence the change of tourists' perception and behavior. However,
research has focused on a specific or few risk factors that can range from functional, financial,
physical, and social-psychological. Furthermore, several risk reduction measures have also been
identified in response to risk perception (e.g., information, time & spatial substitution, financial
compensation, etc.).
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Table 3. Risk Perception Studies on Island Destinations
Author
Target population
Sample
size
Huebner (2012)
German-speaking
98
potential travelers South
Pacific small island
destinations

Method

Key findings

QuantitativeSemi-structured
Questionnaire survey,
Descriptive analysis

Perceived risk to travel does influential when
making potential travel decisions.

Forster et al.
(2012)

International tourists to
Anguilla

300

Quantitative,
Survey
Regression

Respondents are likely to avoid hurricanes
and prefer to visit if financial compensations
provided

Hübner and
Gössling (2012)

Leisure tourist in
Martinique

30-240

Mixed method,
semi-structured
interviews
questionnaire
Descriptive statistic
and thematic analysis

Extreme weather events only influence 17%
of respondents on their future travel decision.
Repeat visitors perceive less risk than firsttime visitors

Jeuring and
Becken (2013)

International (largely) &
domestic tourists
traveling to New
Zealand

391

QuantitativeQuestionnaire,
ANOVA

Risk information seeking as a way to reduce
vulnerability to extreme weather. Risk
information-seeking differs according to the
perception of responsibility

Filep et al. (2014)

International visitors to
Vanuatu island

100

Tourists perceive the majority of hazards as
posing no threat to their tourist experiences

Chew and Jahari
(2014)

Malaysian tourists
traveling to Japan

255

Quantitativequestionnaire survey
MANOVA
ANOVA
QuantitativeQuestionnaire, SEM
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Destination images mediate financial and
socio-psychological risk perception

Author

Target population

Sample
size
1679
articles
and

Method

Brown(2015)

Media coverage and
international tourist
arrivals

De Urioste-Stone
et al.(2016)

Key findings

Visitors of Mount
Desert Island – Acadia
national park

150

QuantitativeQuestionnaire survey
ANOVA

Perceived vulnerability of climate change
impact factors (weather, wildlife, access,
health, and safety needs) are associated with
future travel intention

Rasoolimanesh et
al.(2017)

Tourists at Perhentian
islands Malaysia

449

QuantitativeQuestionnaire, Partial
Least Square

Education and age affect perceived crowding
and interaction effects on local community
and satisfaction on perceived crowding

Gstaettner,
Rodger, and Lee
(2017)

Residence and
International Visitors of
Penguin island,
Australia

26

QualitativeInterview, Content
analysis

Engagement in risky activities is caused by
higher perceived benefit and by social
influences (e.g., by seeing others that led the
beliefs to be safe).

Wang et al.,
(2018)

Domestic tourists
Taiwan’s Kenting
National Park

330

QuantitativeQuestionnaire Survey
SEM

Perceived reduced attractiveness has a
positive impact on behavioral, physical, and
psychological adaptation

Ziegler et
al.(2019)

International and local
tourists visiting Oslob,
Philipines

295

QuantitativeQuestionnaire,
t-test

Perceived crowding creates negative image
of the tour operator and intervention to
manage crowding level is desired

Mixed method, Content Prolonged negative media coverage
analysis, and
influences risk perception and tourist arrivals
Regression
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2.13. Theoretical Foundation
To develop the proposed theory-based conceptual model, this study sought to extend
knowledge in risk-related research by integrating Protection Motivation Theory (PMT) & Theory
of Transaction Model of Stress & Coping (TMSC), which are operationalized to predict tourists
risk reduction behaviors in response to the perceived risk in the context of island destinations.
Overall, the conceptual model proposes the relationships between the constructs: personal
attributes, perceived risk (cognitive and affective), risk reduction strategies, and travel decisions.
Importantly, the model focuses on the mediation effects of reduction strategies in influencing
risk perception and intention to visit a risky destination. The mediation effects inform the
consequence of the risk reduction strategies as an intervening variable in the relationship.

Protection Motivation Theory
PMT consists of a combination of threat and coping appraisals as the intervening
variables of protection motivation (Floyd et al., 2000; Rogers, 1975). Threat appraisals evaluate
rewards (intrinsic and extrinsic) and perception of threat (severity & vulnerability). The
perception of threat will increase the probability of taking protection motivation, and the
perception of rewards reduces the probability of taking protection motivation. Coping appraisals
consist of efficacy beliefs (self-efficacy and response efficacy). Self-efficacy is the belief that
one can perform an adaptive response. Response efficacy is the belief that the recommended
responses will work. Response costs are associated with the costs (monetary, efforts) associated
with the response. Efficacy beliefs increase the possibility of taking protective behavior, whereas
costs decrease the motivation of taking protective actions.
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PMT has been applied and tested to understand coping strategies' persuasiveness in
influencing behavior intention in health behavior (Floyd et al., 2000; Milne, Sheraan, & Orbel,
2000). Perceived threats (perceived severity and vulnerability) and perceived efficacy (selfefficacy and response efficacy) were all positively associated with protective measures'
intentions and behaviors. In contrast, rewards and response costs were negatively associated. The
relationship between behavioral intention and actual behavior is also confirmed, suggesting that
intention will be the best predictor and mediator of behavior. Perceived threats and efficacy
facilitate the adoption of protection motivation. However, coping appraisals have a stronger
impact than threat appraisals in predicting protection motivation behavior (Floyd et al., 2000).
PMT has also been widely applied in tourism literature to explain travelers’ intention to
adopt protective behaviors. The reason for the adoption of the theory is its comprehensiveness
(Wang et al., 2019). It has been useful in explaining avoidance reactions to visiting risky
destinations. According to Sonmez and Graefe (1998), tourists evaluate whether a destination is
risky or not based on the information from the media. In the study, protective behavior is
associated with avoidance behavior from unsafe destinations. The study focuses on the severity
of threat appraisals and intention to travel, but it does not describe the response and self-efficacy
beliefs appraisals. Similarly, several researchers focused on the perceived severity of the degree
of threats than the perceived likelihood in influencing protective behaviors (Qi, Gibson, &
Zhang, 2009; Slevitch & Sharma, 2008). Several scholars focused on perceived vulnerability
(Schroeder et al., 2013), and others have included both perceived vulnerability and severity of
threats components (Kozak, Crotts, & Law, 2007; Law, 2006).
More recent studies have also included efficacy beliefs, which include the perceived
effectiveness of coping response and self-efficacy. In the application of the theory in predicting
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protection motivation, Law (2006) has examined the efficacy of official media in influencing
intention to travel. Furthermore, the theory has been applied to examine various threats and
coping strategies related to the environmental risk (Lu & Wei, 2018; Wang et al., 2018), health
risk (Fisher et al., 2018; Wang, Liu-Lastres, Ritchie, & Mills, 2019), and technological risk
(DeFranco & Morosan, 2017). These studies have contributed to a complete application of PMT
theory in understanding protection motivation behavior.
Threat and coping appraisals are considered important elements that can influence
behavioral change with low to moderate effects. However, threat appraisals are considered as
weak predictors and may not necessarily influence behavior change because individuals perceive
the threats as having no serious and urgent impacts. Several authors have indicated that coping
appraisals have more power than threat appraisals in predicting protection motivation behavior
(Fisher et al., 2018; Horng et al., 2013; Liu et al., 2019). According to Wang, Liu-Lastres,
Ritchie, and Pan (2019), the perception of threats can trigger the motivation to take protective
behaviors. On the opposite, maladaptive perception convinces a person not to engage in
protective measures. When traveling, people tend to be in good feelings that they emphasize the
fun and benefits, ignoring the potential risks. The beliefs one will not be exposed to risks (e.g.,
denials) or unperceived risks can lead to the adoption of maladaptive responses, for instance
traveling to risky destinations without taking precautionary measures.

Transactional Model of Stress & Coping (TMSC)
Another theory underpinning this study is grounded on the Transactional Model of Stress
and Coping (TMSC) theory proposed by Lazarus and Folkman (1984). They describe that
individuals will try to overcome psychological stress based on external pressures and individuals'
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resources. Individuals constantly change their cognitive and behavioral efforts to cope with the
stress facing in their daily lives. This theory was initially used in health science to observe health
threats and coping strategies that promote successful adjustment. The theory suggests that
individuals can engage in two types of coping: active coping, which accounts for actions and
behaviors oriented towards the problem, and passive coping, which focuses on negative emotion
to reduce tensions from threatening situations. They also refer to problem-based coping or
making something to change the problem better and emotion-based coping or emotions
regulation.
Lazarus and Folkman (1984) argued that stress could be caused by the uncertainty or
probability of events. Not having the knowledge or certainty that an event will occur creates
conflicting thoughts, feelings, and behaviors, resulting in feelings of helplessness and confusion.
A novel situation also can become a source of threats. Novelty can be ambiguous since the
person does not know the meaning of the situation. Predictable environmental characteristics are
also another factor of stress. However, anticipated events are less aversive, as they can provide
signaled conditions to take preparatory actions. Temporal factors such as the time before an
event and the duration of being in the situation can also add to stress levels.
The theory has been applied to examine tourists' appraisals of stress and their coping
strategies in a different context, including travel and leisure contexts (Chen, 2019; Gao &
Kerstetter, 2018; Gao et al., 2019). Tourists can be exposed to different stress levels and employ
emotion-based coping strategies to reduce their inner tension. Several researchers, however,
suggest that emotion-based coping can be considered maladaptive that tend to ignore the
adoption of protective measures (e.g., denials, hopelessness, avoidance). Others believed that
emotion-based coping is adaptive. Emotion regulation can also accompany the adoption of
64

protective measures. Panno et al. (2015) argued that cognitive reappraisal positively influences
greater risk perception and accurate risk behavior appraisals. A greater feeling of worry and
anxiety leads to a greater intention of protective measures.

2.14. Conceptual Model
Based on this study's theoretical foundation, a testable conceptual model is proposed (see
Figure 2). This model indicates a hypothetical causal relationship between tourist attributes, risk
perception, emotion, risk reduction strategies, and travel intention. The model contributes to
identifying relationships between the variables investigated. First, input to the cognitive and
affective risk perception of a destination comes from tourist attributes (i.e., personality traits,
subjective knowledge, and risk experience). Second, motivation to engage in risk reduction
strategies is influenced by cognitive and affective risk perception. Third, risk reduction efforts
will influence the intention to travel. Risk reduction strategies in this study consist of seven
components (information seeking, emotion regulation, social, financial, trust, time substitution,
and physical strategies). The purpose of this study is to integrate the fragmented concepts of risk
reduction strategies into a broader theoretical framework.
A mediation effect shows the role of an intervening variable in influencing the
independent and dependent variable (Ro, 2012). There are two ways the independent variable
may influence the outcome variable; direct and indirect effects. The direct effect is when the
independent variables affect the outcome without passing through the intervening variable. The
indirect effect is when the effect passes from the independent variables to the intervening and the
intervening variables. The independent variables cause the intervening variable, which in turn
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causes the dependent variable. The intention to adopt risk reduction strategies is an intervening
variable that mediates the evaluation of risk and intention to travel.
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Figure 2. Conceptual Model
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2.15. Study Hypotheses
Personal factors (personality traits, subjective knowledge, and risk experience) influence
perceived risk. Past studies have indicated the potential influence of personal attributes on risk
perception. Although no tourists fall precisely in the categories of allocentric/psychocentric, the
self-confident and curious are more likely to explore new, less developed and non-touristic
places (Plog, 1974). Studies indicated the degree of risk perception is different according to
allocentric/ psychocentric types. Allocentric types are likely to have lower risk perception than
the psychocentric types because they tend to be risk-takers who are more attracted to novel and
complex experiences. Therefore, they have higher tolerance levels toward risks. On the other
hand the psychocentric personality traits tend to be risk-averse and familiarity seeking
(Kapuściński & Richards, 2016; Karl, 2018; Morakabati & Kapuściński, 2016). It is
hypothesized that:
H1a: Psychocentric personality traits have a positive influence on perceived risk
Prior studies have indicated the potential effects of subjective knowledge on risk
perception. Subjective knowledge was found to moderate the relationship between risk
perception and hesitation to travel. The higher the level of subjective knowledge (what someone
thinks to know) about the destination leads to lower risk perception and hesitation to travel
(Wong & Yeh, 2009). Subjective knowledge as an independent variable appeared to be the
strongest influence on tourist risk perceptions (Sharifpour et al., 2014). Also, subjective
knowledge has a stronger positive impact on cognitive evaluation than affective risk evaluation
(Perpina et al., 2020). As a dependent variable, perceived risk was found to influence subjective
knowledge/familiarity (Huang et al., 2014). Individuals would increase their subjective
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knowledge or familiarity about the destination to reduce perceived uncertainty (Huang et al.,
2014). It is hypothesized that:
H2a: Subjective knowledge has a negative influence on perceived risk
The literature indicates the relationship between risk experience and perceived risk. It is
argued that future travel behavior is influenced by previous risk experience, for instance,
witnessing terrorist attacks (Batra, 2008; Floyd et al., 2004). Risk experience, either direct or
indirect, may increase victims' vulnerability in future travel. However, there have been
inconsistent findings on whether risk experience positively perceived risk as people might adjust
themselves and accept the risks (Cahyanto et al., 2014; Terpstra, 2011; Yang et al., 2015).
Considering the possible influence of risk experience on perceived risk, it is hypothesized that:
H3a: Risk experience has a positive influence on perceived risk
Personal factor components (personality traits, subjective knowledge, and risk
experience) are associated with emotion. As risk perception works in dual-mode (cognitive and
affective evaluation), it is assumed that personal factors would influence both cognitive and
affective evaluation. Research has indicated the potential influence of personality traits on
emotions. It is assumed that the risk-takers are likely to have less risk perception. Therefore, they
are likely to have more positive emotions. However, there have been inconsistent findings in the
influence of personality traits on emotions. Those psychocentric types were considered to value
safety more than the allocentric. Therefore, they would be more fearful and threatened (Reisinger
& Mavondo, 2005). On the other hand, Wang, Liu-Lastres, Ritchie, and Pan (2019) found that
those with risk-seeking personality traits have a higher level of worry and would be more likely
to adopt protective measures, suggesting that risk-seeking personality traits are safety cautious
than risk-averse personality traits.
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Subjective knowledge is also related to emotion or affective evaluation. Higher subjective
knowledge leads to greater confidence about the destination. Subjective knowledge positively
influences affective risk evaluation (Perpiña, Prats, & Camprubí, 2020). In terms of risk
experience, research has also indicated the relationship between risk experience and emotion.
Risk experience may create negative emotions, such as feelings of fear and insecurity, that
motivate people to take more precautionary measures (Terpstra, 2011). In this study, it is
hypothesized that:
H1b: Psychocentric personality traits have a negative influence on positive emotion
H2b: Subjective knowledge has a positive influence on positive emotion (affective risk
perception)
H3b: Risk experience has a negative influence on positive emotion (affective risk
perception)
Risk perception influences emotion. Loewenstein et al. (2001) suggest that people use
dual-evaluation mode (cognitive and affective) to evaluate risk, in which one would influence the
other. Risk perception could have consequences on negative emotions. On the other hand,
perceived negative emotion could also influence risk perception (Chien et al., 2017). Risk
perception tends to weaken positive emotion, such as pleasure and arousal (Yuksel & Yuksel,
2007). Also, risk perception has a positive association with worry (Larsen 2009; Wang, LiuLastres, and Pan, 2019) and anxiety (Reisinger & Mavondo, 2005). Higher perceived risks would
increase negative emotion and reduce the positive emotion. Therefore, it is hypothesized that:
H4 Perceived risk has a negative influence on positive emotions
Risk perception and emotion are associated with travel intention. Empirical evidence has
indicated the potential influence of risk perception (cognitive and affective) on travel intention.
70

Perceived risk has a negative impact on the intention to travel to a particular destination (Kozak
et al., 2007; Law, 2006; Reisinger & Mavondo, 2006). In addition, cognitive and affective risk
perception or emotion are interrelated in influencing intention to travel. Emotions have
significant effects in influencing protective behaviors (Loewenstein et al., 2001; Slovic & Peters,
2006). Risk perception indirectly influences intention to travel through emotions (Becken et al.,
2017; Reisinger & Mavondo, 2006). Risk perception and emotion also work as separate
constructs which can influence travel intention differently. As a separate construct, both
cognitive and affective risk are significant predictors of intention to visit (Perpiña et al., 2020).
However, Becken et al. (2017) found only affective risk perception significantly predicts
intention to visit, indicating different potential effects. Recognizing the possible influence
between cognitive and affective risk perception on intent to visit, it is hypothesized that:
H5: Perceived risk has a negative influence on intention to visit
H6: Emotion (affect) has a positive influence on intention to visit
Risk perception influences risk reduction strategies. Risk perception is considered an
important factor in predicting the motivation to engage in recommended risk reduction behaviors
(Rogers, 1975). A person will engage in protection motivation as long as the individual can
perform and when risk perception is significant. In service-oriented products, risk perceptions
have been associated with intentions to engage in risk reduction behaviors (Mitchell, 1993;
Bruwer, Fong, and Saliba, 2013). Fuchs and Reichel (2011) suggested a potential relationship
between perceived risks and risk reduction behaviors. Prior studies showed that perceived risk
positively influences information search and behavior modification strategies (Adam, 2015;
Nugraha et al., 2020). Risk perception is also associated with trust. Risk perception is lower
when trust is high (Boo & Gu, 2010). The literature also indicates that perceived risk is
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associated with the intention to engage in time substitution (Lu & Wei, 2018; McCreary et al.,
2019). Therefore, it is hypothesized that:
H7a: Perceived risk has a positive influence on information search
H7b: Perceived risk has a positive influence on social strategies
H7c: Perceived risk has a positive influence on emotion regulation
H7d: Perceived risk has a positive influence on financial strategies
H7e: Perceived risk has a positive influence on trust
H7f: Perceived risk has a positive influence on time substitution
H7g: Perceived risk has positive effects on physical strategies
Emotion influences the adoption of risk reduction strategies. The literature indicates a
potential positive association between affective risk perception or emotion on risk reduction
strategies. TMSC suggests that individuals might engage in problem and emotion-based
strategies to overcome negative emotions, such as worry and anxiety (Lazarus & Folkman,
1984). Affective and cognitive risk evaluations determine the engagement of risk reduction
behavior (Loewenstein et al., 2001). Risk perception might evoke negative emotion and
motivate the adoption of protective measures (Loewenstein et al., 2001). Several studies
supported that negative emotion (worry) positively influences the intention to take protective
measures (Chien et al., 2017; Wang, Liu-Lastres, Ritchie, & Pan, 2019). In nature, a person is
likely to regulate their emotions when experiencing stress (Gao et al., 2019; Gross & Jazaire,
2004). Consequently, higher positive emotion is likely to negatively influence risk reduction
strategies. Therefore, it is hypothesized that:
H8a: Positive emotion has a negative influence on information search
H8b: Positive emotion has a negative influence on social strategies
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H8c: Positive emotion has a negative influence on emotion regulation
H8d: Positive emotion has a negative influence on financial strategies
H8e: Positive emotion has a negative influence on trust
H8f: Positive emotion has a negative influence on time strategies
H8g: Positive emotion has a negative influence on physical strategies
Risk reduction strategies influence intention to visit. It is assumed that the adoption of risk
reduction strategies would give greater control and confidence in decision-making. The perception
of the effectiveness of recommended risk reduction measures is associated with the likelihood of
traveling to a risky destination (Liu et al., 2016). Trust and risk relief (information search) are
positively associated with intent to visit (Nugraha et al., 2020). Emotion regulation gives a greater
sense of control that alleviates risk perception and encourages risk taking behavior (Panno,
Lauriola, & Figner, 2013). In consumer products, risk reduction strategies are associated with risk
perception and purchase decisions (Bruwer, Fong, & Saliba, 2013; McCarthy, Brennan, Ritson, &
de Boer, 2006; Yeung, 2010). Therefore, it is hypothesized that:
H9a: Information search has a positive influence on intent to visit
H9b: Social strategies have a positive influence on intent to visit
H9c: Emotion regulation has a positive influence on intent to visit
H9d: Financial strategies have a positive influence on intent to visit
H9e: Trust has a positive influence on intent to visit
H9f: Time strategies have a positive influence on intent to visit
H9g: Physical strategies have a positive influence on intent to visit
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The impacts of personal attributes, risk perception, risk reduction strategies, and intent to
visit are different according to past travel experience (experienced versus non experienced).
Previous studies have indicated that prior experience influences risk perception and the adoption
of risk reduction strategies. Travelers with a greater extent of experience with the destination are
likely to rely on their knowledge to reduce perceived risks and uncertainty when deciding to visit
a destination. It is claimed that the adoption of risk reduction behaviour is associated with past
travel experience to the destination. For instance, first-time and repeat visitors had different safety
concerns and risk reduction behaviors (Fuchs & Reichel, 2011; Hales & Shams, 1990;
Karamustafa et al., 2013; Nugraha et al., 2016; Sharifpour et al., 2014). Therefore, the tested
relationships would be different according to these different groups:
H10: Tested relationships are contingent upon past travel experiences (experienced vs nonexperienced)
Building from the above assumptions, this research seeks to illustrate the relationship of
personal factors, risk perception, emotion, risk reduction strategies and the resultant travel
intention by the individuals analysed.
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2.16. Summary
The literature concludes that risk is associated with negative meaning as ‘a potential
loss’, which can be measured. The perception of risk is an important variable that could alter
tourist behaviors. Because of its importance, risk-related research has been one of the popular
topics in tourism research (Kirilenko & Stepchenkova, 2018). In the early years (the 1990s2000), risk-related research focused on risk perception as a cognitive process, but later it has
been conceptualized as a dual-process, cognitive-affective evaluation. This signifies the
importance of affective component in tourist behavior.
Risk perception operates on the interplay between internal factors (e.g., personality traits,
knowledge, risk experiences) and external factors (e.g., destination attributes). Therefore, it is
essential risk perception is grounded on the two perpectives (Karl, 2017). The literature also
indicates the implication of risk perception on protective behavior. Because of its potential
impact on a decision process, one would anticipate and reduce such potential loss or harm when
risk is perceived (Adam, 2015). Following the rational paradigm, travelers will likely to
maximize his decisions in order to avoid potential losses.
The literature shows a variety of selection of risk factors or risk categories in influencing
behavior, such as one-dimensional risk (e.g., climate change, crowding, crime) or multidimensional risks (e.g., socio-psychological, financial, and time risk). The assessment of a
particular risk dimension can be problematic because travel decisions typically involve different
risk factors which have a different level of importance (Fuch & Reichel, 2007). The multidimensional paradigm is useful to compare the relevance of different risk dimensions in
influencing behavior.
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The literature shows the importance of inclusion of personal attributes in the risk
reduction strategies (Karl, 2017). In terms of managing risk, there are several ways to anticipate
and reduce potential risk, including the use of past travel experience, information search, and
modification behavior. The use of multi-attributes approach has been useful to identify
meaningful risk reducers (Mitchell & Vassos, 1997). When conducted on a vulnerable island
destination, integrating different risk reduction strategies in a single study can identify important
risk reducers. This is particularly evident when the vulnerability of island destinations is
associated with heightened risks that can influence travel behavior (Huebner, 2012).
This review offered insights into the appropriateness of applying PMT and TMSC in the
study to explain the adoption protective behavior. PMT suggests that motivation to engage in
protective behavior can be predicted from two cognitive mediating processes, namely threat
appraisal and coping appraisal (Rogers, 1975) TMSC suggests two cognitive – affective coping
mechanism to handle uncertainty and perceived risk (Lazarus & Folkman, 1984). Both theories
serve as a suitable framework that links perceived risk and intention to adopt protective behavior.
The use of PMT offers limited explanation of how protective behavior can be explained by
affective or emotion related construct. As such this current study is to demonstrate the efficacy of
both of the theories.
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:
METHODOLOGY

This study aims to conceptualize, operationalize, and analyze the effects of personal
factors and risk-related constructs on intention to travel. This chapter illustrates the study
context, justification and procedures employed in data collection and analysis to serve the
purpose of the study. First, this study employed a questionnaire survey with online samples to
collect the data. Second, this study examined the hypothetical relationships between personal
factors, risk related constructs and intention to travel. The study context, population and sample
size, online survey instruments, data collection procedure, and data analysis techniques are
described below.

3.1. Study Context
Researchers have concluded that tourism-dependent island destinations remain vulnerable
and are exposed to different types of hazards, particularly natural induced disasters. Island
destinations need to be better prepared for adversity and prepare an environment of safety and
security (Becken et al., 2014; Gurnter, 2007; Nielsen, 2010; Pelling & Uitto, 2001). Destinations
that are continuously impacted by crisis and disaster events, provide an opportunity to
understand the potential risks and impacts on travel behavior. Different destinations possess
different types of vulnerabilities. Bali in Indonesia represents a vulnerable island with its strong
reliance on tourism and exposure to various threats (Gurtner 2007; Gurtner, 2016). As part of a
developing country, Bali is specified as a high-risk destination by the U.S. Department of State
Travel and the CDC.
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Bali is a major tourist destination located in Indonesia. As reported by the Bali Statistics
Bureau, the island is situated eight degrees south of the equator with an area of 5636.66 km2
(BPS, 2018), In the center of the island lies two volcanos, Mount Agung and Mount Batur, which
divide the island into two parts. The north part has a narrow lowland and more slope, and the
southern part has a wide low land and less slope. This natural feature draws tourism to Bali's
southern part, where most of its hotels are clustered. Bali has a tropical climate with the highest
temperature around 35oC. It has a dry and rainy season each year. The island is surrounded by
coastal areas that stretch around 430 km. More than 4.2 million people inhabit Bali. Most of the
local population are Hindus, different from the other provinces in Indonesia which are Muslims
dominated.
Bali is an exotic tropical island and its unique cultures are a magnet that attracts tourists
from many parts of the globe. Tourism in Bali has been recognized since the Dutch colonial era
in the 1920s. Since it was opened to mass tourism in the 1960s, tourist arrivals grew from
hundreds to more than 6 million visitors in 2019. Tourists from the U.S. reached 276,859 in
2019, representing nearly 4 % of all international tourists (see Figure 3). The island has attracted
tourists from the United States since the 1930s. A couple from the United States, Bob and Louise
Koke, introduced and pioneered the surfing industry to the island and the country in 1936. The
couple built Kuta Beach Hotel. Unfortunately, the couple had to return to the U.S., and the hotel
was torn down because of the Japanese invasion in the early 1940s. Not only through surfing
spots, however, Bali was also introduced to the American people through writings, photographs,
and films in the 1930s (Jarratt, 2014). As mass tourism grew, international hotel chains began to
take part in the development of tourism, with international hotels such as Club Med, Hilton,
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Hyatt, and Sheraton were established in the 1980s (Hitchcock & Putra, 2007). With the growth
of tourism on the island, the number of travelers from the United States also has also grown.
Bali’s significant aspect, besides its natural attractions, is its strong Hindu-based cultural
appeals that are portrayed in ceremonies, architecture, arts, and performances. Tourism
contributes to economic growth and cultural revival and preservation that bring a sense of pride
to the local heritage and tradition (Picard, 1995). A strong presence of international corporations,
governmental support, and local involvement have formed a strong base for the tourism industry
for many decades (Putra & Hitchcock, 2006).
US Tourist arrivals in Bali
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Figure 3. Visualization of the US and International Tourist Arrivals in Bali (1999-2019).
Source:Bali Statistics Bureau (2020a). http://www.bps.go.id

Tourism is a key industry in Bali. Before COVID-19, the accommodation and restaurant
services contributed approximately 13% of the total workforce and contributed 23% to the local
GDP, leaving behind the other sectors, such as agriculture and fisheries, oil and gas, and
constructions (BPS, 2020b). Tourism provides job opportunities for female entrepreneurs and
informal workers, extending the positive economic impacts of the industry (Tajeddini, Ratten, &
Denisa, 2017). Tourism plays an important contribution to the national economy of Indonesia
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since tourist arrivals to Bali made up to 41 % of all international tourist arrivals to the country
(BPS, 2020a).
Despite Bali's beauty and popularity as a tourist destination, maintaining safety and
security has become its greatest challenge. First, Bali has a disadvantaged location on the 'Pacific
Ring of Fire.' It makes the island and other provinces surrounding the island prone to
earthquakes, tsunami, and flooding (Supriyadi, Windarto, & Soemartono, 2018). A recent natural
disaster occurred with Mount Agung's eruption in 2017 and caused significant disruption to the
tourism industry (Rahmawati et al., 2018). Several additional natural disasters were recorded
between 2010-2018 on Bali's neighboring islands, including earthquakes, tsunamis, and volcanic
eruptions that cost lives and economic losses (The Jakarta Post, 2019). Observation of climate
change impacts is in the sea level rise for the period of 1993-2008. In this period, the sea level
increased by .6 cm per year, as did temperature at between .021 to .034 Celsius per year, with
changes also in the annual rainfall pattern (Rahmawati, Trianasari, & Martin, 2018).
Dengue diseases pose another risk for the locals and international travelers (Xu et al.,
2019). Increased temperatures and rainfall have caused an increase in dengue diseases, which
can seriously impact health, including fever, headache, loss of appetite, vomiting, sore throat,
and bleeding. Based on a study involving 201 international visitors in 2015- 2017, the disease
was mostly detected among adolescent travelers between 12 and 25 years old (Masyeni et al.,
2018). Control measures practiced at hotels to reduce mosquito bites include fogging,
vaporizing, aerosol spray, and mosquito repellent. These efforts also caused more expenses to the
hotel industry and inconveniences perceived by hotel guests (Yoshikawa et al., 2020).
As well as natural induced disasters, Bali experienced terrorist attacks in 2002 and 2005,
both of which had a devastating impact on the tourism industry (Putra & Hitchcock, 2006).
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Several initiatives were taken in response to mitigate the damage caused, including the increased
presence of police officers and other safety measures. In addition, cultural understanding and
leadership efforts were initiated to avoid group conflicts between the Muslims who were
associated with the identity of the actors of the bombings and the Hindus (Putra, 2014). A series
of bombings in the country's capital city (Jakarta), such as the JW Marriot Hotel Bomb in 2003,
the Australian Embassy in 2004, the JW Marriott and Ritz Carlton Hotel in 2009, and Sarinah
Mall in 2016, also negatively impacted the tourism industry (Rivertt-Carnac, 2016).
The effects of natural and human-induced crisis events have forced the destination to
implement strategic actions, including image restoration, improvement of safety standards,
transparency in disaster communication and information, price reduction, tourism product
diversification, enhanced collaboration among stakeholders, education, and training of the
tourism communities (Gurtner, 2016). With the support from the central government under the
Ministry of Tourism, several initiatives took place, including the establishment of Crisis
Management Team in 2002, image recovery through the 'Visit Indonesia Year 2008' campaign,
and an extension of Free Visa policy to 169 countries in 2015 to promote international tourist
flows (COMCEC, 2017). In 2008, the Tsunami Ready Toolbox was developed which consisted
of information and procedure in response to tsunamis. A disaster preparedness certification
program was implemented to improve the hotel industry's safety standards (Sagala, Kusumawati,
Sitinjak, & Krishna, 2015). In 2018, the Ministry of Tourism released Standard Operation
Procedure (SOP) for Tourism Crisis Management as guidelines to manage crises and disaster
events at tourist destinations (Kemenpar, 2018).
Bali is also experiencing a significant impact from the COVID-19 global pandemic. For
example, the island received only 156,877 international tourist arrivals in March 2020, while it
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received 449,569 in the same month in the previous year. Hotel occupancy was only 25 %, while
it was 55% in the previous year (BPS, 2020b). The total workforce in tourism was about 2.5
million before the pandemic. The consequence was felt particularly by the 1.4 million workers
who were laid off from the total 2.5 million workers. With the number of confirmed cases
increasing, there is uncertainty about the tourism industry's recovery (Yuniti et al., 2020). An
estimated prolonged downturn to 80% of tourism earnings that last for nearly two years will be
devastating to Bali and many island destinations dependent on tourism (Coke-Hamilton, 2020).
One step taken by the government was to re-open Bali to international tourists on
September 11, 2020, which had been under coronavirus lockdown since mid-March (The Jakarta
Post, 2020). However, the U.S. government has issued a 'Level 4 Do Not Travel' advisory to
Indonesia due to coronavirus. In addition, the safety information also contains terrorism, crimes,
traffic accidents, natural disasters (e.g., 4,000 earthquakes per year or more than ten earthquakes
per day) that depict Indonesia, including Bali, as a risky destination.
While tourism is so important for the island, there has been little information on
understanding tourist behavior in response to the island’s risks. Aschauer (2010) measured the
risk perceptions before and after the terrorist attack in 2005. The study found risk perception
increased after the terrorist attacks, and the island was perceived as unsafe. However, tourists'
perception of Balinese image attributes such as authenticity, pleasant atmosphere, and local
people's attitude remained unchanged. Therefore, this study was conducted because of the
importance of the tourism industry and the frequent disruptions impacting the island. Safety
issues might shape the perception and behavior of potential travelers.
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3.2. Justification for Paradigm and Methodology
Different research methodologies (quantitative, qualitative, and mixed-method) hold
different fundamental assumptions, which can be explained by their ontology and epistemology
(Healy & Perry, 2000; Kraus, 2005; MacKenzie & Knipe, 2006; Shah & Corley, 2006).
Ontology refers to the assumption of the nature of reality, while epistemology refers to how
knowledge is generated and the relationship between reality and the researcher (Dwyer et al.,
2014; McKenzie & Knipe, 2006). The quantitative research method is consistent with the
positivism paradigm. Ontologically, the positivism paradigm recognizes knowledge as universal
truths and laws which govern the world. Epistemologically, this paradigm has an objective
orientation, and that knowledge is derived from quantification and statistics. There is a single
apprehensible reality to be discovered, and the researcher is independent from the object being
studied (Healy & Perry, 2000). The phenomenon is deterministic that regular patterns and
causal effects of its elements can be observed and measured (Kraus, 2005; MacKenzie & Knipe,
2006). The benefits from this paradigm are one can have a generalized understanding of a
phenomenon, and findings are objective.
According to Healy and Peary (2000), the constructivist paradigm assumes that reality is
the product of a social process. There are multiple constructed realities or perspectives because
every researcher may demonstrate a different interpretation of the truth. Knowledge is not purely
objective but rather is inherent to personal experience and the researcher's values. Its strength is
to produce insights and a deeper understanding of the investigated phenomenon, albeit with
qualitative research results unable to be generalized to a larger population. Data interpretation is
beyond the observation of independent facts but is designed to reflect, derive meaning, and act
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on the problem situation. The methodology associated with the constructivist paradigm is the
qualitative method (Healy & Perry, 2000).
A mixed-method approach, with its pragmatic paradigm, attempts to combine the
strengths of both approaches. Its strength is to present a complete picture of a phenomenon rather
than what each of the methods could achieve alone. This method uses a triangulation of multiple
data sources. In practice, mixed methods can be applied in parallel, simultaneously (data
collected at the same time), or in sequence (Creswell, 2013). Mixed methods are used to achieve
both generalization and deeper meaning of the subject being investigated. Thus, it gains a more
comprehensive understanding of the research problem. However, the application of the research
method is not because of its superiority but because of its use in answering the research problem.
A mixed-method approach is used when either a quantitative or qualitative method is inadequate
in answering the research problem, building one phase of study over another, supplementing one
method, and having different views (Creswell, 2013). The use of mixed-method studies has been
used in tourism with a variety of topics with sequential approach has been applied more than
concurrent approach with survey and interview the most used instruments (Khoo-Lattimore et
al., 2019).
Risk-related studies have been conducted conceptually as well as empirically with all
three methodologies: qualitative (Bacon & Buzinde, 2018; Kerr & Kelly, 2018; Perpina et al.,
2019; Yang et al., 2017), quantitative (Chien et al., 2017; Nugraha et al., 2020; Rittichainuwat &
Rahmafitria, 2018; Seabra et al., 2018; Wang et al., 2019;Yang et al., 2015), and mixed-method
(Lie et al., 2016; Mansfield et al., 2016). This study employs a positivist paradigm with its
quantitative approach to obtain knowledge. Predictive models evaluate the extent of underlying
factors, the relationship between factors, and the relationship according to individual
84

characteristics. In addition, risk perception and protective behavior are manifestly latent
variables, and model-building forms a broader construct of the latent variables. A quantitative
approach is considered the best method to test the empirical relationship between latent variables
that cannot be measured directly (DeVellis, 2016).
The quantitative method aims to generalize findings through heavy mathematical use,
while its disadvantage is less depth of insights. Tourism is a mass phenomenon that involves a
wide range of subjects. Quantification can provide complex information in a succinct, easily
understood form on the population's perceptions as a whole (Veal, 2017). Also, the use of the
quantitative method is preferable because risks are considered sensitive issues. A survey can
ensure the respondents' anonymity, which encourages more freedom in answering the questions
(Sjoberg, 2000). The quantitative approach is applied, such that Structural Equation Model
(SEM) can be used to assess different and complex conceptual models explaining the decisionmaking process. This study advances the quantitative method's application by examining the
causal relationship between personal attributes, risk-related constructs, and travel intention in a
specific context.
Primarily, this study tested the existing theoretical propositions of risk-related constructs.
Combining the positivism paradigm and quantitative methodology can serve this purpose
(Shoemaker, Tankard, & Lasorsa, 2003). In theory-testing research, researchers develop
hypotheses based on existing theories, conduct data collection, confirm or disconfirm the
hypotheses derived from original theories. In this case, the process of theory generation follows a
deductive approach. This approach contributes to the advancement of knowledge, particularly
whether the theory still holds through empirical grounding.
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Kuhn, in Roberts (2000) stated that theory comes from the struggle of the conceptions
that challenge the current way of thinking. Theory building is a revolutionary process that offers
new insights that invalidate the old way of thinking and bring progress to knowledge. The new
insights sometimes come from a mature form of science where theory has reached a consensus
among the scientific community and is considered a common belief. Positivism and quantitative
methods are utilized to provide insights and improve the current way of thinking.
Researchers have built concepts and tested models. Conceptualization of the risk-related
variables and causal relationships among these variables could be developed from the existing
literature. Guided by two existing theories (PMT and TMSC), this present study takes the next
step: hypothesis testing to provide empirical evidence. Second, the present study aims to provide
a generalizable result to the population rather than an exploratory observation of a phenomenon.
To sum up, the current study attempts to develop theory-testing and generalization rather than
exploration based on a selected case. In this case, the quantitative methodology derived from the
positivist paradigm is considered a suitable approach for this study. A similar method has been
applied in previous studies conducted in this area (Chew & Jahari, 2014; Khan et al., 2019;
Nugraha, Hamin, & Elliot, 2020; Yang, Sharif, & Lattimore, 2015).

3.3. Research Design
This study utilizes a cross-sectional design to assess the proposed conceptual model
based on the existing theories of PMT and TMSC. An online questionnaire survey was employed
to collect the data from the participants. The reason to apply this method is because tourism is a
mass phenomenon that involves many people, and quantitative data can elicit a wide range of
complex behavior patterns from large numbers of people. Researchers can estimate the study
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population's behavior patterns by taking information from a representative number of samples
(Veal, 2017).
Qualtrics was used to design the survey instruments. This approach has been adopted in
several risk-related studies (Fisher et al., 2018; Liu, Schroeder, & Pennington-Gray, 2019; Tasci
& Sonmez, 2019). This platform allows users to create online surveys and generate reports in a
user-friendly interface. Next, the survey was posted on MTurk. The platform has been commonly
used to recruit respondents because of its efficiency, ease of use, and large and diverse pool of
participants (Burnham et al., 2018; Garrow et al., 2020). Prior risk-related studies have used
online surveys and showed that an online questionnaire survey is representative and can provide
reliable results, just like other traditional methods, including on-site surveys (Liu et al., 2016;
Tasci & Sonmez, 2019).
Conducting an online questionnaire survey has some advantages (Zikmund et al., 2013).
In addition to cost-effectiveness and coverage, an online survey can resolve non-response issues.
The non-response rates were less compared to the telephone survey because the system provides
notification for any skip answers. By doing so, online surveys often increase the response rate.
An online survey has better response rates than the traditional paper-based survey with limited
non-missing data (Kongsved, 2007). Deutsken et al. (2004) suggested that shortening
questionnaires and providing incentives and visual elements lead to higher response rates and
quality.
The use of online surveys is relatively private and secured, and it encourages more
accurate responses. Research indicated that respondents were less anxious and reported more
accurately their experiences and behaviors in the online survey than in telephone or paper-based
surveys (Joinson, 1999; Redmiles et al., 2019). Because of the respondents' anonymity,
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respondents are more encouraged to produce honest answers to sensitive or embarrassing
information. Also, the system can provide restricted access to participants. The use of online
surveys, anonymous respondents, and neutral survey questions can reduce the potential for social
desirability bias (Larson, 2019). However, other studies indicated the respondents'
characteristics on online questionnaire surveys are relatively unknown, leading to possible
misrepresentation and dishonest information provided by the participants (Evans & Mathur,
2018; Wright, 2005).

3.4. Population and Sample Size
This study's target population is international travelers, 18 years old or older, originating
from the United States of America. The justification for selecting the U.S. market is that it is the
second-largest international tourism market (UNWTO, 2017). Also, the U.S. is one of the top ten
international markets to Bali. The perception of the U.S. market is of utmost importance because
of its contribution as one of the international source markets and the possibility to capture
potential travelers from the country. The U.S. represented nearly 4% of the total international
source markets in 2019 (BPS, 2020a). Previous studies have also indicated that U.S. tourists
tend to exhibit higher risk perception than other nationalities such as the UK, Canada, and
Greece (Reisinger & Mavondo, 2005; Seabra, et al.,2013).
Considering that it was not possible to access all the population included in this study, the
participants were recruited based on non-probability quota based sampling strategies with the
criteria that meet the objective of this research (Rubin & Babbie, 2016). Non-probability quota
sampling denotes that the units are included with unknown or zero probabilities, and the
researcher determines the characteristics and the distribution of the units to be included.
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In terms of sample size, there are several recommendations on how large the sample size
is. Minimum sample size is required to achieve an acceptable statistical power (Kock & Hadaya,
2018). PLS-SEM is able to achieve power in small sample size, but it applies for strong path
coefficient and large effect size. A common recommendation is a sample size ratio that ranges
from 5, 10 or 20 participants per-indicator (Hair et al., 2014). However, it is also argued that
other factors such as model complexity need to be considered. When the number of factors are
more than six with low communalities, the sample size should be above 500 (Hair et al., 2014).
A minimum sample of 500 or more is recommended to reach statistical power for data analysis
(Kyriazos, 2018; Schumacker & Lomax, 2004). Maccallum and Widaman (1999) hold for a
sample size of 500 to provide results that factor loadings are more precise and stable.

3.5. Survey Instruments
The measurement items were adopted from well-established instruments to serve the
objective of this study. Previous studies demonstrated the validity and reliability of research
instruments. Therefore, these would also increase the validity and reliability of the research
(Bryman & Bell, 2011). The questionnaire survey consisted of seven parts. The first part asked
about travel experiences, which include international travel experiences and prior visits to the
destination. The second part consisted of personal factor questions (personality traits, knowledge
about the destination, and risk experience). The third part asked about respondents' perceived
risk, which included five dimensions of risk (financial, physical, socio-psychological, time, and
functional). The fourth part asked about emotion or affective risk perception. The fifth part asked
about the intention to adopt risk reduction efforts. The sixth part asked about travel decisions.
The last part asked about the socio-demographic characteristics of the respondents.
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Since quantitative data were used to model causal relationships among several variables,
the survey measurement items used a 7-point scale. The scale is recommended as it produces a
more optimal result than the other scales (e.g., 5 or 10 point scale). A 7-point Likert scale
produces a comparable same mean score to the 5-point scale (Dawes, 2008). The scale gives
greater variances of the responses. Therefore, more information can be obtained from the
responses (Preston & Colman, 2000). In addition, a 7-point scale produces more accurate
responses as it reduces interpolation and is suitable for electronic surveys (Finstad, 2010).
The use of online surveys is relatively private and secured, and it encourages more
accurate responses. Research indicated that respondents were less anxious and reported more
accurately their experiences and behaviors in the online survey than in telephone or paper-based
surveys (Joinson, 1999; Redmiles et al., 2019). Because of the respondents' anonymity,
respondents are more encouraged to produce honest answers to sensitive or embarrassing
information. Also, the system can provide restricted access to participants. The use of online
surveys, anonymous respondents, and neutral survey questions can reduce the potential for social
desirability bias (Larson, 2019). However, other studies indicated the respondents'
characteristics on online questionnaire surveys are relatively unknown, leading to possible
misrepresentation and dishonest information provided by the participants (Evans & Mathur,
2018; Wright, 2005).

Travel Experiences
Previous studies revealed that risk perception is shaped by prior knowledge, which can be
obtained from the prior visit(s) to the destination (Liu et al., 2016; Nugraha, Hamin & Elliot,
2016; Sharifpour et al., 2014). Past travel experience or prior visit to the destination was
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measured on a categorical scale whether participants had previously visited the destination and
also the total number of the visits (Sharifpour et al., 2014; Tasci & Sonmez, 2019). The
respondents were asked their purpose of visit (Jalilvand & Samiei, 2012; Reisinger & Mavondo,
2005), whom did they travel with (Adam, 2015; Money & Crotts, 2003), how did they arrange
the trip (Adam, 2015), and the number of weeks they stayed (Jalilvand & Samiei, 2012). The
options for the source of information included personal (friends, relatives, and colleagues),
marketer (travel agents), and non-marketer sources (e.g., TV, radio, newspaper) (Money &
Crotss, 2003). Internet and educational materials as the source of information were added as
options.
Table 4. Survey Instrument - Travel Experiences
Factor
Questions and items
International travel
How frequently do you travel
internationally?
experience
Once a year
Every other year
How many different countries have you
visited in your life time?
Past travel experience

Source of information

Purpose of visit

Have you visited Bali?
Yes/No
How many times have you visited Bali?
Where did you hear, read or seen about Bali
as a vacation destination?
Friend, Relative, and Colleagues,
TV
Radio
Newspaper
Travel agents,
Internet
Books/Educational material
What was the purpose of your visit?
Leisure/Holiday/
Business/Professional
Visiting Friends and Relatives (VFR)
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Source
(Jalilvand &
Samiei, 2012)

(Tasci &
Sonmez, 2019;
Sharifpour,
2014)
(Money &
Crotts, 2003)

(Reisinger &
Mavondo,
2005)

Factor
Travel party

Travel arrangement

Length of stay

Questions and items
Whom did you travel with to Bali?
Alone,
With spouse,
With family,
With business associates,
With friends,
With group,
Other
What was your travel arrangement?
Own arrangement,
Through travel agents/package,
Other
How long did you stay?
About 1 week,
About two weeks,
More than two weeks, but less than 1 year

Source
(Adam, 2015;
Money &
Crotts, 2003)

(Adam, 2015)

(Jalilvand &
Samiei, 2012)

Personality Traits, Subjective Knowledge, and Risk Experience
The personality allocentric-psychocentric tendencies included aspects such as the need
for structure, familiarity/novelty, venturesome, activity and openness to other cultures (Cronbach
alpha=.78), which were adopted from Morakabati and Kapuściński (2016). The five items of
personality trait items were measured on a 7-point Likert scale from 1 (strongly disagree) to 7
(strongly agree) by asking the respondent's agreement with the psychocentric items which were
related to travel preferences.
Subjective knowledge or self-rated familiarity scales with the destination was adopted
from previous studies (Huang et al., 2014; Wong & Yeh, 2009). The three items of subjective
knowledge were measured on a 7-point Likert scale from 1 (strongly disagree) to 7 (strongly
agree) by asking the respondent's agreement with the statement. The studies also reported
composite reliability of .86 and .91 (Huang et al., 2014; Wong & Yeh, 2009).
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Risk experience includes direct and indirect experience. The five item scales were adopted from
Yang et al. (2015). The scales were modified for clarity. The items of risk experience were
measured using a-7 point Likert scale from 1(never) to 7(every time) by asking the respondent's
agreement with risk experience items.
Table 5. Survey Instruments – Personal Factors
Factor
Items
Personality Please indicate your level of agreement for the following
traits (5
statement using a 7-point Likert scale from 1(strongly
items
disagree) to 7 (strongly agree)
I Prefer tourist package
I Prefer familiar destinations
I Prefer usual comforts
I prefer to socialize with my own culture
I enjoy resting and relaxing

Source
(Morakabati
&
Kapuściński,
2016)

Subjective
knowledge/
self rated
familiarity
(3 items)

Please indicate your familiarity with Bali as a vacation
destination using a 7-point Likert from 1(strongly disagree)
to 7(strongly agree)
Compared to the average person, I am familiar with the
destination.
Compared to my friends, I am familiar with the destination.
Compared to people who travel a lot, I am familiar with the
destination

Prior
experience
with risk (5
items)

Please indicate your level of experience of any danger/risk in (Yang et al.,
your previous trip using a 7-point Likert scale from 1(never) 2015)
to 7 (every time)
I was present on the scene during a terrorist attack
I experienced natural disasters
I experienced from diseases outbreak
I experienced some crimes like robbery and accidents
I know somebody who experienced terrorist attack, natural
disaster, accidents, or other safety threats
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(Huang et al.,
2014; Wong
& Yeh, 2009)

Perceived Risk
In accordance with this study's objective, the respondents were asked about their
perception of the destinations’ risk factors. Risk perception was measured in one component
evaluation, the likelihood of occurrence of risk (Quintal, 2010; Tasci & Sonmez, 2019). The
study employed five commonly cited components of risk perception: financial risk, time risk,
physical risk, socio-psychological risk, and functional risk. The measurement items were
compiled from the previous studies (Chew & Jahari, 2014; Fuchs & Reichel, 2006; Sharifour et
al., 2014). The items were modified for clarity and conciseness. All 25-items were measured on a
7-point Likert scale from 1(extremely unlikely), to 7(extremely likely). Previous studies have
reported scale reliabilities ranging from .70 and .89 (Chew & Jahari, 2014, Sharifpour et al.,
2014).
Table 6. Survey Instruments – Perceived Risk
Factor
Items
Perceived Risk Please indicate the level of your agreement on the
(26 items)
following statements, using a 7-point Likert scale from
1(extremely unlikely) to 7(extremely likely)
Physical Risk (8 Being a target of terrorist attack
items)
Being exposed to coastal flooding and tsunamis
Being exposed to volcanic eruptions
Being exposed to earthquakes
Getting sick from tropical diseases (e.g., dengue fever,
malaria)
Catching the coronavirus-COVID 19
Being a victim of crimes (pickpocket, robbery)
Getting injured in road accidents
Sociopsychological
Risk (4 items)

The trip not reflecting my self-image
The trip threatening my self-respect
The trip changing the way others think of me
The trip not being compatible with my social status in
life
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Sources

(Chew & Jahari,
2014; Fuchs &
Reichel, 2006;
Sharifpour et al.,
2014)

(Chew & Jahari,
2014; Fuchs &
Reichel, 2006)

Factor
Functional/
Performance
Risk (7 items)

Items
Beaches are not good
Unattractive landscape/scenery
Unacceptable tourist facilities
Uncomfortable level of crowds in tourist sites
Lack of courtesy and hospitality from service
personnel
Unsatisfactory cultural events
Extreme weather/climate

Sources
(Fuchs & Reichel,
2006)

Financial Risk
(3 items)

The trip being not a good value for money
Unexpected expenses
Unaffordable prices for the services

(Fuchs & Reichel,
2006; Chew &
Jahari, 2014)

Time Risk (3
items)

The trip being a waste of time
The trip taking too much time
The trip being a waste of valuable vacation time

(Fuchs & Reichel,
2006)

Emotion (Affect)
Affective risk perceptions were measured in association with one’s feelings when
thinking about one’s personal safety while visiting the destination. Affective risk perceptions
have been operationalized in terms of anxiety, fear, and worry (see for example, Becken, Jin &
Gao, 2017; Larsen, 2009; Reisinger & Mavondo, 2005). Accordingly, this study operationalized
affective risk perceptions in terms of anxiety, fear, and worry. Emotion (affect) was
operationalized in five items, including frightened/reassured, sick/healthy, tensed/relaxed,
concerned/unconcerned, and worried/calm (Becken et al., 2017). All the items of emotion were
measured on a 7-point semantic differential scale. The respondents were asked to indicate how
they might feel about their personal safety if they visit Bali. The study reported the items’
composite reliability was .92.
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Table 7. Survey Instruments - Emotions
Factor
Items
Emotions Please indicate how you might feel when you think about your
(5 items)
personal safety when visiting Bali.
Frightened/Reassured
Sick/healthy
Tensed/Relaxed
Concerned/Unconcerned
Worried/ Calm

Source

(Becken et
al., 2017)

Risk Reduction Strategies
This section assessed the likelihood of adopting risk reduction efforts. Perceived risk
might be experienced at the point of planning or consumption stage. Accordingly, intentions to
engage in risk reduction behavior was contextualized in terms of behaviors that tourists could
engage in during purchase or on-site experience (Adam, 2015). Specifically, respondents were
asked to indicate their likelihood to engage in recommended risk reduction behaviors (Adam,
2015). All 26 risk reduction strategies are measured using a-7 point Likert scale from
1(extremely unlikely) to 7(extremely likely). The Cronbach’s alpha of the risk reduction items
reported in these studies was .66 to .87 (Abubakar & Ilkan, 2016; Lo et al., 2011; Panno et al.,
2015).
Table 8. Survey Instruments – Risk Reduction Strategies
Factor
Questions and Items
Adoption of risk
Please indicate the likelihood to engage the
reduction
following risk reduction strategies, using a 7strategies (26
point Likert scale1(extremely unlikely),
items)
7(extremely likely)
Information
search (4 items)

Gathering information about Bali
Learning more about Bali
Using all sources of information about Bali
Referring to the local tourist organization
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Source

(Fuchs & Reichel,
2011; Griffin, 2008).

Factor
Questions and Items
Emotion (3 items) Trying to calm my self down
Controlling my emotion
Trying to have more positive emotion

Source
(Panno et al., 2015)

Social strategies
(4 items)

Not traveling along
Using travel agents or intermediaries
Deciding in the cooperation with friends and
relatives
Consulting with police, consulate, or local
authorities
Purchasing travel insurance
Taking vaccinations before departure
Getting familiar about safety procedures,
evacuation points, and location of the medical
center
Avoiding crowded or popular tourist areas

(Adam, 2015; Fuchs
& Reichel, 2011)

Believing the service providers that they are
honest and sincere in addressing my problems
Believing the local communities that they will
make every effort to help me
Believing the local authorities to compensate me
when I have injuries
Believing medical providers that they can
provide adequate treatment when I have
infectious diseases
Planning for an inexpensive trip
Taking low cost tour packages
Taking special offers or discounts
Bringing extra cash for unexpected expenses

(Abubakar & Ilkan,
2016)

Changing the travel timing
Postponing the travel plan
Planning a trip for shorter duration

(Fuchs & Reichel,
2011; McCreary et
al., 2019)

Physical
strategies
(4 items)

Trust (4 items)

Financial
strategies
(4 items)
Time (3 items)

(Adam, 2015; Filep et
al., 2014; Lo et al.,
2011)

(Lo et al., 2011;
Rittichainuwat, 2006)

Intention to Travel
Intention to travel is estimated by measure of the intention or likelihood to visit the
destination which was measured using a 3-item scale (Jalilvand et al., 2012; Juschten et al.,
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2019). All items were measured on a 7- point scale from 1(strongly disagree) to 7 (strongly
agree). The study reported internal consistency or Cronbach’s alpha of .90.
Table 9. Survey Instruments – Intention to Travel
Factor
Items
Travel
Indicate your level of agreement with the following
Intention
statement using a seven-point Likert scale 1(strongly
(3 items)
disagree) to 7(strongly agree)
I intend to visit Bali for my next vacation
I would like to visit Bali for my next vacation
I consider visiting Bali for my next vacation

Source
(Jalilvand et
al., 2012;
Juschten et
al., 2019)

Socio-demographic
This final part of the questionnaire survey was comprised of demographic questions that
would help understand the sample's profile. The sociodemographic information employed in this
study consisted of: gender, age, educational level, race, the state of residence, the annual
household income, marital status, and occupation. The information was measured on
nominal/categorical scale which were adopted from previous studies.
Table 10. Measurement Items - Socio-demographic Profile
Variable
Options
Age
18-25
26-35
36-45
46-55
56-65
66 or older
Annual household
income

Under $25,000
$25,001-50,000
$50,001-75,000
$75,001-100,000
$100,001-150,000
$150,001-200,000
$200,001-250,000
Above $250,000
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Source
(Tasci & Sonmez, 2019)

(Tasci & Sonmez, 2019)

Variable
Gender

Options
Male
Female
Do not wish to identify

Source
(Tasci & Sonmez, 2019)

Marital Status

Single
Married
Divorced
Living with a partner
Other
High school degree or less
College/University degree
Master or PhD
Other
White /Caucasian
African American
Asian/Pacific Islander
Hispanic
Others
Professionals
Self-employed
Student
Retired/not in the workforce
Home-maker
Office worker
Business owner
Service-related
Technology related
Other

(Tasci & Sonmez, 2019)

Level of Education

Race

Occupation

State of Residence

(Tasci & Sonmez, 2019)

(Tasci & Sonmez, 2019)

(Heung, Qu, & Chu, 2001)

(Moon & Han, 2018)

List of States in the USA

3.6. Data Collection
An online self-administered questionnaire survey was designed and distributed via a
commonly used online survey platform, Amazon MTurk. The data collection was conducted
from September 24 to November 11, 2020. The advantages of using the platform are due to its
practicality, validity, and reliability. The platform can reach a diverse pool of participants that
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can provide quick responses at low cost while having the quality of the result, which is not
different than conducting traditional field surveys (Liu et al., 2016; Tasci & Sonmez, 2019). The
platform has also been utilized in a similar context in retail and consumer behavior research
(Casidy & Wymer, 2016).
Although it has the limitation of representativeness in terms of gender, age and race, the
platform has diverse demographics in terms of employment sectors and rural-urban areas similar
to U.S. population characteristics (Huff & Tingley, 2015). The results provided by the
participants using the platform resemble the results provided by samples’ characteristics in the
general population using a probabilistic sampling method (Zhang et al., 2019). Although data
quality may be influenced by the lack of seriousness or inattentiveness of the participants with
the survey questions, such limitation can be identified and minimized (Aguinis et al., 2020; Keith
et al., 2017; Stritch et al., 2017). In addition, there may be technical issues due to technical
ability of the respondents who are not familiar with the platform (Dillman et al., 2014). Despite
the limitations, the resulting benefits from using the platform are considerable.

3.7. Pilot Study
The pilot study provides evidence on the measurement items’ efficiency, involving the
application of the procedure, the estimation of the response time, and confirmation whether the
questions are understood by the participants who share similar characteristics with the sample for
the main study (Arain et al., 2010). Pilot testing also provides an examination of the validity and
reliability of the instruments (Nusair & Hua, 2010). Therefore, it might provide an indication that
the survey is fit to be conducted in a larger sample size. Before distributing the survey, the items
were checked by academics to ensure that the instruments were free from issues, such as unclear
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instructions, illogical order, and poorly worded questions could cause misinterpretation (Fowler,
2014).
Qualification criteria were used to ensure that the participants were eligible to participate
in the survey. Participants who passed the qualification criteria questions were automatically
assigned to complete the questionnaire. On the first part of each survey, participants read the
informed consent that included an explanation about the research project in general, data
management and confidentiality, and a disclaimer by Amazon. Participants were to affirm that
they are 18 years old and agree to participate in the survey. Next, the participants were provided
with a screening question to ensure that the required characteristic was met: Have you ever
heard, read, or seen anything about Bali? Respondents that answered 'Yes' were eligible to
complete the questionnaire survey. Each participant was asked to complete the survey. For a
completed and approved work, the participant was compensated $1.00. The compensation was
distributed via MTurk. The pilot study was completed on September 24, 2020.

3.8. Primary Study
Similar to the questionnaire in the pilot study, the participants read the informed consent of
the study, which explained the research project in general, data management, and confidentiality,
in addition to a disclaimer by Amazon. Participants were informed that they were compensated
for $1.00 for a completed and approved work, which was disbursed after the completed survey
was reviewed. Participants were informed that it would take them approximately less than 20
minutes to complete the survey.
The pilot and primary study contained three attention check measures throughout the
survey to exclude participants who were believed to lack attention with the survey instruments
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and, in turn, would negatively influence data quality (Hauser & Schwarz, 2016). For example,
attention checks were phrased as “Please select Disagree (6)” for this item” and were placed in
between the sections. The primary survey used a 7-point Likert-type scale that measured
personal factors, risk perception, emotion, risk reduction, and the intention to visit as well as
demographic questions and control measures, which included questions regarding the
participant’s past travel experiences. The primary study data collection was completed on
November 11, 2020.

3.9. Data Analysis
The data from completed questionnaires were checked for data analysis. The data
analysis was conducted in several steps, including data cleaning, assumption checks, descriptive
analysis, and inferential analysis. The data analysis used SPSS v.27 and SmartPLS v.3.0. The
SPSS v.27 was used to conduct descriptive analysis, assumption checks, and Exploratory Factor
Analysis (EFA). SmartPLS v.3.0 software was used to perform Confirmatory Factor Analysis
(CFA) and Partial Least Square- Structural Equation Modelling (PLS-SEM) assessment.
Before the data were analyzed, data cleaning was conducted to ensure that the data are
free from issues that could jeopardize the validity of the result (Hair et al., 2014). Data cleaning
involves the examination for missing data, outliers, and assumptions. According to Hair et al.
(2014), outliers are observations that are different from the rest of the observations reflected in
extreme values. Outliers do not necessarily be problematic, but their presence should be
identified and should be handled with precautions, particularly when their presence is influential
to the analysis (Hair et al., 2014). Several assumptions should be made in order to make strong
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statistical inferences; normality, homoscedasticity, linearity, and multicollinearity (HahsVaughn, 2016).
The descriptive statistics analysis describes respondents’ demographic profile, and their
answers for the research constructs. Specifically, respondents’ demographic profile included
gender, age, education, race, the state of residence, the annual household income range, marital
status, and occupation. Questions related to experiences such as international travel experience
and prior visit to the destination included questions related to the purpose of visit, length of stay,
travel arrangement, activities and travel companion. The answers were analyzed by descriptive
statistics, which include frequency, standard deviation, and percentage.
Exploratory Factor Analysis (EFA) is a procedure that is used to identify the underlying
data structure by clustering together variables into factors (Hahs-Vaughn, 2016). The goal is to
identify common variance that is of interest and to have parsimonious measures. A
recommended variable should contain minimally .30-40, but items with loading higher than .50
are to be retained. The suitability of data for factor analysis was indicated by the Kaiser-Meyer
Olkin - Measure of Sampling Adequacy [KMO-MSA] value. The KMO value of at least. 60 with
a significant Bartlett’s Test of Sphericity (p<.05) is considered suitable for factor analysis
(Pallant, 2011). Following the EFA, Confirmatory Factor Analysis (CFA) is conducted. While
EFA is more data driven, CFA is more theory driven. A confirmatory factor analysis (CFA) was
conducted to identify factor structure and test the hypothesized relationships between the
observed variables and the latent constructs (Hahs-Vaughn, 2016).
Partial Least Square - Structural Equation Modeling (PLS-SEM) is a multivariate
statistical procedure commonly used to assess a complex model, to predict and/or identify the
magnitude and relationship of the variables under investigation. It is different from Covariance
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Based-SEM (CB-SEM), which aims to confirm the structural model (Hair et al., 2019). In this
study, the PLS-SEM approach is selected to serve this study's objective, to examine the causal
relationships of the investigated constructs. PLS-SEM approach allows greater flexibility in
terms of the assumption of normal data distribution and it can handle complex models with many
indicators (Hair et al., 2011; Hair et al., 2019).
The assessment of the PLS-SEM result consists of a two-step approach. The first
approach is the evaluation of the measurement, which measures the constructs' reliability and
validity. Reliability provides evidence of the measures' consistency, whereas validity provides
evidence that the survey instruments measure the concept being investigated (Nusair & Hua,
2010). Internal consistency indicators are provided by Cronbach's alpha and Composite
Reliability values. A recommended internal consistency of a minimum of .70 (or .60 for
exploratory research) as suggested in Hair et al. (2019). In terms of validity, two types of
validity are required in SEM are convergent and discriminant validity. Convergent validity
shows how items in the factors are correlated, assessed by the Average Variance Extracted
(AVE). The threshold value of .50 is considered acceptable (Hair et al., 2011). Discriminant
validity shows how the factor's measurement items are unique and distinct from the other
measurement items. Discriminant validity is achieved when the value of each latent construct is
higher than the highest squared correlation of other factors and have higher factor loadings than
its cross-loadings (Hair et al., 2011).
The second is the assessment of the structural model that reports the level of significance
of the relationships (t or p-values) and predictive power (The coefficient determination R2, f 2
effect size, predictive relevance Q2) (Hair et al., 2019). The R2 values or coefficient
determination informs the model’s predictive accuracy where a value of .10 is deemed
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acceptable (Van Tonder & Petzer, 2018). According to Hair et al. (2019), the magnitude of R2
values of 75, .50, or .25 for a latent construct represents substantial, moderate, or weak effects.
The values of f2 or an effect size of the independent variable on the dependent variable of .02,
.15, and .35, represent small, medium, and large effects (Ellis, 2010). Q2 values or the predictive
accuracy of the PLS path above zero (> 0) is meaningful) (Ali et al., 2018; Hair et al., 2011; Hair
et al., 2019). Lastly, PLS-Multi Group Analysis (MGA) analysis was utilized to examine if there
are differences according to travel experience to the destination (Hair et al., 2019).
In short, this chapter presented the study context, justification and procedure used in data
collection and data analysis in this study. The current study utilized the quantitative research
approach with an online questionnaire survey to examine the hypothesized relationships. An
online self-administered questionnaire was designed in Qualtrics and distributed to the
participants via MTurk. A non-probability quota sampling technique was used to collect data. As
described in the last part of this chapter, PLS-SEM was performed to test the current study's
hypothesized relationship. The findings of the research are presented and discussed in the next
chapter.
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: FINDINGS

This chapter describes the process and findings obtained from the data collection and
empirical analysis of the study. The measurement items were collected from well-established
studies, which were described in the previous chapter. In this chapter, the findings involved a
two-step process; a pilot study that verified the measurement scales and a primary study that was
conducted on a larger sample size. An assessment of Exploratory Factor Analysis (EFA) was
conducted in the pilot study to examine the data structure of the measures. The results of data
cleaning, descriptive statistics, Confirmatory Factor Analysis (CFA), and Partial Least Squares Structural Equation Modeling (PLS-SEM) were presented. The two phases of PLS-SEM,
examination of the measurement models and the structural equation models, were conducted.

.

4.1. Pilot Study
The pilot study was conducted to ensure the efficiency and respondents’ understanding of
the survey items. The survey responses were collected from MTurk with 58 completed responses
were included in factor analysis. A minimum of at least 50 observations is required for factor
analysis (Hair et al., 2014). The pilot survey had 13 constructs consisting and 72 indicators: prior
knowledge (3 items), risk experience (5 items), personality traits (5 items), risk perception (25
items), emotion/affective risk perception (5 items), risk reduction strategies (26 items), and intent
to visit (3 items). Risk perception construct consisted of five dimensions (physical, financial,
socio-psychological, time, and functional risk), while risk reduction strategies consisted of seven
factors (information search, emotion regulation, social, financial, trust, time substitution and
physical strategies).
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Exploratory Factor Analysis (EFA) was conducted on each construct using Principal Axis
Factoring method with an Orthogonal Varimax rotation to each construct’s factor structure and
loadings. The Orthogonal rotation assumes factors are uncorrelated and independent of the
others, the Varimax rotation maximizes a variable’s factor loadings on a single factor and
provides a clear association between factors (Hair et al., 2014). Factor loadings of ± .30 to .40
are minimally acceptable to meet the structure’s interpretation, and factor loadings above.50 are
significant for the analysis (Hair et al., 2014). The loading factors were all above .30, which
means the items have met the minimal requirement to determine the factors. Cronbach’s alpha
values should exceed a threshold of .70 (or .60 in exploratory research) to be considered reliable
(Hair et al., 2014; Pallant, 2011).
Several indices were used in factor analysis. First, the Kaiser-Meyer-Olkin Measure of
Sample Adequacy (KMO-MSA) and Bartlett’s test of sphericity reveal the correlation matrix and
factorability significance. The KMO value of higher. 60 and significant Bartlett’s test (p <.05)
indicated the data were considered adequate for factor analysis (Hair et al., 2014; Pallant, 2011).
Furthermore, the number of factors was calculated by the eigenvalue that represents the total
variance explained by the factors extracted. The number of factors was determined according to
the factors’ eigenvalue value, which should be greater than 1 (Pallant, 2011).
The study's constructs had met the statistical requirements for factor analysis and internal
consistency. Each of the items was useful to explain the factor, and the items were reliable. The
first factor analysis examined personal attributes. Personality traits produced a one-factor
solution with 47% variance explained, and a KMO value of .76. The factor loadings for risk
experience were higher than .50 and Cronbach's alpha was .81. Knowledge regarding the
destination produced a KMO value of .70 with a one-factor solution and 61% variance explained,
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factor loadings were higher than .50 and Cronbach's alpha was .82. Risk experiences produced a
one-factor solution with a KMO value of .91, 83% variance explained, factor loadings higher
than .50, and Cronbach's alpha value of .95.
Based on the factor analysis result, a one-factor solution was analyzed by utilizing 25 risk
perception items. The iteration of risk perception produced a KMO value of .93 and 65% of
variance explained. This means the items were adequate in explaining the construct in a onefactor solution. The factor loadings of risk perception were higher than .70, and Cronbach’s
alpha value was .95, meaning that each of the items fitted well or had a strong interrelationship
with the other items in the factor and was reliable. The results supported the construct's
factorability, explained by the percentage of variance, and the items in the factor were useful as
indicated by the alpha value. Emotion or affective risk perception had a KMO value of .76. The
emotion/affective risk perception produced a one-factor solution with 46% of variance explained.
Simultaneously, the factor loadings of emotion were higher than .50, except for one item only
(.40). The internal consistency of Cronbach’s alpha value was .78. The result indicated that the
construct items were correlated in one factor, and the items were reliable.
For risk reduction strategies, the iteration produced six factors with 64% of variance
explained, and with a KMO measure of sampling adequacy of .77. The factor loadings of the risk
reduction indicators were higher than .50, except for two items (between .30 to .40), and all the
items of risk reduction strategies were highly loaded in factor 1. The two items were retained for
the primary study considering that these items were important for interpreting the factor and
small correlations of at least .30 are minimally acceptable in a large sample size (e.g., in 350
samples) (Hahs-Vaughn; 2016; Hair et al., 2014). The Cronbach’s alpha for the overall risk
reduction strategies was .94, suggesting the reliability of the items. Finally, intent to visit
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produced a one-factor solution with a KMO value of .64, and 40% variance explained. The factor
loadings were higher than .50 and the Cronbach's alpha was .70.
The result of the pilot study indicated the internal consistency of the overall measurement
items was considered acceptable. In addition, the factorability of the measurement items was
acceptable as indicated by the factor loadings and measure of sampling adequacy. Therefore, it
was not necessary to change or remove the measurement items in the primary study. The
measurement items were feasible to be implemented in a larger sample size.
Table 11. Pilot Study Results
Factor
loading

Constructs/Items

KMO &
Bartletts’s

Cronbach
alpha

Total
Variance

.76 (.000)

.81

47%

.70(.000)

.82

61%

.91(.000)

.95

83%

.93(.000)

.95

65%

Sig.
(p-value)
Personality
I prefer a tourist package

.873

I prefer familiar tourist destinations

.690

I prefer the usual comforts

.666

I prefer to socialize with people of my own culture

.615

I enjoy resting and relaxing

.541

Knowledge
Compared to the average person, I am familiar with the
destination
Compared to my friends, I am familiar with the destination
Compared to people who travel a lot, I am familiar with the
destination
Risk experience

.862
.793
.685

I was present on the scene during terrorist attacks

.931

I experienced natural disasters

.906

I experienced sicknesses from diseases outbreak

.900

I experienced some crimes like robbery and accidents

.859

I know somebody who experienced some of these risks

.852

Risk Perception
Being a target of terrorist attack

.862

Being exposed to coastal flooding and tsunamis

.841

Being exposed to volcanic eruptions

.878

Being exposed to earthquakes

.866

Getting sick from tropical diseases

.803
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Factor
loading

Constructs/Items

KMO &
Bartletts’s

Cronbach
alpha

Total
Variance

.76 (.000)

.78

46%

.77(.000)

.94

64%

Sig.
(p-value)
Catching from Coronaviruses

.771

Being a victim of crimes (pickpocket, robbery)

.856

Getting injured from road accidents

.838

The trip not reflecting my self-image

.888

The trip threatening my self-respect

.907

The trip changing the way others think of me

.866

The trip not being compatible with my social status in life

.862

Beaches are not good

.868

Unattractive landscape /scenery

.893

Unacceptable tourist facilities

.846

Uncomfortable level of crowds

.822

Lack of courtesy and hospitality from service personnel

.893

Unsatisfactory cultural events

.887

Extreme weather/climate

.763

The trip not being a good value of money

.841

Unexpected expenses

.758

Unaffordable prices for the services

.826

The trip being a waste of time

.887

The trip taking too much time

.888

The trip being a waste of valuable time

.888

Emotion
Frightened/Reassured

.643

Sick/Healthy

.681

Tense/Relax

.695

Worried/Calm

.401

Concerned/Unconcerned

.888

Risk reduction strategies
Getting for more information about Bali

.678

Learning more about Bali

.673

Using all sources of information about Bali

.621

Referring to local tourist organization

.577

Trying to calm myself down

.560

Controlling my emotion

.716

Trying to have more positive emotion

.746

Not traveling alone

.550

Using travel agents or intermediaries

.655

Deciding in the cooperation of friends, family or relatives

.683
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Factor
loading

Constructs/Items

KMO &
Bartletts’s

Cronbach
alpha

Total
Variance

.70

40%

Sig.
(p-value)
Consulting with police, consulate, or local authorities

.637

Planning for an inexpensive trip

.576

Bringing extra cash for unexpected expenses

.740

Taking low cost tourist package

.669

Taking special offers or discounts

.553

Believing the service providers are honest and sincere in
addressing my problems
Believing the local communities would make every efforts to
help me
Believing medical service providers would compensate me
when I have injuries
Believing medical service providers could provide adequate
treatment when I have infectious diseases
Changing travel time

.770
.686
.434
.626
.564

Postponing the travel plan

.394

Planning the trip for a shorter duration

.631

Purchasing travel insurance

.617

Taking vaccination before travel
Getting familiar about available safety procedures, evacuation
points, and location of medical providers
Avoiding crowded places or popular tourists site

.625
.765
.573

Travel Intention

.64(.000)

I intend to visit Bali for my next vacation

.612

I would like to visit Bali for my next vacation

.747

I consider visiting Bali for my next vacation

.530

4.2. Primary Study
This study’s target population was international travelers in the United States. In
particular, adults (18+) residing in the U.S. who have travelled internationally. Data collection
involved two platforms. The questionnaire survey was created and hosted on Qualtrics. Then, the
survey was linked to MTurk. Participants completed the survey voluntarily. The answers
provided by the participants were automatically recorded on Qualtrics. A total of 770 surveys
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were returned. Cases that were incomplete, failed the filtering questions, failed the attention
checks, completed under one minute, or used the same responses throughout all the questions
were excluded. After several steps of data cleaning, a total of 594 usable responses were retained
for data analysis. Next, the useable data set was uploaded to SPSS v.27 to check for assumptions,
initial descriptive analyses, and EFA. After the initial exploratory examination was conducted,
CFA and SEM procedure was conducted using SmartPLS v.3.0 software.

Data Screening
This study conducted several screening steps to ensure the data were ready for analysis.
First, missing data issues were controlled by setting a "force responses" tool that Qualtrics
provided. The feature warns and forces respondents to provide answers for any missing
responses before continuing the survey. In addition, MTurk allows survey requester to specify
workers’ qualification criteria. In this study, only participants with approval ratings greater than
80%, located in the United States and who had not completed the survey were allowed to take
the survey. Approval rating indicates the percentage of the worker’s accumulated work approved
by different survey requesters.
Second, the questionnaires used a screening question to ensure only eligible participants
were allowed to participate in the survey, "Have you heard, read, or seen about Bali?". Those
who answered "No", were automatically terminated not to complete the survey. Next, unengaged
survey takers were assessed by looking at their responses to the attention check questions (e.g.,
"Please check agree (6)”). Respondents that selected different answers were assumed not fully
engaged or read the questions while filling out the survey. Thus, those responses were
automatically removed from the survey. Furthermore, to ensure the response variance in the
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Likert scale items, the researcher checked for any suspicious response patterns in which the
respondent selected the same options (e.g., 7,7,7,7,7…) in the survey.
Next, the researcher conducted preliminary data analysis. In terms of statistical outliers,
this study ran multivariate outlier diagnostics. Univariate outliers were not detected as the survey
used a 7-point Likert scale. Mahalanobis distance values were obtained from conducting several
multiple regressions. Mahalanobis distance measures the distance of a particular case from the
centroid of the remaining cases. The indices of each case’s chi-square values less than the
significance level of .001 are considered to be outliers (Pallant, 2011). Similarly, Cook’s distance
test to examine any potential influence of the outliers on the regression model was performed.
Cook’s distance checks for potential undue influential cases to the regression model and values
greater than 1 should be regarded as potential problems (Pallant, 2011). Cook’s distance
diagnostic result was still within the acceptable value or less than 1, meaning that the outliers'
influence on the regression models was non-significant.

Assumption Checks
Even though non-normality is not an issue in PLS-SEM analysis, the researcher checked
the normality assumption by examining skewness and kurtosis values to know whether the
values were between the recommended acceptable range. Skewness or symmetry of a
distribution range should be within the range of -1 and +1, and values outside the range indicate
a violation of data normality (Hair et al., 2014). In addition, the recommended normality tests,
Kolmogorov-Smirnov (K-S) and Shapiro-Wilk (S-W) of the samples, indicate non-normal
distributions (p <.05) (Pallant, 2011; Vaughn, 2016). Non-normal distributions are quite common
in large sample sizes (e.g., 200 cases or more) and with large sample sizes the detrimental
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effects of non-normality are negligible (Hair et al., 2014). As this study's sample size exceeds
200 cases, the effects of non-normality are not crucial.

Table 12 Normality Statistics (N=594)
Constructs
Risk Experience
Knowledge
Personality Traits
Risk Perception
Emotion
Information Search
Emotion Regulation
Financial strategies
Trust
Time strategies
Physical strategies
Social strategies
Intent to visit

Mean
4.148
4.486
4.430
4.501
4.363
5.639
5.584
5.406
5.393
5.127
5.507
5.088
5.088

K-S
Sig.
.000
.000
.000
.000
.000
.000

Std. Dev. Skewness Kurtosis
1.868
-.449
-1.216
1.296
-.946
.423
1.126
-.446
-.363
1.593
-.566
-.895
1.112
-.952
.543
.872
-1.042
2.103
.984
-1.290
2.749 .000
.955
-.788
330 .000
.993
.993
1.178 .000
1.241
-.832
.213 .000
.8985
-.900
1.708 .000
4.501
1.090
-1.216 .000
1.252
-1.061
.986 .000

S-W
Sig.
.000
.000
.000
.000
.000
.000
.000
.000
.000
.000
.000
.000
.000

The second assumption examination was homoscedasticity which was examined by
inspecting the scatterplots of predictors and dependent variables. Homoscedasticity assumption
is met when the residuals appear fairly constant over the predicted values and the independent
variables (Hahs-Vaughn, 2016). Several multiple regressions and visual examinations were
conducted to check the homoscedasticity assumptions of the regressions. A visual examination
of the scatterplots showed that the residuals appeared to be quite dispersed and did not gather on
a specific spot. In addition, Breusch-Pagan test was conducted to have a rigorous examination on
homoscedasticity. The homoscedasticity test was examined by checking whether or not the
independent variables have an effect on the changes in predicted residual values (Munim, 2019).
The Breusch-Pagan test result indicated that the assumption of homoscedasticity was violated in
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the regression models, meaning that the error variance or a plot of residuals over the predicted
outcomes and the independent variables was unequal. The violation of homoscedasticity is
related to non-normal data and it does not invalidate regression results (Tabachnick & Fidell,
2013).

(Homoscedastic plot, p >.05)

(Heteroscedastic plot, p<.05)

(Heteroscedastic plot, p <.05)

(Heteroscedastic plot, p <.05)

Figure 4. Scatterplots
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Linearity assumption indicates a constant change on the dependent or outcome
variable for the changes in the predictors (Hair et al., 2014). To check whether the
assumption of linearity is met, a correlational test was conducted. Complete collinearity is
met when the coefficient correlation is 1, and lack of collinearity when it is 0. The
independent variables must not be highly correlated (Hair et al., 2014; Pallant, 2011).
Correlation among variables should be less than .80 to avoid collinearity or multicollinearity.
The correlation between ±.30 and ±.60 is considered a moderate correlation. A correlation
greater than ±.70 is considered a strong correlation between predictors and outcome variables
(Dancey & Reidy, 2007). Based on the correlation matrix, the assumption of linearity was
met (see Table 13).
The multiple regression assumption checks showed that not all the assumptions were
met. The correlation results indicated potential relationships between the variables without
any concern for collinearity. The result from the correlation matrix indicated a linear
association between the predictors and the predicted outcomes. However, the assumption of
homoscedasticity residuals in the observed samples was violated. The variance of the
predicted residuals on the independent variables was not equal. In summary, the overall data
indicate non-normal distribution and tend to be heteroscedastic but have met the assumption
of linearity.
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Emotion
.238**
Knowledge
.567** .282**
Personality
.411** .234** .486**
Risk perception
.759** .137** .378**
.234**
Intent to visit
.484** .353** .520**
.522**
Information search .025
.342** .243**
.412**
Emotion regulation .165** .304** .311**
.456**
Financial strategies .414** .284** .458**
.541**
Trust
.355** .400** .451**
.454**
Time substitution
.566** .167** .430**
.436**
Physical strategies
.250** .235** .300**
.462**
Social strategies
.328** .288** .375**
.511**
** Correlation is significant at the .01 level (2-tailed).

.294**
-.006
.141**
.362**
.256**
.544**
.236**
.310**
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.365**
.382**
.449**
.487**
.386**
.413**
.408**

.545**
.435**
.524**
.287**
.630**
.547**

.501**
.541**
.325**
.542**
.526**

.616**
.583**
.544**
.574**

.448**
.579**
.581**

.554**
.546**

Physical
strategies

Time
Substitution

Trust

Financial
strategies

Emotion
regulation

Information
search

Intent to visit

Risk
Perception

Personality

Knowledge

Emotion

Risk
Experience

Table 13. Correlation Test

.693**

Before the measurement model assessment, a multicollinearity assessment was also
conducted to check the intercorrelation of independent variables, which potentially could distort
the results (Hair et al., 2014). The assessment was computed by examining the Variance Inflation
Factor (VIF) in each of the predictors. VIF > 5 is critical and subject to removal (Hair et al.,
2017). Based on the VIF results, all the variables were less than .3, which means no strong
relationship between the independent variables. The Inner VIF metric scores of the relationship
between constructs were within the range from 1.007 to 3.201. Therefore, multicollinearity
issues were not present and no variable was removed.

Socio-demographics
The next step was to examine the respondents’ socio-demographic profile which was
calculated by descriptive statistics test. The overall sample (N=594) was mostly composed of
male individuals (64.1%), aged between 25-34 years old (39.6%), holding a College/University
degree (60.9%), married (75.6%), reported to earn $50,000 to $75,000 household income
annually (30.9%), and white (78.6%). The respondents were located in a diverse geographical
location in the US but mostly were located in California (26.4%), New York (8.6%), and Texas
(7.41%). Most of the respondents identified themselves as professionals (34.2%), self-employed
(27.1%), and office workers (20.2%). The respondents reported having travelled internationally
at least once a year (79%).
More than half of the respondents reported that they had visited Bali (64.8%). Those
respondents visited Bali stated that their visit were mainly for Leisure/Holiday/Recreation
(42.9%), traveled mostly between 1-3 times in their lifetime (64%), traveled with their
arrangement (66.5%), stayed for about a week (63%), and the respondents mainly traveled with
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their family (41%). They used various sources of information, with the top source of information
about Bali coming from the internet (53.0%), TV (45.5%), and friends, relatives, and colleagues
(41.6%).
The respondents' demographics were quite diverse, yet the samples did not represent the
U.S. population in general, considering the nature of online samples used in this study. The U.S.
Census Bureau (2020) reported that the U.S. population had a dispersed proportion of age.
However, this study's sample had less representation of older participants aged 65 years old than
the general population. The samples had fairly diverse race representations compared to the
general population, with white representing the dominant race. In terms of educational
attainment, the majority of the samples of this study had higher education levels than the general
population. Respondents had college/university degrees and higher. In terms of gender, the
samples were leaning toward males, while males had a slightly lower percentage than females
(49.2 %) in the general population. The samples in this study had a wide range of respondents
from different household income sizes. The largest percentage of the U.S. population had an
average household income between $50.000- $75.000, similar to the samples in this study. In
comparison, this study had less representation of household income of higher than $100.000. The
majority of the U.S. population concentrated in urban areas, such as New York and Los Angeles.
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Table 14 Socio-demographic Profile
Variables
Gender
Male
Female
Other
Do not wish to identify
Age
18-24
25-34
35-44
45-54
55-64
65 or older
Education
High school graduate or less
Associate's degree/vocational school
College/University degree
Master or Ph.D. Degrees
Income
Don't know or no comment
Below $25,000
$25,001-50,000
$50,001-75,000
$75,001-100,000
$100,001-150,000
$150,001-200,000
$200,001-250,000
Above 250,000
Marital status
Single
Married
Divorced
Living with others
Occupation
Professionals
Self-employed
Retired/not in the workforce
Home-maker
Office worker
Business owner
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N

Valid
percentage

381
209
3
1

64.1
35.2
.5
.2

20
235
153
106
65
15

3.4
39.6
25.8
17.8
10.9
2.5

27
44
362
161

4.6
7.4
60.9
27.1

6
81
166
184
99
41
11
4
2

1.0
13.6
27.9
30.9
16.7
6.9
1.9
.7
.3

110
447
12
25

18.5
75.3
2.0
4.2

203
161
2
17
120
27

34.2
27.1
.3
2.9
20.2
4.5

Variables
Technology-related
Civil servant
Student
Other
Ethnicity
White/Caucasian
African American
Asian/ Pacific Islander
Hispanic or Latinos
International Travel Frequency
More than once a year
Once a year
Every other year
Once in a while
States of Origin
Alabama
Alaska
Arizona
Arkansas
California
Colorado
Connecticut
Delaware
Florida
Georgia
Hawaii
Idaho
Illinois
Indiana
Iowa
Kansas
Kentucky
Louisiana
Maryland
Massachusetts
Michigan
Minnesota
Mississippi
Missouri
Nebraska
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N
50
1
6
7

Valid
percentage
8.4
.2
1.0
1.2

467
75
25
27

78.6
12.6
4.2
4.6

134
304
74
82

23
51
12
14

9
3
10
4
157
13
9
1
39
19
1
1
23
21
1
2
4
9
8
5
4
4
4
12
2

1.5
.5
1.7
.7
26.4
2.2
1.5
.2
6.6
3.2
.2
.2
3.9
3.5
.2
.3
.7
1.5
1.4
.8
.7
.7
.7
2.0
.3

Variables
Nevada
New Jersey
New Mexico
New York
North Carolina
North Dakota
Ohio
Oklahoma
Oregon
Pennsylvania
Rhode Island
South Carolina
South Dakota
Tennessee
Texas
Vermont
Virginia
Washington
West Virginia
Wisconsin
Source of Information
Friends, Relatives, and Colleagues
TV
Radio
News
Travel Agencies
Internet
Educational books
Visit Bali
No
Yes
No. of visit
1 to 3 times
4 to 6 times
7 to 10 times
More than 10 times
Purpose of visit
Leisure/holiday/recreation
Business/Professional
Visit Friends and Relatives
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N
9
18
1
51
15
3
10
8
7
19
2
3
1
6
44
3
10
16
1
2

Valid
percentage
1.5
3.0
.2
8.6
2.5
.5
1.7
1.4
1.2
3.2
.3
.5
.2
1.0
7.4
.5
1.7
2.7
.2
.3

247
270
97
189
156
316
48

41.6
45.5
16.3
31.8
26.3
53.2
8.1

209
385

35.2
64.8

248
110
12
15

64.42
28.57
3.11
3.90

165
144
76

42.9
37.4
19.7

Variables
Travel Companion
Alone
With spouse
With family
With business associates
With friends
Travel Arrangement
Own arrangement
Through travel agents/tour arrangement
Length of visit
About week
About two weeks
More than two week

N

Valid
percentage

33
95
158
40
59

8.6
24.7
41.0
10.4
15.3

256
129

66.5
33.5

246
126
13

63.9
32.7
3.4

Descriptive Statistics
Descriptive statistics of the measurement model generated by SPSS v.27 is presented in
Table 15. The minimum and the maximum ratings were between 1 and 7-point scale. The
measurement model included the following constructs: Subjective knowledge about the
destination (3 items), risk experience (5 items), personality traits (4 items), risk perception (25
items), emotion (5 items), risk reduction strategies (22 items), and intent to visit (3 items). Risk
reduction strategies consist of seven constructs, including information search, emotion
regulation, social strategies, financial strategies, trust, time substitution and physical strategies.
Six items had low factor loadings that influence the validity and reliability outcomes. These
items were removed in the CFA (“I enjoy resting and relaxing”, “Concerned/unconcerned”,
“Using all information about Bali”, “Not traveling alone”, Taking special offers or discounts”,
“Getting familiar about available safety procedures, evacuation points and location of medical
providers”).
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Respondents were asked to indicate their perceptions regarding different risk factors
associated with Bali. In general, risk perception was rated between neither likely nor likely to
slightly likely (M=4.50, SD=1.928), which indicated a slight awareness of different types of risks
associated with the destination. Overall, respondents had relatively low risk perceptions toward
the destination. Among the risk dimensions, financial risk perception was rated highest (M=4.69,
SD=1.820), followed by physical (M=4.53, SD=1.928), and functional risk (M=4.47, SD=1.936).
Respondents’ highest rated items were unexpected expenses for financial risk (M=4.84,
SD=1.757), being a crime victim for physical risk perception (M=4.73, SD=1.811), and extreme
weather/climate for functional risk (M=4.73, SD=1.809). Financial risk appeared to be the
respondents’ major concern than the other risks.
Emotion/affective risk perception was measured in the negative to positive range. In
terms of emotion/affective risk perception, respondents answered slightly positive (M=4.48,
SD=1.401). What the respondents perceived and what the respondents felt were quite different.
Although the awareness of risk was present, the respondents still had slightly positive emotions
about the destination. The highest rated emotion was "Worried/Calm" (M=4.58, SD=1.401)
indicating that the respondents tend to feel slightly calm rather than worry regarding the
destination.
Furthermore, respondents were asked regarding their perception of adopting effective risk
reduction strategies. Adoption of risk reduction strategies was rated between slightly likely to
moderately likely (M=5.41, SD=.901). The adoption of risk reduction strategies was rated higher
than risk perception. Regardless of low-risk perception, the respondents consider the importance
of adopting different types of risk reduction strategies to ensure their safety. The risk reduction
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strategies most likely to be adopted were information seeking (M=5.60, SD=1.186), followed by
emotion regulation (M=5.58, SD=.186) and physical strategies (M=5.48, SD=1.263).
In terms of individual factors, the personality construct was rated slightly above neither
agree nor disagree (M=4.34, SD=1.487) with the item, "I prefer the usual comforts" was rated
highest (M=4.63, SD=1.55). On average, respondents were slightly risk-averse or familiarityseeking. In addition, knowledge was rated as slightly above neither agree nor disagree (M=4.48,
SD=1.482), and risk experience was rated as sometimes (M=4.14, SD=2.035). Respondents rated
highest "Compared to the average person, I am familiar with the destination" (M=4.64,
SD=1.434). The highest-rated indicator for risk experience was indirect experience "I know
somebody who experienced some of these risks" (M=4.49, SD=4.148).
Lastly, the respondents were asked about their future intention to visit the island.
Intention to visit was rated higher than risk perception but less than risk reduction measures.
Overall, the respondents answered slightly likely to visit the island (M=5.09, SD=1.252). The
respondents answered they would consider Bali as their next vacation destination. While the
respondents had the desire to visit the destination, they also felt a greater need to adopt risk
reduction measures. Based on the respondents' perception about the destination, the evaluation of
personal factors indicates that respondents were slightly knowledgeable about the destination,
slightly risk-averse (familiarity seeking), and sometimes experienced some types of risks in the
previous trips. In general, respondents had slightly positive emotions about Bali. Evaluation of
intention to visit Bali and the adoption of risk reduction strategies were higher than the risk
perception. The respondents reported Bali positively. The respondents had low-risk perception
about the destination, as indicated by greater positive emotions and intent to visit. However,
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regardless of low-risk perception, the respondents considered the likelihood to adopt different
risk reduction strategies.
Table 15. Descriptive Statistics
Construct

Min Max Mean

Personality (4 items; M=4.34, SD=1.487)
I prefer a tourist package
I prefer familiar tourist destinations
I prefer the usual comforts
I prefer to socialize with people of my own culture
I enjoy resting and relaxing (removed in CFA)
Knowledge (3 items; M=4.49, SD=1.482 )
Compared to the average person, I am familiar with the destination
Compared to my friends, I am familiar with the destination
Compared to people who travel a lot, I am familiar with the
destination
Risk Experience (5 items; M=4.15, SD=2.035)
I was present on the scene during terrorist attacks
I experienced natural disasters
I experienced sicknesses from diseases outbreak
I experienced some crimes like robbery and accidents
I know somebody who experienced some of these risks
Risk Perception (25 items; M=4.50, SD=1.591)
Physical
Being a target of terrorist attack
Being exposed to coastal flooding and tsunamis
Being exposed to volcanic eruptions
Being exposed to earthquakes
Getting sick from tropical diseases
Catching from Coronaviruses
Being a victim of crimes (pickpocket, robbery)
Getting injured from road accidents
Social
The trip not reflecting my self-image
The trip threatening my self-respect
The trip changing the way others think of me
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Std.
Dev.

1
1
1
1
1

7
7
7
7
7

4.44
4.07
4.63
4.25
4.77

1.518
1.372
1.508
1.55
1.314

1
1

7
7

4.64
4.35

1.434
1.389

1

7

4.47

1.624

1
1
1
1
1

7
7
7
7
7

4.03
4.13
4.06
4.03
4.49

2.204
2.007
2.092
2.041
1.83

1
1
1
1
1
1
1
1

7
7
7
7
7
7
7
7

4.29
4.51
4.33
4.42
4.6
4.69
4.73
4.64

2.077
1.903
2.036
1.966
1.908
1.864
1.811
1.857

1
1
1

7
7
7

4.48
4.42
4.49

1.922
2.005
1.958

Construct

1

7

4.31

Std.
Dev.
2.035

1
1
1
1
1
1
1

7
7
7
7
7
7
7

4.32
4.3
4.44
4.59
4.4
4.5
4.73

2.09
2.093
1.939
1.795
1.92
1.903
1.809

1
1
1

7
7
7

4.65
4.84
4.57

1.871
1.757
1.831

1

7

4.39

1.979

1
1

7
7

4.51
4.39

2.01
1.991

1
1
1
1
1

7
7
7
7
7

4.41
4.45
4.49
4.58
3.89

1.358
1.427
1.473
1.345
1.591

1
1
1
1

7
7
7
7

5.62
5.67
5.76
5.51

1.167
1.136
1.136
1.254

1
1
1

7
7
7

5.51
5.59
5.65

1.243
1.192
1.129

1
1

7
7

5.51
5.29

1.254
1.299

Min Max Mean

The trip not being compatible with my social status in life
Functional
Beaches are not good
Unattractive landscape /scenery
Unacceptable tourist facilities
Uncomfortable level of crowds
Lack of courtesy and hospitality from service personnel
Unsatisfactory cultural events
Extreme weather/climate
Financial
The trip not being a good value of money
Unexpected expenses
Unaffordable prices for the services
Time
The trip being a waste of time
The trip taking too much time
The trip being a waste of valuable time
Emotion (4 items, M=4.48, SD=1.401)
Frightened/Reassured
Sick/Healthy
Tense/Relax
Worried/Calm
Concerned/Unconcerned (removed in CFA)
Risk Reduction Strategies (22 items, M=5.41, SD=.901)
Information search
Getting for more information about Bali
Learning more about Bali
Using all sources of information about Bali (removed in CFA)
Referring to local tourist organization
Emotion regulation
Trying to calm myself down
Controlling my emotion
Trying to have more positive emotion
Social strategies
Not traveling alone (removed in CFA)
Using travel agents or intermediaries
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Construct

1
1

7
7

5.5
5.16

Std.
Dev.
1.249
1.483

1
1
1
1

7
7
7
7

5.31
5.3
5.41
5.6

1.371
1.409
1.311
1.127

1

7

5.42

1.189

1

7

5.45

1.226

1

7

5.27

1.434

1

7

5.44

1.209

1
1
1

7
7
7

5.14
5.12
5.12

1.435
1.533
1.373

1
1

7
7

5.46
5.5

1.311
1.261

1

7

5.67

1.179

1

7

5.4

1.271

1
1
1

7
7
7

5.05
5.05
5.16

1.564
1.576
1.525

Min Max Mean

Deciding in the cooperation of friends, family or relatives
Consulting with police, consulate, or local authorities
Financial strategies
Planning for an inexpensive trip
Bringing extra cash for unexpected expenses
Taking low cost tourist package
Taking special offers or discounts (removed in CFA)
Trust
Believing the service providers are honest and sincere in
addressing my problems
Believing the local communities would make every efforts to help
me
Believing medical service providers would compensate me when I
have injuries
Believing medical service providers could provide adequate
treatment when I have infectious diseases
Time substitution
Changing travel time
Postponing the travel plan
Planning the trip for a shorter duration
Physical strategies
Purchasing travel insurance
Taking vaccination before travel
Getting familiar about available safety procedures, evacuation
points, and location of medical providers (removed in CFA)
Avoiding crowded places or popular tourists site
Travel Intention (3 items; M=5.09, SD=1.252)
I intend to visit Bali for my next vacation
I would like to visit Bali for my next vacation
I consider visiting Bali for my next vacation

Differences between experienced and non-experienced groups were also examined by
comparing the mean values. The experienced group had participants who visited the destination
(N=385), and the non-experienced group had participants who did not. (N=209). The result
showed that the experienced group had higher means across all the variables than the non128

experienced group. The highest-rated personal factor was subjective knowledge (N=4.96,
SD=.923). The experienced group reported to have better knowledge about the destination. In
addition, experienced groups tend to have higher risk perception (M=4.94, SD=.1.513) and
slightly positive emotion (M=4.50, SD=.995) than the non-experienced group. The highest rated
risk reduction strategies for the experienced group were emotion regulation (M=5.68, SD=.830),
followed by information search (M=5.65, SD=.853), and financial strategies (M=5.63, SD=.844).
The experienced group also rated higher on their intention to visit the destination (M=5.43,
SD=1.057) than the non-experienced group. This indicated that the experienced group might be
more cautious than the non-experienced group and regardless of higher risk perception, the
experienced group would still likely to visit the destination.

Table 16. Descriptive Statistics Non-experienced and Experienced Groups
Non-experienced
Experienced
All
(N=209)
(N=385)
(N=594)
Mean
Std.
Mean
Std.
Mean
Std.
Statistic Deviation Statistic Deviation Statistic Deviation
Construct
Statistic
Statistic
Statistic
Personality traits
3.86
1.112
4.74
1.005
4.43
1.126
Risk experiences
2.79
1.667
4.88
1.531
4.15
1.868
Subjective knowledge
3.61
1.420
4.96
.923
4.49
1.296
Average risk perception
3.69
1.403
4.94
1.513
4.50
1.592
Physical risk
3.71
1.477
4.94
1.560
4.51
1.639
Socio-psychological risk
3.43
1.692
4.97
1.580
4.43
1.778
Functional risk
3.60
1.505
4.94
1.562
4.47
1.667
Financial risk
4.21
1.505
4.94
1.584
4.69
1.594
Time risk
3.51
1.764
4.93
1.637
4.43
1.812
Emotion
4.12
1.266
4.50
.995
4.36
1.112
Average risk reduction
5.09
.890
5.60
.858
5.42
.901
Information search
5.61
.909
5.65
.853
5.64
.872
Emotion regulation
5.42
1.204
5.68
.830
5.58
.985
Financial strategies
5.00
1.016
5.63
.844
5.41
.955
Trust
4.99
1.053
5.61
.887
5.39
.994
Time substitution
4.55
1.316
5.44
1.078
5.13
1.242
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Construct
Physical strategies
Social strategies
Travel intention

Non-experienced
Experienced
All
(N=209)
(N=385)
(N=594)
Mean
Std.
Mean
Std.
Mean
Std.
Statistic Deviation Statistic Deviation Statistic Deviation
Statistic
Statistic
Statistic
5.33
.951
5.60
.854
5.51
.899
5.02
1.078
5.55
.869
5.37
.980
4.47
1.346
5.43
1.057
5.09
1.252

Measurement Model Assessment
This study employed a CFA on SmartPLS v.3.0. due to the non-normality of the data. The
evaluation procedure began with the measurement model assessment. Key indices presented
below include factor loadings, reliability, and validity, which were checked using SmartPLS
v.3.0. First, factor loadings are defined as the correlation between measures and the factors.
Factor loadings should exceed the threshold of .70 to be satisfactory (Hair et al., 2014). Based on
the factor analysis results, six indicators’ factor loadings were below the recommended loading
value. The researcher excluded the indicators to improve the Composite Reliability (CR) and
Average Variance Extracted (AVE). After deleting the items, the required values of the CR and
AVE were met. The matrix of the factor loadings is reflected in Table 17. All the variables are
loaded as one factor, except for risk reduction strategies that are loaded in seven factors
(information search, emotion regulation, social strategies, financial strategies, trust, time
substitution, and physical strategies).
Second, reliability assessments were conducted. Reliability refers to how the measures
capture consistent results from respondents (Hair et al., 2014). It was assessed by Cronbach’s
alpha and Composite Reliability (CR). The Cronbach’s alpha indicates item-to-item correlations,
while composite reliability denotes item-to-construct correlations. Most of the variables
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exceeded the Cronbach’s alpha cutoff point of .70 for and all of the variables’ CR were greater
than .50. The dimensions with a lower Cronbach’s alpha value were information search (α=.691)
and physical risk reduction strategies (α=.608), but these were still deemed acceptable (Hair et
al., 2014). Therefore, the overall reliability of the measurement model was considered
satisfactory. Factor loading and cross-loading results are presented.
Next, convergent validity and discriminant validity examinations were conducted.
Convergent validity is established when there is a positive correlation between the measurement
items of a construct (Hair et al., 2017). After examining the measurement items’ factor loadings,
the second measure was Average Variance Extracted (AVE). An AVE value greater than .50
indicates more than half of the variance explained. In this case, each construct’s convergent
validity in the model was established as the AVE values were greater than .50.
The last step in the measurement model assessment is to examine discriminant validity
which refers to "the extent that a variable is empirically distinct from other constructs" (Hair et
al., 2019). Two approaches to assess each of the constructs' discriminant validity included crossloadings and Fornell-Larcker criterion. The cross-loading examines the factor loadings of the
indicators. The loadings of a construct and its respective indicators should be higher than the
other constructs. The cross-loading matrix showed that each construct's factor loadings were
higher than the other constructs (see Table 17). The second approach is the Fornell-Larcker
criterion metric examination. This method compares the square root of Average Variance
Extracted (AVE) with the correlation of latent constructs (Ab Hamid et al., 2017). Discriminant
validity is established when the latent variable shared more variance in its associated indicators
than with the other latent variables. In addition, the square root of each construct's AVE should
be greater than the highest correlations of the other constructs. It was evident that each
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construct's shared variance is greater than the rest of the constructs (see Table 18). Therefore,
sufficient evidence of discriminant validity was established (Hair et al., 2014)
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Information
search

Intent to visit

Personality

Physical
strategies

Risk experience

Risk perception

Social strategies

Time substitution

Trust

-.271

.230

.401

.178

.396

.873

.478

.222

.489

.313

.308

.345

.341

-.273

.292

.373

.278

.405

.846

.409

.311

.424

.341

.387

.328

.407

-.254

.288

.452

.168

.462

.899

.536

.300

.563

.411

.395

.445

.427

-.213

.170

.396

.026

.428

.550

.460

.243

.934

.724

.364

.544

.335

-.209

.123

.413

.062

.400

.520

.447

.263

.913

.681

.351

.502

.331

-.200

.137

.449

.052

.434

.528

.447

.267

.930

.715

.341

.551

.340

-.162

.137

.409

.011

.372

.491

.397

.242

.926

.713

.311

.521

.314

-.165

.179

.385

.079

.416

.518

.444

.295

.882

.623

.299

.481

.302

-.206

.394

.455

.287

.460

.505

.818

.348

.361

.236

.425

.358

.371

Subjective
knowledge

Financial
strategies

Risk Experience
Cronbach's alpha=.953
CR= .964; AVE=.841
I was present on the scene
during terrorist attacks
I experienced natural
disasters
I experienced sicknesses from
diseases outbreak
I experienced some crimes like
robbery and accidents
I know somebody who
experienced some of these
risks

Emotion
regulation

Constructs
Knowledge
Cronbach's alpha=.845
CR=.906 ; AVE=.762
Compared to the average
person, I am familiar with the
destination
Compared to my friends, I am
familiar with the destination
Compared to people who
travel a lot, I am familiar with
the destination

Emotion

Table 17. Factor Cross-loading Matrix

Personality traits
Cronbach's alpha=818
CR=.877 ; AVE=.641
I prefer a tourist package
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Emotion
regulation

Financial
strategies

Information
search

Intent to visit

Personality

Physical
strategies

Risk experience

Risk perception

Social strategies

Time substitution

Trust

.358

.440

.337

.425

.320

.749

.401

.334

.148

.452

.360

.380

-.142

.350

.393

.354

.344

.313

.729

.349

.276

.103

.398

.308

.346

-.210

.323

.459

.260

.487

.511

.880

.354

.484

.285

.474

.440

.364

-.093

.088

.313

.006

.278

.389

.243

.189

.696

.834

.261

.449

.217

-.070

.134

.291

.008

.239

.320

.213

.234

.623

.820

.270

.430

.190

-.129

.173

.342

.047

.301

.373

.252

.212

.663

.842

.316

.448

.258

Being exposed to earthquakes
Getting sick from tropical
diseases

-.104

.187

.334

.044

.258

.350

.214

.220

.647

.835

.282

.441

.254

-.075

.182

.317

.064

.226

.315

.189

.252

.614

.813

.266

.423

.262

Catching from Coronaviruses
Being a victim of crimes
(pickpocket, robbery)
Getting injured from road
accidents
The trip not reflecting my selfimage
The trip threatening my selfrespect
The trip changing the way
others think of me
The trip not being compatible
with my social status in life

-.049

.119

.241

.043

.141

.228

.133

.210

.512

.753

.231

.390

.172

-.012

.092

.238

.000

.155

.248

.103

.188

.516

.792

.219

.348

.160

-.137

.119

.323

.044

.248

.346

.215

.240

.645

.816

.323

.500

.207

-.056

.075

.315

-.034

.227

.372

.243

.199

.646

.846

.266

.456

.233

-.103

.133

.417

.005

.321

.453

.331

.249

.708

.871

.318

.549

.264

-.078

.091

.346

-.020

.263

.400

.251

.179

.646

.827

.286

.469

.235

-.103

.149

.372

-.015

.269

.419

.272

.237

.695

.863

.285

.508

.290

Beaches are not good

-.104

.131

.386

-.026

.256

.400

.273

.238

.710

.877

.315

.520

.281

I prefer usual comforts
I prefer to socialize with
people of my own culture
Risk Perception
Cronbach's alpha=.981
CR=.982 ; AVE=.677
Being a target of terrorist
attack
Being exposed to coastal
flooding and tsunamis
Being exposed to volcanic
eruptions

134

Subjective
knowledge

Emotion
-.233

Constructs
I prefer familiar tourist
destinations

Emotion

Emotion
regulation

Financial
strategies

Information
search

Intent to visit

Personality

Physical
strategies

Risk experience

Risk perception

Social strategies

Time substitution

Trust

-.118

.106

.393

-.005

.279

.406

.291

.217

.714

.865

.309

.514

.260

Unacceptable tourist facilities

-.104

.148

.338

.020

.233

.359

.242

.236

.626

.842

.305

.494

.231

Uncomfortable level of crowds
Lack of courtesy and
hospitality from service
personnel

-.036

.045

.226

-.013

.173

.263

.138

.222

.548

.776

.218

.376

.136

-.046

.086

.320

-.034

.259

.320

.214

.205

.650

.858

.283

.444

.213

Unsatisfactory cultural events

-.074

.135

.342

-.004

.238

.394

.290

.217

.641

.849

.306

.492

.239

Extreme weather/climate
The trip not being a good
value of money

-.075

.165

.280

-.006

.187

.294

.160

.217

.522

.792

.254

.408

.170

-.012

.099

.275

-.039

.180

.277

.202

.199

.544

.816

.217

.429

.191

Unexpected expenses
Unaffordable prices for the
services

-.034

.090

.184

.002

.118

.153

.076

.170

.417

.731

.174

.334

.089

-.056

.103

.262

-.010

.155

.222

.140

.184

.560

.802

.209

.394

.170

The trip being a waste of time

-.056

.115

.379

-.005

.229

.399

.280

.208

.652

.858

.318

.491

.222

The trip taking too much time
The trip being a waste of
valuable time

-.037

.070

.319

-.028

.227

.329

.209

.195

.630

.865

.269

.476

.182

-.072

.080

.350

-.028

.243

.335

.255

.225

.663

.858

.305

.508

.225

Frightened/Reassured

.786

-.192

.244

-.266

-.266

-.248

-.179

-.138

-.248

-.184

-.140

-.143

-.259

Sick/Healthy

.823

-.237

.220

-.331

-.321

-.268

-.226

-.220

-.152

-.039

-.259

-.138

-.313

Tense/Relax

.838

-.318

.226

-.279

-.310

-.212

-.200

-.203

-.100

-.021

-.249

-.128

-.356

Worried/Calm

.878

-.297

.229

-.313

-.339

-.283

-.223

-.207

-.203

-.081

-.208

-.161

-.394

Subjective
knowledge

Constructs
Unattractive landscape
/scenery

Emotion
Cronbach's alpha=.851
CR=.900; AVE=.692
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Emotion
regulation

Financial
strategies

Information
search

Intent to visit

Personality

Physical
strategies

Risk experience

Risk perception

Social strategies

Time substitution

Trust

.399

.217

.805

.281

.140

.243

.447

.006

-.029

.344

.242

.290

-.289

.385

.227

.802

.260

.107

.219

.426

-.035

-.097

.309

.181

.381

-.270

.432

.342

.750

.319

.305

.389

.500

.141

.123

.505

.276

.485

Trying to calm myself down

-.238

.835

.400

.425

.281

.280

.415

.442

.200

.170

.412

.278

.425

Controlling my emotion
Trying to have more positive
emotion

-.293

.838

.407

.443

.285

.256

.369

.437

.128

.118

.428

.296

.449

-.256

.810

.352

.413

.312

.238

.298

.446

.075

.064

.392

.234

.470

-.219

.360

.424

.400

.320

.311

.421

.454

.219

.207

.778

.355

.439

-.202

.432

.367

.450

.292

.271

.372

.552

.201

.197

.739

.433

.387

-.201

.395

.487

.343

.372

.398

.489

.497

.411

.359

.851

.532

.489

Learning more about Bali
Referring to local tourist
organization

Subjective
knowledge

Emotion
-.285

Constructs
RRS
Information search
Cronbach's alpha=.691
CR=.829; AVE=.618
Getting for more information
about Bali

Emotion Regulation
Cronbach's alpha=.852.
CR=.900; AVE=.692

Social
Cronbach's alpha=.702;
CR=.833; AVE=.625
Using travel agents or
intermediaries
Deciding in the cooperation of
friends, family or relatives
Consulting with police,
consulate, or local authorities
Financial
Cronbach's alpha=.743.;
CR=.853; AVE=.661

136

Emotion
regulation

Financial
strategies

Information
search

Intent to visit

Personality

Physical
strategies

Risk experience

Risk perception

Social strategies

Time substitution

Trust

.385

.845

.280

.344

.394

.470

.368

.382

.320

.425

.449

.442

-.267

.371

.814

.227

.344

.411

.427

.362

.347

.338

.478

.417

.489

-.174

.385

.778

.315

.332

.339

.435

.427

.365

.284

.421

.504

.446

-.333

.446

.428

.448

.348

.329

.360

.495

.199

.152

.459

.298

.819

-.275

.442

.413

.371

.314

.346

.339

.384

.210

.148

.411

.309

.760

-.307

.420

.529

.322

.422

.416

.416

.431

.409

.327

.510

.464

.772

-.344

.396

.398

.407

.327

.325

.292

.457

.275

.184

.366

.313

.793

Changing travel time

-.163

.291

.490

.278

.308

.364

.395

.519

.456

.426

.501

.845

.423

Postponing the travel plan
Planning the trip for a shorter
duration

-.082

.228

.440

.180

.291

.350

.340

.453

.514

.536

.454

.879

.339

-.198

.323

.509

.312

.347

.400

.472

.457

.488

.449

.495

.849

.387

Trust
Cronbach's alpha=.795.;
CR=.866; AVE=.618
Believing the service providers
are honest and sincere in
addressing my problems
Believing the local
communities would make
every efforts to help me
Believing medical service
providers would compensate
me when I have injuries
Believing medical service
providers could provide
adequate treatment when I
have infectious diseases

Subjective
knowledge

Emotion
-.222

Constructs
Planning for an inexpensive
trip
Bringing extra cash for
unexpected expenses
Taking low-cost tourist
package

Time
Cronbach's alpha=.82.;
CR=.893; AVE=.735
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Emotion
regulation

Financial
strategies

Information
search

Intent to visit

Personality

Physical
strategies

Risk experience

Risk perception

Social strategies

Time substitution

Trust

-.183

.388

.304

.473

.352

.279

.353

.780

.217

.195

.515

.411

.390

-.195

.455

.362

.501

.253

.203

.289

.721

.093

.102

.483

.328

.481

-.151

.368

.400

.347

.290

.227

.340

.737

.304

.265

.412

.486

.410

-.281

.246

.341

.180

.748

.502

.484

.255

.475

.317

.330

.330

.304

-.300

.308

.293

.350

.733

.271

.393

.346

.228

.109

.324

.237

.357

-.275

.256

.325

.306

.809

.340

.381

.325

.320

.218

.304

.275

.374

Subjective
knowledge

Emotion

Constructs
Physical
Cronbach's alpha=.607
CR=.847; AVE=.558
Purchasing travel insurance
Taking vaccination before
travel
Avoiding crowded places or
popular tourists site
Travel Intention
Cronbach's alpha=.730.;
CR=.807; AVE=.649
I intend to visit Bali for my
next vacation
I would like to visit Bali for
my next vacation
I consider visiting Bali for my
next vacation
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Trust

.831
.351
.559
.289
.274

Travel intention

Risk perception.

.920
.761
.382
.578
.447
.361

Time substitution

Risk Experience.

.741
.272
.263
.652
.572
.415
.614

Social strategies

Physical strategies

Personality

Subjective
knowledge.

Information search

Financial. strategies

Emotion
Regulation.

Construct
Emotion
Emotion
regulation
Financial
strategies
Information
search
Knowledge
Personality
Physical
strategies
Risk experience
Risk perception
Social strategies
Time substitution
Travel intention
Trust

Emotion

Table 18. Fornell-Larcker Matrix

.837
-.289

.840

-.260

.526

.740

-.303
-.294
-.229

.584
.328
.427

.445 .757
.469 .269
.530 .365

.876
.530

.805

-.216
-.197
-.086
-.223
-.163
-.370
-.374

.596
.182
.165
.514
.364
.381
.576

.559
.429
.377
.573
.578
.422
.635

.334
.555
.411
.425
.433
.491
.454

.428
.495
.297
.555
.486
.538
.434

.653
.053
.032
.520
.321
.379
.543
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.801
.597 .867
.422 .385
.564 .464

.771
.454 .797

Structural Model Evaluation
The measurement examination results indicate that the measurement model met the
statistical requirements to conduct the structural evaluation. This section assesses the PLS-SEM
structural model results to examine the proposed hypotheses and relationship among constructs.
The bootstrapping procedure with 5,000 subsamples was conducted to examine the structural
model. The evaluation was performed using SmartPLS v.3.0 with several criteria are used to
evaluate the hypothesized relationship, including structural model path coefficient, Coefficient of
Determination (R2), the effect size (f2), and Cross-validated redundancy (Q2).

4.2.6.1 Direct Effects
Personal factors (personality traits, subjective knowledge, and risk experience) influence
risk perception. H1a predicted that risk-averse or psychocentric personality traits had a positive
influence on risk perception. The hypothesis was not supported. The result of path coefficient
between the hypothesized relationship was not statistically significant, indicating no significant
relationship established between personality traits and risk perception (β=.063, t=1.959, p=.05). Personality traits were not significant predictors of risk perception.
H2a predicted that subjective knowledge about the destination had an inverse relationship
with risk perception. The hypothesis was not supported. The result of the path coefficient of the
relationship was not statistically significant. The latter showed no significant relationship
between subjective knowledge and risk perception (β=-.046, t=1.298, p=.194). Subjective
knowledge was also not a significant predictor of risk perception.
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H3a predicted that risk experience had a positive influence on risk perception. This
hypothesis was supported. The result of the path coefficient of the hypothesized relationship was
statistically significant. The latter indicated a significant relationship between the variables with
risk experience positively influencing risk perception (β=.820, t=26.591, p=.000). Accordingly,
those with higher risk experiences (direct or indirectly) had significantly higher risk perception
levels associated with the destination. Furthermore, the strong effects of risk experiences on risk
perception indicated risk experience as the important aspect that shapes risk perception.
Personal factors (personality traits, subjective knowledge, and risk experience) influence
affective risk perception or emotion. H1b predicted that risk-averse or psychocentric personality
traits had a negative effect on emotions (e.g., frightened/reassured, worry/calm). The assumption
was respondents with higher risk-averse levels would be more worried than the other
respondents. The hypothesis was partially supported. The path coefficient of the hypothesized
relationship was statistically significant, but the effect was contradictory. Risk-averse or
psychocentric personality traits had a positive influence on emotion (β=.110, t=2.101, p=.036).
Accordingly, those with higher agreement levels with risk-averse or psychocentric personality
traits were more likely to have higher positive emotion levels associated with the destination.
H2b predicted that subjective knowledge had a positive effect on emotions. The path
coefficient of the hypothesized relationship was statistically significant. Therefore, the null
hypothesis was rejected and the alternative hypothesis was supported. The respondents with
more confidence about the destination would be more likely to have positive emotions The latter
indicated subjective knowledge positively affected emotions (β=.225, t=3.999, p=.036). The
results indicated that respondents with higher confidence levels in their knowledge of the
destination had significantly higher positive emotions levels.
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H3b predicted that risk experience had a negative impact on emotions. Respondents with
direct on indirect experience would likely have higher negative emotions toward a risky
destination. This hypothesis was not supported. The hypothesized relationship’s path coefficient
was not statistically significant, indicating no relationship between risk experience and emotion
(β=.132, t=1.729, p=.084). Based on the result, risk experience was not a significant predictor of
emotion or affective risk perception. The effect of risk experience was not strong enough to
influence emotion.
Risk perception influences emotions. H4 Risk perception was predicted to influence
emotions about the destination negatively (e.g., worried/calm). The assumption was risk
perception would trigger negative emotions. This hypothesis was supported. The result of the
path coefficient was statistically significant. Risk perception negatively influenced emotions (β=
-.136, t=1.987, p=.047). Accordingly, the hypothesis supported the argument that cognitive
evaluation was followed by affective evaluation. Those with higher levels of destination risk
perceptions were more likely to have negative emotions on the destination.
Risk Perception and emotion influence intention to visit. H5 Perceived risk was predicted
to have a negative influence on intention to visit. This hypothesis was partially supported. The
result of the path coefficient was statistically significant, indicating that there was a significant
relationship between the two variables. However, the effect was contradictory. The result
showed that risk perception positively influenced intention to visit (β=.129, t=2.524, p=.012).
The respondents with a higher risk perception level were not necessarily likely to plan plan to
avoid the destination. On the contrary, it was found those with higher risk perception levels were
likely to have higher intention to visit the destination.
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H6 Emotion was predicted to have a positive effect on intention to visit. The hypothesis
was supported. The path coefficient was statistically significant, indicating that positive emotions
about the destination positively influenced intention to visit (β=.199, t=4.138, p=.000).
Accordingly, the respondents with higher levels of positive emotions about the destination were
likely to have higher intention to visit the destination.
Risk perception influences the adoption of risk reduction strategies. H7a Risk perception
was predicted to have a positive impact on information search. The hypothesis was not
supported. The path coefficient was not statistically significant, indicating that no relationship
between the variables (β=-.028, t=.678, p=.498). Risk perception was not a significant predictor
of information search.
H7b Risk perception was predicted to have a positive influence on the adoption of social
risk reduction strategies. The hypothesis was supported. The path coefficient was statistically
significant that risk perception positively influenced the adoption of social risk reduction
strategies (β=.315, t=7.915, p=.000). The result indicated that respondents with higher levels of
destination risk perception were more likely to engage in risk reduction strategies to ensure their
safety.
H7c Risk perception was predicted to have positive influence on emotion regulation. The
hypothesis was supported. The result of the path coefficient was statistically significant. This
indicates risk perception positively influenced emotion regulation (β=.114, t=2.746., p=.006).
The result indicated that respondents with higher risk perception levels were morel likely to
adopt emotion regulations.
H7d Risk perception was predicted to have a positive influence on adoption of financial
strategies. The hypothesis was supported. The path coefficient was statistically significant. There
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was a significant relationship between the two variables. Risk perception positively influenced
on the adoption of financial risk reduction strategies (β=.370, t=9.785, p=.000). Respondents
with higher risk perception levels were more likely to engage in financial strategies (e.g.,
planning for an inexpensive trip or taking low-cost tour packages).
H7e Risk perception was predicted to have a positive influence on trust towards the
destination. The hypothesis was supported. The path coefficient was statistically significant and
indicated that risk perception positively influenced trust (β=.231, t=5.966, p=.000). Respondents
with higher risk perception were more likely to consider trust as an important risk reducer. The
respondents who believed in the local service providers, communities, and authorities and were
more likely to rely on them as the entities that would ensure their safety when visiting the
destination.
H7f Risk perception was predicted to have a positive influence on the adoption of time
substitution strategies. The path coefficient was statistically significant in that there was a
significant relationship between the two variables. Risk perception positively influenced time
substitution strategies (β=.538, t=14.429, p=.000). The study indicated that respondents with
higher risk perception were more likely to engage in time substitution (e.g., postponing their
plan) to ensure their safety when visiting the destination. Furthermore, the path coefficient
indicated moderate effects of risk perception on time substitution. The effect size was the highest
among the other risk reduction strategies.
H7g Risk perception was predicted to have a positive impact on the adoption of physical
risk reduction strategies. The hypothesis was supported. The path coefficient was statistically
significant indicating the significant relationship between the variables. Risk perception
positively influenced physical risk reduction strategies (β= .235, t= 4.576, p=.000). Respondents
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with higher risk perception levels were more likely to adopt physical strategies to ensure their
safety.
Emotion influences risk reduction strategies. H8a Emotion about the destination was
predicted to have an inverse relationship with adoption of information search. The assumption
was respondents with higher positive emotions about the destination would be less likely to
search for information about the destination because they were more certain; therefore, less
worry about the destination. The hypothesis was partially supported. The path coefficient was
statistically significant. There was a significant relationship, but the result was contradictory.
Positive emotion positively influenced the adoption of information search (β=.362, t=7.627,
p=.000). Respondents with higher positive emotion levels toward the destination were more
likely to search for more information. Positive emotions actually attract respondents to search for
more information.
H8b Emotion was predicted to have an inverse relationship with adoption of social risk
reduction strategies. Respondents with higher positive emotions about the destination would be
more confident and less likely to adopt social risk reduction strategies. The hypothesis was
partially supported. The path coefficient was statistically significant, which indicated a
significant relationship between the variables. However, the result was contradictory. Emotion
positively influenced the likelihood of adopting social risk reduction strategies (β=.234, t=5.06,
p=.000). Respondents with higher positive emotions were more likely to adopt social strategies
to ensure their safety.
H8c Emotion was predicted to have an inverse relationship with use of emotion
regulation strategies. The hypothesis asserted that respondents who expressed less worry or fear
about the destination would be less likely to consider the need to regulate their emotions than
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those with greater worry or fear. The hypothesis was partially supported. The result of the path
coefficient was statistically significant, indicating the significant relationship between the
variables. However, the result was contradictory. Emotion positively influenced the adoption of
emotion regulation (β=.308, t=6.174., p=.000). Respondents with higher positive emotions were
more likely to engage in emotion regulation strategies.
H8d Emotion was predicted to have an inverse relationship with adoption of financial
strategies. It was assumed that those with more positive emotions would less likely consider the
need for adopting financial risk reduction strategies than those with greater worry or fear about
the destination. The hypothesis was partially supported. The result of the path coefficient was
statistically significant, but it was contradictory. Emotion positively influenced the adoption of
financial risk reduction strategies (β=.242, t=5.276, p=.000). Accordingly, respondents with a
higher level of positive emotion were more likely to engage in financial risk reduction strategies.
H8e Emotion was predicted to have an inverse relationship with trust of the destination.
The assumption was respondents with higher positive emotions about the destination would less
likely need to trust the destination than those with lower positive emotions as they had greater
confidence. The hypothesis was partially supported. The result of the path coefficient was
statistically significant, indicating the significant relationship between the variables. However,
the effect was contradictory. Emotion had a positive influence on trust (β=.383, t=8.871,
p=.000). Respondents with higher positive emotion levels would be more likely to believe in the
local entities (service providers, authorities, and communities) and rely on them more to ensure
their safety.
H8f Emotion was predicted to have an inverse relationship with time substitution
strategies. The assumption was respondents with higher positive emotions would less likely to
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engage in time substitution than those with greater worry and fear. The result was partially
supported. The result of path coefficient was statistically significant and indicating the
relationship between the two variables. However, the result was contradictory. Emotion had a
positive influence on adoption of time substitution strategies (β=.124, t=2.878, p=.004).
Respondents with higher positive emotion levels were significantly more likely to adopt time
substitution strategies to ensure their safety.
H8g Emotion was predicted to have an inverse relationship with physical risk reduction
strategies. Respondents with higher positive emotions would less likely to consider the need to
engage in physical risk reduction strategies than those with greater negative emotions (e.g.,
worry or fear). The path coefficient was statistically significant, but the effect was
contradictorily, indicating a significant positive relationship between the variables
(β=.215,t=4.576, p=.000). Respondents with higher positive emotion levels were more likely to
adopt strategies that would ensure their physical safety.
Risk reduction strategies influence travel intention. H9a Information search was
predicted to have a positive impact on intention to visit. Respondents who seek more information
about the destination would have greater intention to visit. The hypothesis was not supported.
The path coefficient was not statistically significant, indicating no association between the two
variables. Searching for more information about the destination was not a significant predictor
of intention to visit the destination (β=.073, t=1.30, p=.194).
H9b Adoption of social risk reduction strategies was predicted to have a positive impact
on intention to visit. Higher adoption of social risk reduction strategies would lead to higher
confidence; therefore, respondents would have higher intention to visit the destination. The
hypothesis was not supported. The path coefficient was not statistically significant, indicating no
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association between the variables. Social risk reduction strategies, such that not traveling alone
or seeking advice from travel agents, were not significant predictors of intention to visit the
destination (β=.055, t=.833, p=.405).
H9c Adoption of emotion regulation strategies was predicted to have a positive impact on
intention to visit. Higher adoption of emotion regulation would lead to higher positive emotions
that would also lead to higher intention to visit. The hypothesis was not supported. The path
coefficient was not statistically significant, indicating there was no significant association
between the variables. Emotion regulation did not predict intention to visit (β=.038, t=.827,
p=.408).
H9d Financial risk reduction strategies were predicted to have a positive impact on
intention to visit. Higher financial risk reduction strategies would lead to higher confidence to
visit the destination. The hypothesis was supported. The higher the adoption of financial risk
reduction strategies, the higher the intention to visit. The path coefficient was statistically
significant, indicating a significant association between the variables. Financial risk reduction
strategies positively influenced intention to visit (β=.136, t=2.041, p=.041). Respondents with a
higher likelihood of engaging financial risk reduction strategies were more likely to visit the
destination.
H9e Trust about the destination was predicted to have a positive impact on intention to
visit. Higher trust levels would lead to greater confidence to visit the destination. The hypothesis
was supported. The path coefficient was statistically significant, indicating a significant
relationship between the two variables. Trust had a positive influence on intention to visit
(β=.154, t=2.557, p=.011). Respondents with a higher likelihood of trusting the local service
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providers, communities, and local authorities were more likely to have higher intention to visit
the destination.
H9f Adoption of time substitution was predicted to have a positive influence on intention
to visit. The higher the use of time substitution, the greater is the intention to visit the
destination. The hypothesis was not supported. The path coefficient was not statistically
significant, indicating no significant relationship between the variables. Time substitution
strategies were not significant predictors of intention to visit (β=.030, t=.459, p=.646).
H9g Adoption of physical strategies was predicted to have a positive influence on
intention to visit. The higher the adoption of physical strategies would lead to higher confidence
to visit the destination. The hypothesis was not supported. There was no significant relationship
between the variables. Adoption of physical risk reduction strategies were not significant
predictors of intention to visit (β=.076, t=1.163, p=.245).
Table 19. Summary of Direct Effects
Specific Relationships

Path
Coefficient

tValues

pValues

Result

H1a

Personality → Risk Perception

-.063

1.959

.050

Not supported

H2a

Knowledge → Risk Perception

-.046

1.298

.194

Not supported

H3a

Risk Experience → Risk Perception

.820

26.591

.000

Supported

H1b

Personality → Emotion

.110

2.101

.036

Supported

H2b

Knowledge → Emotion

.225

3.999

.000

Supported

H3b

Risk Experience → Emotion

.132

1.729

.084

Not supported

H4

Risk Perception → Emotion

-.136

1.987

.047

Supported

H5

Risk Perception → Intent to visit

.129

2.524

.012

Supported

H6

Emotion → Intent to visit

.199

4.138

.000

Supported

H7a

Risk Perception → Information search

-.028

.678

.498

Not supported

H7b

Risk Perception → Social strategies

.315

7.915

.000

Supported

H7c

Risk Perception → Emotion regulation

.114

2.746

.006

Supported

H7d

Risk Perception → Financial strategies

.370

9.785

.000

Supported

H7e

Risk Perception → Trust

.231

5.966

.000

Supported

H7f

Risk Perception → Time substitution

.538

14.429

.000

Supported

H7g

Risk Perception → Physical strategies

.235

5.748

.000

Supported

H8a

Emotion → Information search

.362

7.627

.000

Supported
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Specific Relationships

Path
Coefficient

tValues

pValues

Result

H8b

Emotion → Social strategies

.234

5.06

.000

Supported

H8c

Emotion → Emotion regulation

.308

6.174

.000

Supported

H8d

Emotion → Financial strategies

.242

5.276

.000

Supported

H8e

Emotion → Trust

.383

8.871

.000

Supported

H8f

Emotion → Time substitution

.124

2.878

.004

Supported

H8g

Emotion → Physical strategies

.215

4.576

.000

Supported

H9a

Information search → Intent to visit

.073

1.30

.194

Not supported

H9b

Social strategies → Intent to visit

.055

.833

.405

Not supported

H9c

Emotion regulation → Intent to visit

.038

.827

.408

Not supported

H9d

Financial strategies → Intent to visit

.136

2.041

.041

Supported

H9e

Trust → Intent to visit

.154

2.557

.011

Supported

H9f

Time strategies → Intent to visit

.030

.459

.646

Not supported

Physical → Intent to visit
.076
Notes: *p<.05,**p<.01, ***p<.001, NS=Not Significant.

1.163

.245

Not supported

H9g
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Figure 5. CFA Results of the Measurement Model (bolded lines indicate significant p-values)
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4.2.6.2 Indirect Effects
The indirect effects describe the intervening variable’s role in influencing the relationship
between the independent and dependent variables (Ro, 2012). In this case, the intervening
variables were risk reduction strategies that might strengthen or weaken the relationship between
perceived risk and intention to visit. The direct effects indicated that both risk perception and
positive emotion about the destination positively influenced intent to visit. The results of indirect
effects indicated that nearly all of the risk reduction strategies had no mediation effects, except
for trust and financial strategies.
The result of specific indirect effect diagnostics between risk perception and intent to
visit showed that only two types of risk reduction strategies had indirect effects; adoption of
financial strategies (β=.050, t=1.971, p=.049), and trust (β=.036,t=2.396, p=.017). The
relationship was partially mediated because both the direct and indirect effects were significant.
The mediating variables had the same direction with the predictor that increase the intention to
visit. The effect of risk perception on intent to visit was also positive but the magnitude of the
indirect effects was smaller when the relationship was mediated by financial risk reduction
strategies or trust. Only trust mediated the relationship between emotion and intent to visit
(β=.059, t=2.322, p=.022). The indirect effects of emotion on intent to visit through trust also in
the same direction or positive. However, the magnitude was smaller when the relationship was
mediated.
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Table 20. Indirect Effects
Specific
Relationships
Risk Perception
Risk Perception
Risk Perception
Risk Perception
Risk Perception
Risk Perception
Risk Perception
Risk Perception

→
→
→
→
→
→
→
→

Emotion
Emotion regulation
Information search
Financial strategies
Physical strategies
Social strategies
Time substitution
Trust

Emotion
Emotion
Emotion
Emotion
Emotion
Emotion
Emotion

→
→
→
→
→
→
→

Information search
Financial strategies
Emotion regulation
Time substitution
Physical strategies
Social strategies
Trust

→
→
→
→
→
→
→
→

Intent to visit
Intent to visit
Intent to visit
Intent to visit
Intent to visit
Intent to visit
Intent to visit
Intent to visit

Path
Coefficient
-.022
.004
-.002
.050
.018
.017
.016
.036

→
→
→
→
→
→

Intent to visit
Intent to visit
Intent to visit
Intent to visit
Intent to visit
Intent to visit
Intent to visit

.026
.033
.012
.004
.016
.013
.059

pValues
.103
.448
.599
.049
.263
.407
.649
.017
.205
.077
.425
.670
.282
.429
.020

Notes: *p<.05,**p<.01, ***p<.001

4.2.6.3 Coefficient of Determination (R2 value)
The coefficient determination (R2) is a "measure of the model’s predictive power and is
calculated as the correlation between a specific endogenous construct’s actual and predicted
values" (Hair et al., 2017, p. 198). The R2 values were used to explain the strength of
hypothesized paths. The adjusted coefficient determination (adjusted R2) values were also
provided, and the results between R2 and adjusted R2 were not much different. R2 values explain
effect sizes of the relationship with the strength of R² .75, .50, and .25 for latent variables in the
structural model can be described as substantial, moderate, and weak. (Hair et al., 2011). The
values of less than .25 could be interpreted as very weak. Another study suggests that R2 values
obtained for each endogenous variable greater than .10 are deemed acceptable (Van Tonder &
Petzer, 2018).
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In this model, most of the constructs were predicted by their predictor variables to very
weak level or lower than .25, such as Emotion (R2=.112), Emotion regulation (R2=.114),
Financial risk reduction strategies (R2=.210), Physical risk reduction strategies (R2=.107), Social
risk reduction strategies (R2=.166), Trust (R2=.214), and Information search (R2=.130). Intent to
visit and Time risk reduction strategies had a weak level at R2=.282 and R2= .316. Only Risk
perception had a moderate level (R2=.590). The R2 indicated that predicted variables’ variance
could be explained from the other constructs’ causal relationships in the model.
Table 21 R2 and Model Fit of the CFA Measurement Model
R2
Strength
2
Constructs
R
Adjusted
Model Fit SRMR=.112, NFI=.738
Moderate
Risk Perception
.590 .588
Very weak
Emotion
.112 .106
Very weak
Emotion regulation
.114 .111
Very weak
Financial strategies
.210 .208
Very weak
Physical strategies
.110 .107
Very weak
Social strategies
.166 .163
Weak
Time substitution
.316 .313
Very weak
Trust
.214 .212
Very weak
Information search
.130 .127
Weak
Intent to visit
.361 .351

4.2.6.4 Effect Size (f2)
The next step in the PLS-SEM structural model assessment procedure is to examine the
effect size (f 2). By examining the effect size, the researcher can interpret the observed results’
meaningful or substantive effect (Ellis, 2010). The f2 indicates the exogenous constructs’ effect
size on the endogenous latent constructs (Hair, Hult, Ringle & Sarstedt, 2017). The values of
.020, .15, and .35 represent small, medium, and large effects of the exogenous latent construct
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(Cohen, 1988; Ellis, 2010; Hair et al., 2017). In other words, .02-.14 (small), .15-.34 (medium),
and ≥ .35 (large effects), The f2 effect size is an alternative measure to the path coefficient’s size
that identifies the magnitude of the effects explaining the models’ dependent variables. Path
coefficient may have a statistically significant result (<.05), but may not have a substantive or
significant f2 effect size (Kline, 2015). A more flexible effect size range was proposed by
Auginis et al., (2005) review that .005, .01, and .025 constitute small, medium, and large effect
sizes. It can be interpreted as .005-.009 (small), .010-.024 (medium), and ≥.025 (large).
The result of the f 2 effect size values of risk experience on risk perception was large
(1.05) , indicating the independent variable’s substantive effect in explaining the dependent
variable. Most of the effect size of risk perception on risk reduction strategies were small.
However, the medium effect size was found on the relationship between risk perception and
financial strategies (.172). All the effect sizes of positive emotion toward the destination on the
adoption of risk reduction strategies or intent to visit were small, except for and emotion and
trusts (.185). No meaningful effects were found on risk reduction strategies and intention to visit.
However, financial (.015) and trust strategies (.018) had higher values than the other risk
reduction variables. The result of the effect size diagnostic is provided in the following table.
Table 22. Effect Size (f2)
Relationships

Knowledge
Personality
Risk Experience
Knowledge
Personality
Risk Experience
Risk Perception
Emotion

→
→
→
→
→
→
→
→

Risk perception
Risk perception
Risk perception
Emotion
Emotion
Emotion
Intent to visit
Intent to visit
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f2 effect Effect size
size level
(Cohen,1988)
.003 No effects
.007 No effects
1.05 Large
.034 Small
.009 No effects
.006 No effects
.017 No effects
.049 Small

Relationships

Risk Perception
Risk perception
Risk perception
Risk perception
Risk perception
Risk perception
Risk Perception
Emotion
Emotion
Emotion
Emotion
Emotion
Emotion
Emotion
Emotion regulation
Financial strategies
Information search
Physical strategies
Social strategies
Time strategies
Trust

→
→
→
→
→
→
→
→
→
→
→
→
→
→
→
→
→
→
→
→
→

Emotion regulation
Financial strategies
Information search
Physical strategies
Social strategies
Time
Trust
Emotion regulation
Financial strategies
Information search
Physical strategies
Social strategies
Time substitution
Trust
Intent to visit
Intent to visit
Intent to visit
Intent to visit
Intent to visit
Intent to visit
Intent to visit

f2 effect Effect size
size level
(Cohen,1988)
.015 Small
.172 Medium
.001 No effects
.062 Small
.118 Small
.420 Large
.067 Small
.106 Small
.074 Small
.149 Small
.051 Small
.065 Small
.022 Small
.185 Medium
.001 No effects
.015 No effects
.004 No effects
.004 No effects
.002 No effects
.001 No effects
.018 No effects

4.2.6.5 Blindfolding and Predictive Relevance Q2
The Q2 test measures the model out-of-sample power or predictive relevance (Hair, Hult,
Ringle & Sarstedt, 2017). Using the SmartPLS v.3.0, a blindfolding procedure was performed on
all endogenous constructs in the structural model with an omission distance of D=7 as
recommended in the literature (Hair, Hult, Ringle & Sarstedt, 2017). Basically, the procedure
conducts iteration with systematic data deletion based on omission distance (D). A recommended
distance is between 5-12, and D=7 means that every fifth data point will be eliminated. The D=7
omission distance provided results in seven rounds of iteration. The results showed that the
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cross-validated redundancy or Q2 values were above zero (i.e., intent to visit=.224, risk
perception=.392, time strategies=.228 and financial strategies=.136). These results indicate the
path’s model predictive relevance of particular constructs.

4.2.6.6 Multi-Group Analysis
Previous studies have indicated that a prior visit to a destination is an important factor
influencing a decision as it reduces the uncertainty (Fuchs & Reichel, 2011; Liu et al., 2016;
Nugraha et al., 2016). H10 hypothesized that the tested influences were contingent upon different
types of tourists: experienced and non-experienced groups. The experienced group consisted of
respondents who visited the destination and the non-experienced group consisted of the
respondents who did not visit the destination. Table 23 below indicated the interaction effect
between two different sample groups.
In terms of personal attributes, only the influence of risk experience on positive emotion
toward the destination was statistically different between the groups (β=-.310, t=2.238, p=.026).
The path coefficient on the effect of risk experience on emotion was negative for the experienced
group (β= -.010, t=1.117, p=.907), indicating that the experienced group higher risk experiences
reduced positive emotions. On the contrary, for the non-experienced group, the result was
positive (β= .300, t=2.953, p=.000). Higher risk experiences had higher positive emotions.
The effects of risk perception on positive emotion were significantly different between
the two groups (β= .485, t=3.703, p=.000). The experienced group’s path coefficient was positive
(β= .054, t=.655, p=.513), while the non-experienced group was negative (β=.431, t=4.614, p=.000). These results indicate that the effect of risk perception on emotion is
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stronger for the non-experienced group. Higher risk perception is more likely to reduce positive
emotions or feelings about the destination for the non-experienced group.
The influence of risk perception on the adoption of risk reduction strategies was
significantly different between the groups, including information search (β= .359, t=4.247,
p=.000) and trust (β= .249, t=2.728, p=.007). The path coefficient of the effect of risk
perception on information search was positive for the experienced group
(β=.079, t=1.539, p=.124), but it was negative for the non-experienced group(β=..281, t=4.427, p=.000). The likelihood to search for more information was higher for the
experienced group. The path coefficient of risk perception on trust was statistically positive for
the experienced group (β=.249, t=4.57, p=.000), but zero for the non-experienced group
(β=.000, t=.004, p=.997). The likelihood to trust the destination (believe in the local service
providers, communities, and authorities) was higher for the experienced group. Overall, the are
differences in the adoption of risk reduction between the groups.
Nearly all the effects of emotion on the adoption of risk reduction strategies were
significantly different between the groups, except the effect of emotions on trust. The effect of
emotion on trust was not statistically significant (β=.016, t=.1756, p=.860). There were no
significant differences in the effect of positive emotions on the likelihood of trusting the local
entities (service providers, communities, and authorities). Respondents with higher positive
emotions at either group were more likely to trust the destination (local service providers,
communities, local authorities) to the same degree to ensure their safety. The influence of risk
perception and emotion on risk reduction strategies for both groups is not the same.
The path coefficient of the effect of emotion on risk reduction strategies was positive
for the experienced group in emotion regulation (β=.449, t=8.916, p=.000), finance (β=.384,
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t=6.423, p=.000), information search (β=.484, t=9.556, p=.000), physical (β=.370, t=6.609,
p=.000), social (β=.354, t=6.375, p=.000), and time strategies (β=.250, t=4.291, p=.000). The
path coefficient of the effect of emotion on risk reduction strategies was also positive for the
non- experienced group but smaller: emotion regulation (β=.147, t=1.851, p=.064), finance
(β=.067, t=.880, p=.379), information search (β=.146, t=1.588, p=.113), physical (β=.020,
t=.202, p=.840), and social (β=.088, t=1.105, p=.269). However, the time substitution’s path
coefficient was negative for the non-experienced group (β=-.430, t=.589, p=.586). The higher
the positive emotion, the more likely a person to adopt risk reduction strategies. The result
showed smaller effects for the non-experienced than the experienced group, meaning the
experienced group considered the importance of adopting risk reduction strategies more
important than the non-experienced group, although the experienced group relatively had
positive emotions regarding the destination.
Even though there was a significant difference in the relationship between cognitive and
affective risk perception and the engagement in risk reduction strategies, none of the
relationships between risk perception and intent to visit were significantly different. Also, the
influence of emotion on intent to visit between the groups was no different. Both groups had the
same positive effects on the influence of risk perception on the intention to visit and the
influence of emotion on intention to visit.
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Table 23. MGA Result
Specific relationship

Path
Coefficients-diff
(Experience Non
Experience)

t-Value(|Experience
vs Non Experience|)

p-Value
(Experience
vs Non
Experience)

Path
Coefficients
Original
(Experience)

t-Value
(Experience)

p-Value
(Experience)

Path
Coefficients
Original
(Non
Experience)

t-Value (Non
Experience)

p-Value
(Non
Experience)

Emotion → Intent to visit

-.205

1.942

.053

.088

1.289

.198

.292

4.180

.000

Emotion → emotion reg

.302

3.364

.001

.449

8.916

.000

.147

1.851

.064

Emotion → finance

.317

3.212

.001

.384

6.423

.000

.067

.880

.379

Emotion → info

.338

3.501

.000

.484

9.556

.000

.146

1.588

.113

Emotion → physical

.350

3.339

.001

.370

6.609

.000

.020

.202

.840

Emotion → social

.265

2.782

.006

.354

6.375

.000

.088

1.105

.269

Emotion → time

.294

3.064

.002

.250

4.291

.000

-.043

.589

.556

Emotion → trust

.016

.176

.860

.370

6.490

.000

.354

5.231

.000

-.081

.753

.452

.167

2.550

.011

.247

3.005

.003

-.057

.743

.458

-.044

1.078

.281

.013

.177

.859

.125

1.252

.211

.187

2.967

.003

.062

.874

.383

-.131

1.826

.068

-.101

2.438

.015

.030

.491

.624

-.310

2.238

.026

-.010

.117

.907

.300

2.953

.003

.054

.801

.423

.767

19.072

.000

.713

13.428

.000

.485

3.703

.000

.054

.655

.513

-.431

4.614

.000

-.114

1.007

.315

.049

.738

.461

.162

1.727

.084

.103

1.218

.224

.127

2.906

.004

.024

.288

.773

-.003

.042

.967

.281

5.427

.000

.285

4.696

.000

.359

4.247

.000

.079

1.539

.124

-.281

4.247

.000

.185

1.582

.114

.268

5.463

.000

.083

.633

.527

-.029

.323

.747

.226

4.011

.000

.254

4.086

.000

Knowledge → Emotion
Knowledge → Risk
Perception
Personality → Emotion
Personality → Risk
Perception
Risk Experience →
Emotion
Risk Experience → Risk
Perception
Risk Perception →
Emotion
Risk Perception → Intent
to visit
Risk Perception →
emotion reg
Risk Perception → finance
Risk Perception → info
Risk Perception →
physical
Risk Perception → social
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Specific relationship

Path
Coefficients-diff
(Experience Non
Experience)

t-Value(|Experience
vs Non Experience|)

p-Value
(Experience
vs Non
Experience)

Path
Coefficients
Original
(Experience)

t-Value
(Experience)

p-Value
(Experience)

Path
Coefficients
Original
(Non
Experience)

t-Value (Non
Experience)

p-Value
(Non
Experience)

Risk Perception → time

.001

.007

.994

.469

8.393

.000

.468

8.237

.000

Risk Perception → trust
emotion reg → Intent to
visit
finance → Intent to visit

.249

2.728

.007

.249

4.570

.000

.000

.004

.997

.080

.628

.530

.106

1.234

.217

.026

.373

.709

-.082

.522

.602

.082

.767

.443

.164

1.950

.052

info → Intent to visit

-.043

.346

.730

.090

1.205

.228

.133

1.316

.188

physical → Intent to visit

-.080

.498

.619

.074

.718

.473

.154

1.395

.163

social → Intent to visit

.074

.481

.630

.088

.855

.393

.013

.148

.882

time → Intent to visit

.273

1.716

.087

.148

1.361

.174

-.124

1.569

.117

trust → Intent to visit

.023

.116

.907

.090

.653

.514

.067

.861

.389
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In summary, this chapter described the findings and data analysis of the study. The first
section outlined the procedures that the researcher follows to prepare for data analysis. The
primary data analysis involved all the 594 usable responses obtained from the online survey.
Descriptive statistics were performed for respondents’ sociodemographic and perception related
to the variables investigated. Major patterns were identified in the respondents’
sociodemographic profiles and responses. A two-step PLS-SEM was utilized to assess the
measurement and the structural models. Statistical assumptions were met, and the hypothesized
relationships were described. Lastly, PLS-MGA was conducted to compare the path model
across different respondents’ groups based on their past travel experience. The next chapter
provides the discussion of findings, implications of the results, and summary of contribution.
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: CONCLUSION

This research is conducted to understand the relationships between personal factors, riskrelated constructs, and travel intention. Specifically, it attempts to understand the role of risk
reduction strategies in mediating the relationships between perceived risk and travel intention.
This final chapter discusses major findings and conclusions. Summary of research methods is
followed by a discussion concerning the hypothesized relationships, conclusions, theoretical and
practical implications of this study. A discussion of limitations and future research directions is
also provided. The chapter ends with a summary of contributions.

5.1. Summary of the Study, Method, and Research Design
The vulnerability of island destinations has raised concerns on how tourism-dependent
island destinations, including Bali, could sustain their tourism industry from the impacts of
external forces, such as natural disasters and climate change (Becken et al., 2014; Gurtner, 2016;
Parra-López & Martínez-González, 2018). Drawing upon the importance of tourism as a
primary source of livelihood in the destination, this study addresses the call to understand the
impacts of the islands’ vulnerability on tourism demand. As vulnerability elevates greater risks,
understanding the impacts of perceived risks on tourist behavior is needed to identify effective
strategies that could strengthen tourists' confidence toward the destination under perpetual
challenges. This study aims to describe Bali's vulnerability from the potential U.S. travelers’
perspectives and assess the implications of those perceptions on risk reduction strategies and
future travel behaviors.
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The concept of travel behavior associated with perceived risk has been well developed in
the tourism literature. Under the rational paradigm manifested in risk management studies,
perceived risk will motivate a person to engage in risk reduction behaviors either by increasing
certainty or avoiding negative consequences resulting from a decision (Adam, 2015; Fuchs &
Reichel, 2011; Nugraha et al., 2020). Complete aversion or avoidance toward a destination is not
the only mechanism to protect oneself. Alternatively, the multidimensional risks (e.g., finance,
time) allow some trade-offs between different risk dimensions, which can be directed to alleviate
risk perception. Risk is inherent and cannot be eliminated in any travel decisions. Even the highrisk destination can still be attractive. Normatively, people will try to control the risks to an
acceptable level. Because a comprehensive investigation in risk reduction behaviors is lacking,
this study hopes to extend the work in risk-related studies on island destinations’ vulnerability
and risk reduction behaviors.
This study adopts an integrated view that combines and tests the effects of different risk
types and risk reduction strategies (information search, social, emotion regulation, financial,
time, trust, and physical strategies) on travel intention, which have typically been investigated in
isolation. The current study was established under the philosophical belief of positivism and a
quantitative methodology for hypothesis-testing to achieve this research's goal. A quantitative
approach, such that the structural equation modeling allows investigations of a complex
decision-making process and provides empirical evidence of causal relationships between
variables, including direct and indirect relationships (Nusair & Hua, 2010; Ro, 2012).
Initially, the processes commenced with a literature review followed by a questionnaire
survey design with online samples. The questionnaire survey was hosted on Qualtrics and the
participants were recruited via MTurk. An online questionnaire survey was chosen for its high
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validity and reliability (Kim & Hodgins, 2017). The questionnaire items included in the survey
were adapted from selected well-established studies. The adopted measurement items were
reworded or shortened for clarity and conciseness. The participants who were eligible to
participate in the survey had to be at least 18 years old, residing in the United States, and had
taken a trip outside the country at least once in their lifetime.
The data collection was conducted in two phases, a pilot and a primary study. The
adopted measurement items were tested in the pilot study. An EFA test was conducted to
confirm factor structure, and item scale reliability was conducted to ensure measurement items’
consistency. Since the statistical requirements had been met, all the measurement items from the
pilot study were included in the primary survey. Both the pilot and primary survey used Qualtrics
to host the survey and MTurk to recruit the participants. The data were screened and ensured that
the responses met the requirement (i.e., no incomplete survey or no responses had the same
answers throughout the survey). 594 useable responses were retained for data analysis.
Assumption checks were conducted to test for data normality, linearity,
homoscedasticity, and multicollinearity. The result from CFA showed that the validity and
reliability of the measurement model were satisfactory. PLS-SEM was performed to evaluate the
structural model in the primary study. The direct relationships between personal factors, risk
perception, emotion, risk reduction strategies, and intention to visit were investigated. Personal
attributes were assumed to shape cognitive and affective risk perception. Personality factors and
subjective knowledge were found to influence emotion. Higher risk-averse (familiarity-seeking)
and higher knowledge about the destination had higher positive emotions about the destination.
Risk experience had a strong positive influence on risk perception. Risk perception nearly
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influenced all risk reduction strategies, except information search. Only trust and financial risk
reduction strategies were stronger predictors of intention to visit.
Lastly, a multi-group analysis was conducted to answer whether there were differences
in the hypothesized relationships between the experienced and non-experienced
groups. SmartPLS v.3.0 made it possible for the group comparison analysis to be conducted in
conjunction with a measurement model using PLS-SEM. Investigation of this research study
utilized the Multi-Group Analysis (MGA) to compare the models based on two groups. The
findings indicate that the experienced group has higher cognitive and affective risk perception
and higher likelihood to adopt trust and information search strategies than the non-experienced
group. Risk perception’s influence on emotion was positive for the experienced groups but not
the non-experienced group. Regardless of the positive emotion, the experienced group is more
likely to adopt risk reduction strategies than the non-experienced group.

5.2. Discussion of Results
The primary study was conducted with 66 measurement items after the invalid items (low
factor loadings) were removed from the data set. The measurement items included personality
traits (4 items), subjective knowledge (3 items), risk experience (5 items), destination risk
perception (25 items), emotion (4 items), and intent to visit (3 items). Risk perception consisted
of five types of risks (financial, socio-psychological, physical, time, and functional risk). Risk
reduction strategies consisted of information search (3 items), social (3 items), emotion
regulation (3 items), financial (3 items), trust (4 items), time substitution (3 items), and physical
risk reduction strategies (3 items). The total sample size for data analysis was 594 cases.
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Socio-demographics
While the respondents who participated in this study had a diverse demographic
background, some major patterns were identified. The majority of the respondents tend to be
male, younger (aged between 25 to 34 years old), holding a college or university degree,
employed, married, middle-income-earning, white, and living in urban areas, such as California,
New York, and Texas. In similar studies using MTurk, the demographics were also characterized
as male, younger, well educated, and reported having medium household income levels
(Chaulagain et al., 2019; Liu et al., 2016). Therefore, typical characteristics of the online samples
are the same.
Socio-demographic characteristics alone might not be significant in predicting risk
perception because other contextual variables influence risk perception, such as proximity to and
frequency of risks (Rittichainuwat et al., 2018). However, previous studies indicate that
demographic factors (e.g., age, gender, and education) significantly influence risk perception and
adoption of protective behaviors. Male, younger age and higher education tend not to avoid a
destination despite the perceived risk (Chew & Jahari, 2014, Karl, 2018; Rittichainuwat et al.,
2018). Younger age and higher education levels tend to tolerate inconveniences in consuming
tourism products (Rasoolimanesh, 2017). Similarly, the typical respondents in this study are
dominantly male, younger, and well educated who tend not to avoid the destination despite the
perceived risk.
Travel characteristics are also considered as factors influencing risk perception (Adam,
2015). More than half of the respondents in this study stated that they had visited Bali, indicating
they have good knowledge about the destination. The majority of the respondents traveled to the
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destination for Leisure/Vacation/Holiday. Although travelers can combine leisure and work, Bali
is depicted as a leisure or vacation that combines traditional cultural, natural, and spiritual
attractions (Picard, 1995). The length of stay for most of the respondents was short or less than
expected, only for about a week. The respondents reported that they were married and mostly
traveled with their families. The majority of the respondents were independent travelers who
travel with their own arrangements. Respondents reported that they know Bali from various
information sources, such as the internet, TV, friends, colleagues, and relatives. In comparison,
the use of the internet and TV was rated higher than a personal source of information (friends,
colleagues, and relatives). The internet was the top source of information for the majority of the
respondents.

Personality Traits, Knowledge and Risk Experience
Personality traits were measured in four dimensions: Self-reliance (‘I prefer tourist
packages’), Novelty (‘I prefer a familiar tourist destination’), Institutionalization (‘I prefer usual
comforts’), and Openness to otherness (‘I prefer to socialize with other people of my own
culture’). In these dimensions, respondents rated institutionalization and self-reliance highest.
These results showed that respondents were slightly familiarity seekers or dependable. This is
reasonable assuming that most of the respondents are married and traveled with a family. Even
though respondents were willing to visit a risky destination, they would still prefer comfort or
convenience rather than adventure.
Subjective knowledge of the destination was measured in brief self-assessed destination
knowledge items that describe the respondents' confidence about a particular destination. Despite
the fact that more than half of the respondents stated they had visited Bali, they rated moderately
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being familiar with the destination in general. The highest-rated item was ‘Compared to the
average person, I am familiar with the destination’. The respondents appeared familiar about the
destination to make an evaluation of their perceived risks. The findings also indicate that
respondents who visited the destination rated their subjective knowledge higher than respondents
who did not. As respondents traveled more to the destination, they would be more familiar and
their perceived confidence toward the destination also increased.
Risk experience was measured in five items, including direct and indirect risk
experiences during previous trips to any destinations. Respondents reported risk experiences
moderately, with the highest indirect experience, ‘I know somebody who experienced some of
these risks’. The findings show that although respondents did not directly experience the risks
from terrorist attacks, natural disasters, sickness, and crimes, they were familiar and aware of
such negative experiences happening to someone they know. Respondents who visited the
destination also rated higher on their risk experiences than those who had not visited, indicating
they might have had more negative experiences in their previous trips.

Risk Perception
Bali, as a vulnerable island, has different risk factors that can influence future travel
behavior. Factor analysis resulted in a one destination risk perception factor which consists of
several components or dimensions; physical (8 items), social (4 items), functional (7 items),
financial (3 items), and time (3 items). Recent studies have concentrated on fewer risk
components; for instance, Chew and Jahari (2014) only concentrated on three destination risk
dimensions, socio-psychological, physical, and financial. Other studies have specifically
concentrated on a specific type of risk, for instance the effect of natural disasters and climate
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change (De Urioste-Stone et al., 2016; Huebner, 2012; Jeuring & Becken, 2013). This study
identifies and incorporates different dimensions of risk.
Bali has been identified as a vulnerable island destination because it is dependent on
tourism and has thrived from the impacts of crises and disasters in the past (e.g., terrorist attacks,
financial crises, natural disasters). "While Bali's successful recovery and growth in visitor
arrivals over the past decade may suggest a return to paradise for the tourism sector and host
community, the destination continues to remain vulnerable and exposed to the threat of crisis"
(Gurtner, 2016). Different types of risks were identified as factors influencing travelers' decision
to travel, not only limited to the impacts of nature-induced phenomenon. In addition, the
interrelationship between risk dimensions suggests any type of risk has the potential to influence
tourists differently (Chew & Jahari, 2014). Therefore, this study follows the multidimensional
approach in understanding the relationship between risk-related constructs and intention to visit.
The findings of this study indicate that respondents are aware of the likelihood of all the
risk factors to occur (financial, physical, etc.) when they travel to the destination. The average
score for risk perception across different types of risk did not vary greatly, including to the
effects of terrorist attacks. Although the events occurred many years ago and rarely happened,
respondents still considered such things would be likely to happen. The effects of a catastrophic
event would not be forgotten from the respondents’ memory. It is also reasonable to assume that
the respondents have low risk perception because they are not in close proximity to risk.
However, as they have more exposure to the destination, they will have higher risk perception
(Rittichainuwat et al., 2018). This might also explain why the experienced travelers have higher
risk perception than the non-experienced travelers.
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Destination risk perceptions rated on the lowest end were time and socio-psychological
risks. Time risk was rated higher than socio-psychological risk. The respondents rated highest
‘The trip would take too much of their time’. This is reasonable considering that the destination
is far from where the respondents’ located. In terms of socio-psychological risk, the respondents
feared that ‘The trip would change the way others think of them’. Although respondents perceive
these risks, time and socio-psychological risks are not the respondents' biggest issues among the
five risk dimensions regarding the destination.
Physical and functional destination risk perceptions were rated moderately. The
respondents rated lowest on ‘Being a target of a terrorist attack’ and highest on ‘Being a crime
victim’ for the physical risk dimension. The respondents had a moderate risk perception
regarding getting sick from tropical diseases, getting road accidents, and being exposed to
coastal flooding and tsunamis. Surprisingly, the COVID-19 pandemic was rated lower than
crimes, but it was perceived higher than other physical risks. The respondents rated highest on
extreme weather climate and lowest on unattractive landscape or scenery. The level of crowds
and unsatisfactory cultural events were rated moderately. This indicates that the destination's
quality (e.g., the quality of the beach or scenery) is not an issue for the respondents.
Financial risk had the highest score among other risk types. Respondents were mainly
concerned about financial risk than the other risk factors. Respondents rated highest for
unexpected expenses, followed by trips not being valued for money and unaffordable prices. The
location of the destination might cause the highest financial risk perception which becomes the
biggest concern of the respondents. However, this finding is not in line with the natural-induced
disasters or public health issues currently facing island destinations. Lower physical risk
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evaluation indicates that Bali as a tourist destination might not be as risky as it was thought
earlier, particularly in terms of physical risk.

Emotion
It is agreed that risk perception consists of both cognitive and affective dimensions that
are substantial in influencing behavior (Becken et al., 2017; Perpina et al., 2020; Wang, LiuLastres, Ritchie & Pan, 2019). Furthermore, the role of affective evaluation is believed to be
stronger in influencing behavior (Becken et al., 2017). Emotion was positioned as a consequence
of cognitive evaluation, and both could influence behavior intention. Emotion was measured in
four items using semantic differential scales and descriptive adjectives such as worry/calm,
frightened/reassured, tense/calm, and sick/healthy. Overall, the respondents reported moderately
positive on the emotion scale. The highest-rated positive emotion was ‘calm’, and the lowestrated positive emotion was ‘reassured’. There was no substantial difference in terms of average
score between emotion and risk perception as both constructs were moderately rated.
Overall, the respondents had the tendency to have slightly positive emotions despite the
perceived risk. Risk perception and emotion are distinct categories and their evaluation can be
different. Individuals perceive risks in two different ways and their differences are due to
determining factors (Loewenstein et al., 2001). While the likelihood of risk may influence both
risk perception and emotion, proximity to risk influences affective risk perception more than
cognitive perception (Loewenstein et al., 2001). Coping efficacy is also believed to influence
affective evaluation (Bandura, 1993). In this case, respondents were not in close proximity to
risks and might have considered having the efficacy to deal with the risk factors. Therefore, the
respondents reported low risk perception. The result of this study also showed that the
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experienced group appeared to have higher positive emotions than the non-experienced group,
indicating a higher level of efficacy.

Risk Reduction Strategies
Factor analysis resulted in seven risk reduction factors (information search, social,
emotion regulation, financial, trust, time, and physical risk reduction strategies) rather than one
factor. In total, 22 risk reduction indicators of the factors were captured. The identification of
different types of risk reduction strategies adopted in this study corresponds to the multidimensions of risk perception, including the information search and behavior modification
components which have commonly been discussed in risk-related research (Adam, 2015; Fuchs
& Reichel, 2011; Lo et al., 2011; Nugraha et al., 2020).
The findings indicate that respondents consider the importance of adopting risk
reduction strategies when traveling to Bali. They are likely to adopt different types of risk
reduction strategies, both problem-based and emotion-based strategies. Overall, risk reduction
strategies were rated higher than risk perception at above slightly likely, while risk perception
was rated between neither likely nor unlikely. Respondents would take risk reduction strategies,
despite lower perceived risks. Respondents rated similarly across the seven types of risk
reduction strategies.
Risk reduction strategies rated at the lowest end were time and social factors.
Respondents rated time substitution almost similarly, with the highest-rated time risk reduction
was 'Changing travel time'. In terms of social risk reduction, respondents rated social strategies
highest in 'Deciding in the cooperation of friends, family or relatives.’ Similar to risk perception,
respondents rated time at the lowest end, indicating that time was not the respondents' biggest
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concern. This was also aligned with the lower evaluation of time and socio-psychological risk
perception.
Financial, trust and physical risk reduction strategies were moderately rated than other
risk reduction strategies. Respondents reported they were slightly likely to adopt financial risk
reduction strategies. Respondents rated almost similarly across three items, with the highest rated
‘Taking low-cost tourists package’. Respondents rated trust highest in ‘Believing that the local
communities would compensate when I have injuries’. The highest rated physical risk reduction
strategies was ‘Taking a vaccination before departure’.
The highest end of risk reduction strategies was emotion regulation and information
search. Respondents rated both emotion regulation and information search at almost moderately
likely. Respondents considered the likelihood of regulating their emotion when traveling to Bali,
with the highest rated item ‘Trying to have more positive emotion’. They also reported that they
were moderately likely to search for more information, with the highest rated item was ‘Learning
more about Bali’ as factors that would ensure their safety.
The descriptive result confirms that respondents are likely to engage in problem-based
and emotion-based risk reduction strategies to ensure their safety when visiting the destination.
Although respondents perceived low-risk perception and slightly positive emotion toward the
destination, respondents valued adopting risk reduction strategies. Low-level risk perception is
sufficient enough to encourage the adoption of risk reduction strategies. The findings also
showed higher intention to adopt risk reduction strategies among the experienced group,
indicating a greater need for risk reduction strategies for the experienced group.
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Intention to Travel
Intention to visit has been used to indicate tourists’ future travel behavior (Boo & Gu,
2010). Intention to visit has been used as an outcome or dependent variable of cognitive and
affective risk perception and risk reduction strategies (Becken et al., 2017; Nugraha et al., 2020).
Intention to visit or likelihood to visit in this study was examined using three items adopted from
the established studies. Overall, the respondents reported they were slightly likely to visit Bali.
The highest reported item was ‘I consider visiting Bali for my next vacation.’ Despite having an
awareness of the likelihood of different risk factors, including the recent COVID-19, the
respondents would like to consider visiting the island as their next vacation destination.
The reason why respondents would like to visit the destination is because of the low-risk
perception and possible perceived expected benefits and enjoyment from travel decisions that
outweigh the perceived risks (Morakabati et al., 2012). In addition, image restoration might
contributes to the construction of a positive image that attracts travelers to return to the
destination (Chew & Jahari, 2014; Gurtner, 2016). While Bali might have safety and security
challenges, its image as a vacation destination remains positive. The result also showed that
intention to visit was higher for the experienced group than the non-experienced ones, meaning
that the experienced respondents may have had positive experiences in their previous trips,
increasing the likelihood to re-visit. Therefore, they would likely consider visiting the destination
in the future.

5.3. Structural Model
The structural models showed the interactive relationships between personal factors,
cognitive and affective risk perception, risk reduction strategies, and intent to visit. The direct
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and indirect effects of cognitive and affective risk perception on the intention to visit were
examined. Additionally, prior visit(s) to the destination was used as a control variable to identify
differences in the perception between the experienced and non-experienced respondents. PLSSEM was used to evaluate the structural model for the primary study. Based on the measurement
model evaluation result, the proposed constructs in the measurement model demonstrated
validity and reliability. Also, the predictive relevance was deemed acceptable.

Personality Traits, Subjective Knowledge, and Risk Experience
The first structural model identified the potential influence of personal factors on risk
perception and emotion. Previous studies have indicated that allocentric/psychocentric
personality traits have the ability to influence risk perception. Individuals have different levels of
sensibility to risk which can affect how they perceive destination risks (Kapuściński & Richards,
2016; Morakabati & Kapuściński, 2016). In contrast, the hypothesized relationship between
personality traits and the perceived risk was not supported (H1a). The effect of personality traits
on perceived risk was not significant. Personality traits may not always be related to risk
perception. One of the reasons why personality traits are not related to risk perception can be
explained by the influences from contextual factors, such as the stories and news the media that
form the destination image (Lepp & Gibson, 2008).
This study found that personality traits were associated with emotions. Risk-averse or
psychocentric personality traits were related to emotion. Personality traits positively influenced
positive emotion (H1b). Although risk-averse or psychocentric personality traits were expected
to have less positive feelings or emotions toward the destinations, as they presumably would be
more worried than the allocentric. In this study, the more psychocentric the individuals, the more
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positive emotions they have toward the destination. Psychocentric individuals may not be
intensely worried or have anxiety about destination risk factors. Wang, Liu-Lastres, Ritchie and
Pan (2019) argued that risk averse personality traits are less cautious or worried and less
motivated to protect themselves when they perceive risks.
Research found that subjective knowledge mediates risk perception and hesitation to
travel (Wong & Yeh, 2009) and is a significant predictor of risk perception (Sharifpour et al.,
2014). Individuals with subjective knowledge are more confident and certain in decision-making
as they know what to expect from the destination, including its limitations. Subjective
knowledge reduces the risk perception and increases the willingness to travel to a high-risk
destination (Sharifpour et al., 2014). The hypothesized relationship of the effect of subjective
knowledge on risk perception was not supported (H2a). Subjective knowledge does not have any
influence on risk perception, meaning that these are separated constructs. The evaluation of risk
is independent of one’s subjective knowledge. This is because another variable besides
subjective knowledge can also influence perceived risk. Risk evaluation also depends on one’s
tolerance level of risk which is influenced by the perceived competence to manage risk
(Williams & Baláž, 2013). Therefore, subjective knowledge alone may not predict risk
perception.
The hypothesized relationship of the effect of subjective knowledge on positive emotion
was supported (H2b). The finding is consistent with the previous research that supports a
positive association between subjective knowledge and positive emotion (Perpina et al., 2020).
Individuals who are more confident in their knowledge rated positively about the destination.
This finding shows different effects of subjective knowledge on cognitive and affective
perceptions, while the previous study found consistent effects between subjective knowledge on
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cognitive and affective evaluation (Perpina et al., 2020). In this study, the subjective knowledge
effect is dominant in affective evaluation but not in cognitive evaluation. Emotion is intuitive,
unlike cognitive risk evaluation that relies on a probabilistic calculation. The cognitive and
affective evaluation can be different (Loewenstein et al., 2001).
Prior studies have cautioned the complexity of risk experiences as more exposure to risk
experiences could lead to lesser or heightened risk perception. Research suggested that no
significant influence was established between risk experience and risk perception (Yang, Sharif,
& Khoo-Lattimore, 2015). In contrast, risk experience had a strong positive impact on risk
perception. The hypothesized relationship between risk experiences and risk perception was
supported (H3a). The higher the risk experience (direct and indirect) during previous trips leads
to higher risk perception. Although risk experience occurs somewhere else, the effects of risk
experience can also be generalized to other destinations. However, the effect of risk experience
on positive emotion concerning the destination was not significant (H3b), indicating that risk
experience is not a stronger predictor for emotion. This finding contradicts the research that
shows a significant relationship between personal experience and emotion (Terpstra, 2011). The
result shows that risk experience is not associated with emotion regarding the destination.

Risk Perception
Emotion is considered a post-cognitive evaluation of risks that can influence decisions
(Loewenstein et al., 2001). The findings suggested that risk perception significantly influences
positive emotion (H4). Risk perception had a negative impact on positive emotion, although the
effect was weak. Following a cognitive evaluation, perceived risk could heighten negative
emotions (e.g., worry, anxiety) and reduces positive emotions (e.g., calm, reassured). This
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finding confirms previous studies that acknowledge risk perception's role in influencing emotion
(Reisinger & Mavondo, 2006; Wang, Liu-Lastres, Ritchie, & Pan, 2019).
Risk perception was hypothesized to have a negative impact on intention to visit (H5).
Those who perceive higher risk will be less likely to visit the destination. On the contrary, the
path coefficient result was statistically significant, indicating that risk perception positively
impacted intention to visit, although the effect was weak. This finding contradicts the studies that
suggest risk perception has a negative effect on intent to visit (Hasan et al., 2017; Kozak et al.,
2007; Law, 2006; Reisinger & Mavondo, 2006). Although respondents were aware of the
potential risks associated with the destination, they would still go to the destination. This may be
explained by perceived benefits and enjoyment from travel decisions that outweigh the perceived
risk (Morakabati et al., 2012). Bali is a well-established destination with competitive advantages
in terms of infrastructures, attractions, and hospitality (Mustafa et al., 2020). This wellestablished reputation also can contribute to a positive image and assurance for travelers.
Prior studies indicate that risk perception positively influences the adoption of risk
reduction strategies. Risk perception motivates tourists, even risk taker tourists (e.g., backpacker)
to engage in risk reduction strategies (Adam, 2015). This study identifies several risk reduction
strategies including information search and behavior modification that have been proposed in
prior studies (Adam, 2015; Fuchs & Reichel, 2011; Mitchell & Vassos, 1997; Nugraha et al.,
2020). The findings show that respondents are aware of the risks and they are likely to adopt
different risk reduction strategies when traveling to Bali.
Risk perception had a positive impact on almost all risk reduction strategies, except
information search. Risk perception was predicted to have positive effects on information search
(H7a). This hypothesis was not supported. Risk perception does not lead to information search.
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In contrast, prior studies found information search as the outcome of risk perception (Mitchell &
Vassos, 1997; Nugraha et al., 2020). People are motivated to seek information from various
sources to be prepared for possible risks (Jeuring & Becken, 2013). The reason why risk
perception does not lead to information search might be due to cognitive limitation, information
overload or perceived irrelevant information (Boo & Gu, 2010; Jeuring & Becken, 2013).
Information search is not perceived as beneficial or the source of information is not credible
(Slevitch & Sharma, 2008).
H7b hypothesized that risk perception significantly influences the likelihood to adopt
social risk reduction strategies. This hypothesis was supported. Risk perception motivates the
adoption of social risk reduction strategies. Coan and Maresh (2014) stated that social proximity
and interaction help people navigate in a difficult environment. This is particularly evident in a
risky environment. People felt safer in others' presence, and the interaction with others can help
them make difficult decisions. The result confirms the prior study that claims perceived physical
risk increases the willingness to travel in the company of others or consulting with local officials
(Adam, 2015). Lo et al. (2011) found that there are segments of socially reliant tourists who
heavily use social strategies to ensure their personal safety when traveling.
H7c hypothesized that risk perception influences the likelihood to adopt emotion
regulation strategies. Goal-directed behavior postulated that people tend to maximize pleasure
and minimize pain in their daily life. Therefore, they would likely reduce negative emotions
(e.g., anxiety), such as by altering their negative thoughts. This strategy helps to increase
emotional control and confidence in making risky decisions (Panno, Lauriola, & Figner, 2013).
This hypothesis was supported. This finding confirms the argument that claims perceived risk is
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also related to emotional appraisal. Concerns and fears from the impact of risks encourage
people to use a specific cognitive strategy to regulate their emotion (Panno, 2013).
H7d hypothesized that risk perception influences the likelihood to adopt financial risk
reduction strategies. The hypothesis was supported. Risk perception is strongly associated with
the adoption of financial risk strategies. This study supports prior studies that indicate tourists
might be engaged in financial risk reduction strategies when they perceive risks, such as taking
inexpensive trips or extra cash for unexpected expenses (Fuchs & Reichel, 2011; Lo et al., 2011).
This also confirms that when attractiveness decreases, financial risk reduction such as discounted
price might compensate (Forster et al., 2012).
H7e hypothesized that risk perception positively affects the likelihood of trusting the
service providers, communities, and local authorities at the destination. Under a risky situation,
consumers transfer the risks to the responsible agents who have the expertise in managing risks.
This hypothesized relationship was supported. A higher perceived risk leads to a higher
likelihood of trusting the service providers, the community, and local authorities. This finding
confirms previous studies that highlight the importance of trust in reducing perceived risk (Boo
& Gu, 2010; Nugraha et al., 2020). However, in this study, trust is not modeled as a predictor of
risk perception but as a mediating variable between risk perception and intention to visit.
H7f hypothesized that risk perception positively influences the likelihood to adopt time
substitution strategies. Time substitution is employed to overcome temporal constraints in travel
which are caused by short-term disturbances, such that by changing the time or reducing the
duration of the visit. This hypothesis was supported. The result confirms previous studies that
indicate the positive association between the impacts of perceived risk on the adoption of time
substitution (Lu & Wei, 2018; McCreary et al., 2019).
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The assumption that tourists might be physically ill or injured during the trip has raised
awareness on the importance of adopting protective measures to protect their physical health, for
instance, taking immunization or buying travel insurance (Chien et al., 2017; Filep et al., 2014;
Kerr & Kelly, 2018; Wang, Liu-Lastres, Ritchie, & Mills, 2019). H7g hypothesized that risk
perception positively influences the likelihood to adopt physical risk reduction strategies. This
hypothesis was supported that there is a positive effect of risk perception on the intention to
adopt physical risk reduction strategies.
These findings were consistent with the hypothesized relationships explained by PMT
(Floyd et al., 2000; Rogers, 1975) and risk-related studies that have applied the theory (e.g.,
Wang et al., 2019). Specifically, PMT hypothesized that threat appraisals would motivate people
to engage in risk reduction behaviors. Perceived vulnerability/ risk perception was a significant
predictor of the likelihood to engage in six of the seven risk reduction strategies, including
social, emotion regulation, financial, trust, time, and physical risk reduction strategies. It is
assumed that people will engage in the recommended risk reduction strategies because they
believe such strategies are effective in protecting them.

Emotion
Becken et al. (2017) suggest that risk perception works in a dual-mode similar to the
destination image. In addition to cognitive evaluation, affective risk evaluation can also influence
decision-making. In fact, emotion has been considered as the dominant factor influencing a
decision. It was hypothesized that positive emotion has a positive impact on intention to visit
(H6). This hypothesis was supported, indicating the positive association between positive
emotion associated with the destination and likelihood to visit the destination.
182

Heightened negative emotions (e.g., worry, anxiety) are likely to increase the likelihood
to adopt risk reduction strategies. On the other hand, it is assumed that positive emotions have a
negative effect on the adoption of risk reduction strategies. In this study, positive emotions have
positive effects on information search (H8a), social (H8b), emotion regulation (H8c), financial
(H8d), trust (H8e), time substitution (H8f), and physical risk reduction strategies (H8g). These
findings indicate that positive emotions can also influence the adoption of risk reduction
measures.
The findings also support the hypothesized relationships explained by TMSC (Lazarus &
Folkman, 1984). Perceived threats (loss/harm) can generate negative emotion (e.g., anxiety,
worry and fear), and people try to reduce the negative emotion in two categories of coping:
active coping, for actions and behaviors oriented towards the problem, and passive coping, which
focuses toward addressing negative emotions. Perceived vulnerability/affective risk perceptions
were a significant predictor of the likelihood to engage in problem and emotion-based strategies
(emotion regulation). The two occured concurrently to reduce perceived risks. This study also
found positive relationships between positive emotions and the adoption of risk reduction
strategies. Emotion is not as clear-cut as it seems. Positive and negative emotions are not
mutually exclusive. The judgment of potential loss versus gain and judgment of positive versus
negative emotions can occur simultaneously. The feeling of worry and anxiety can be felt at the
same time with the positive feeling of eagerness and excitement (Lazarus & Folkman, 1984).
Therefore, respondents could still have positive emotions but consider the importance of
adopting risk reduction strategies to ensure their safety. According to Vogt and Fesenmaier
(1998), people engage in information search is not only because of perceived risk or uncertainty.
Searching for information can also be motivated by leisure or enjoyment, not necessarily
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motivated by perceived risk or uncertainty. Furthermore, the reason that explains the adoption of
risk reduction measures is because of the beliefs that recommended behaviors are effective
(Wang et al., 2019).

Risk Reduction Strategies
H9a hypothesized information search as a component of risk reduction strategy
significantly influences intent to visit. The hypothesis was not supported. In contrast, previous
research indicates that information search has a dominant effect on intent to visit, while other
behavioral risk reduction strategies are not a significant predictor (Nugraha et al., 2020). This
study found only two risk reduction variables, trust and financial risk reduction were strong
predictors of intent to visit (H9d, H9e). The hypotheses were supported. Trust has been
considered an important variable in predicting intent to visit (Abubakar & Ilkan, 2016; Nugraha
et al., 2020). This study also found financial strategies (low-cost packages and inexpensive trips)
positively influence intent to visit. In this case, financial strategies and trust might compensate
for the other types of perceived risk. These strategies may facilitate intention to visit the
destination.
This study found that the hypothesized relationships between several risk reduction
measures and intent to visit were not supported, including social factors (H9b), emotion
regulation (H9c), time (H9f), and physical risk reduction strategies (H9g). The lack of empirical
evidence between risk reduction strategies and intent to visit suggests that these strategies may
not be facilitating people’s intention to visit (Nugraha et al., 2020). In this case, only two out of
seven strategies positively influence intention to visit. Therefore, more attention should be given
to the prominent risk reduction strategies.
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Indirect Effects
This study indicates that most of the risk reduction strategies have no mediation or
indirect effects. Only two statistically significant variables, trust and financial risk reduction
strategies, that partially mediate risk perception and intent to visit. Trust partially mediates
emotion and intent to visit. Only two variables indicate the possible mediation effects. The
indirect effects of trust and financial risk reduction were positive in the relationship between
cognitive and affective risk perception and intent to visit. This result shows the lack of mediation
effects of the five risk reduction variables' on risk perception and intent to visit. Nugraha et al.
(2020) found only risk relief (information seeking) mediates the relationship between risk
perception and willingness to take the risk but not risk mitigation strategies. The role of risk
reduction strategies may not be related to the decision to visit a destination, and tourists might
absorb the perceived risks without applying risk reduction strategies.

Multi Group Analysis (MGA)
The multi-group analysis assessed H10 hypothesis that tested the influences between riskrelated constructs on intent to visit in the model based on past travel experiences (nonexperienced versus experienced group). Different group analysis was conducted for all the tested
influences. The result showed there was a significant difference between the influences of risk
experience on emotion and cognitive and affective risk perception on risk reduction strategies.
The result also showed no significant differences were found in the relationship between
cognitive and affective risk perception on intent to visit.
Risk experiences negatively influenced emotion for the experienced group, but not the
non-experienced group. However, the effects of cognitive and affective risk perception on the
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adoption of risk reduction strategies were higher for the experienced group. This indicates the
experienced group is more sensitive to risk experience and more likely to take risk reduction
strategies than the non-experienced group. Although the experienced and non-experienced
groups had no difference in the likelihood of visiting the destination, there were differences in
the likelihood of the risk reduction strategies adoption. For the experienced group, risk
perception positively influenced emotion and the adoption of information search and trust. On
the contrary, risk perception negatively influenced information search and trust for the nonexperienced group. The finding is inconsistent with Fuchs and Reichel (2011), who found that
more experienced travelers have lower risk perception or intention to adopt risk reduction
behaviors. However, the relationship between risk perception and adoption of risk reduction
strategies could be different not only based on the past travel experience to the destination but
also on the nature and the experience with the destination (Nugraha et al., 2016).

5.4. Theoretical Implications
This study emphasizes that destination risk is perceived at the planning stage or
anticipation of travel experience. This study acknowledges that travelers can engage in different
risk reduction strategies to alleviate their risk perception. This study adds to the existing
knowledge by filling the gaps of the existing literature. The inclusion of multi-dimensional risk
and inclusion of different types of risk reduction strategies presents a more comprehensive
understanding of the causal relationships tested. In addition, this study supports the importance
of defining vulnerability from travelers’ perspectives.
The findings of the study support the PMT and TMSC hypotheses. As a result, this study
supports the application of these theories within the context of a vulnerable island destination
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that is confronted by different types of risks. The structural model provides an alternative
framework in a multidimensional approach of risk analyis, empirical evidence of the
hypothesized relationships, and application of both theories in explaining travel behavior in a
broader conceptual model. The present study shows different mechanisms on how travelers deal
with risk as well as the unilateral relationships between personal attributes, risk related variables,
and travel intention. Specifically, this study provides several theoretical implications.
First, this study contributes to the academic literature by recognizing the scarcity of risk
reduction behavior examinations in the context of island destinations. This is particularly evident
where previous studies have typically focused on risk perception and have concentrated only on
a few risk types, for instance, the impacts of natural induced disasters (e.g., Forster et al., 2012,
Huebner et al., 2012). Chew and Jahari (2014) adopted only physical, socio-psychological, and
financial risks in their study. This study adds time and functional risk dimensions as parts of
perceived risk in the structural model.
The findings of this study confirm the utility of comparing different types of risks.
Concentrating on a particular risk factor (e.g., natural disaster) helps to focus on the scope of
research. However, risk dimensions are related, and one domain can compensate the other.
Therefore, this study applies multi-dimensional risk factors that are congruent with the generic
tourism literature (Karl, 2017; Reichel et al., 2013; Tasci & Sonmez, 2019). This study suggests
that U.S. travelers are characterized by five main dimensions of perceived risk in influencing
travel intention: financial, physical, socio-psychological, time, and performance risk. Individuals
may perceive different types of risks when visiting the destination.
The current research also recognizes the cognitive-affective risk evaluation. Risk
perception is also associated with feelings such as worry, fear, and anxiety. One of the key
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findings was that potential travelers’ feelings (affective risk perception) were positive, and these
feelings positively affected their intention to visit. Thus, by establishing the importance of
affective evaluations and providing empirical evidence, this study adds to the body of knowledge
on perceived risk and travel decisions, supporting earlier calls for expanding a cognitive
approach only to the cognitive-affective process (Loewenstein, 2001, Perpina et al., 2017;
Perpina et al., 2020). Furthermore, respondents are in a strong position to engage in risk
reduction behaviors. U.S. travelers are likely to engage in various risk reduction strategies,
including information search, emotion regulation, time, social, trust, and physical strategies. This
study adds other variables as parts of risk reduction strategies in a broader conceptual model.
Previous risk-related studies have examined the role of past travel experience, information
search, and behavior modification strategies (Adam, 2015; Fuchs & Reichel, 2011; Nugraha et
al., 2020). The findings show the utility of integrating different types of strategies.
Second, this research confirms the effects of personal attributes on perceived risk. This
study shows that the U.S. market is characterized as moderate risk-averse personality traits,
subjective knowledge, and risk experiences. The findings reinforce the initial idea that personal
attributes are integral elements of the decision-making process (Karl, 2017). Travelers with
varying attributes, for example, personality traits differ in their risk perception (Morakabati et al.,
2016; Nugraha et al., 2016; Wang et al., 2019). In this study, risk-averse personality traits and
subjective knowledge were correlated with positive emotion, while risk experience was
correlated with risk perception. What is more important is that regardless of the personality traits,
risk experiences, and moderate subjective knowledge, travelers were still willing to travel to the
destination. The respondents with higher psychocentric, risk experience and confident about the
destination do not feel negative about the destination.
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This study provides evidence on the utility of the role of personal attributes in influencing
risk perception and travel intention. Although travelers may differ in their personality traits, they
have the same tendency in their travel intention. Also, increased risk experiences do not
necessarily lead to negative emotions. Moderate subjective knowledge is sufficient to have
confidence in the destination. Thus, the study’s result supports the proposition that personal
attributes influence risk perception.
Third, this is the first study to evaluate the cognitive and affective appraisal process of
risk reduction behaviors via PMT and TMSC and tie these two theories together. This
application has advanced the understanding of the impacts cognitive and affective appraisals are
on travel decisions. This study confirms the application of the theory of PMT and TMSC. Risk
perception and risk reduction strategies are operationalized using cognitive and affective
components. Both theories contribute to a complete explanation of tourist behavior in perceiving
destination risks. Particularly, perceived risk is positively associated with the likelihood to adopt
risk reduction strategies to ensure personal safety (Adam, 2015; Mitchell & Vassos, 1998).
Accordingly, both of the theories are supported. In the tourism literature, risk management has
been an important area of research for many decades, as traveling to a foreign place carries risk,
which needs to be balanced with a sense of safety and security (Cohen, 1972). In line with this
paradigm, this study tests the predictive ability of the relationship of tourists' likelihood to
engage in risk reduction behaviors and perceived risk, recognizing both the importance of
cognitive and affective components.
Fourth, this study adds the current knowledge by examining the mediation effects of
different types of risk reduction strategies. The empirical evidence demonstrated in this study
clarifies the role of risk reduction strategies as mediating variables. The result shows the
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relationship between perceived risk, risk reduction strategies, and travel intention. The most
important finding is that perceived risk has both direct and indirect effects on travel decisions.
The mediators introduce in this study capture the mediation effects. Not all risk reduction
strategies equally mediate the relationships. Only financial strategies and trust mediate the
relationship between perceived risk and travel intention, meaning that only these strategies
facilitate or positively influence travel intention. The extension of the number of attributes
investigated and the cause and effect relationship presents a comparison with the existing
literature (Nugraha et al., 2020). Different risk reduction strategies were identified in the
literature, including emotion-based and problem-based strategies. This empirical result suggests
that the effects of risk reduction strategies in facilitating travel intention can vary and are
situation-specific.
Fifth, the study also revealed differences in the perceived risk and risk reduction strategies
between experienced and non-experienced groups. The experienced group tends to have higher
perceived risk and intention to adopt risk reduction strategies than non-experienced groups. The
inclusion of past travel experience variables contributes to the construction of prior knowledge in
decision making (Sharifpour et al., 2014). This finding supports the proposition that differences
may exist in tourist behaviors according to past travel experience to the destination (Fuchs &
Reichel, 2011; Hales & Shams, 1990; Nugraha et al., 2016). Prior experience seems to be
relevant in differentiating their behavior in regard to making decisions.

5.5. Practical Implications
Island destination characteristics, such as reliance on the tourism industry and fragile
environments, bear the consequences of many disasters. The challenge of island destinations,
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such as Bali, is to balance their vulnerability while maintaining their attractiveness. Consistent
with the probability of risk, people cannot precisely predict the future and can only make
decisions on the basis of probability estimation from past events. This further shows the
importance of monitoring the possible changes in the travelers' perception and how they respond
to the situation. Considering the potential risks associated with island destinations, DMO is
expected to create a safer environment and find ways that can alleviate travelers' risk perception.
This research provides several practical implications for the tourism industry. First, the
proposed findings can help define the current standing of tourism demand generated from the
source market. Overall, the respondents positively evaluate the destination and reflect a strong
potential demand for the tourism destination. As a 3S tourist destination, Bali is not depicted as a
risky destination based on the respondents' risk perception evaluation, despite having been
interrupted by frequent major catastrophes and being characterized as a risky destination. This
means that the island might not be that vulnerable to the U.S. market. They are still attracted to
visit Bali and accept that potential risks do exist. The general public's interpretation and the
academic's interpretation of Bali as a vulnerable island can be different (Gurtner, 2016).
Although this study did not investigate each component's role in depth, incorporating the public
perceptions in vulnerability assessment provides a more diverse view of defining an island's
vulnerability.
Second, this study's major finding provides insights on which destination risk factors are
prevalent to potential travelers. The finding of this study shows the awareness of the respondents
regarding different types of risks. Travelers were least concerned with time and sociopsychological risks, moderately concerned with physical and performance risks, and mostly
concerned with financial risks. These risks were not considered influential in influencing travel
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decisions. Perceived risk does not necessarily link to the loss of the destination's attractiveness.
The influence of perceived risk in inhibiting travel decisions was not found in this study. The
respondents indicate that they are optimistic about the destination. However, unperceived and
low-risk perception can lead to unpreparedness.
Third, it should be noted that the respondents highly value risk reduction efforts,
regardless of low-risk perceptions. DMO should find ways to alleviate risk perception and
facilitate a more positive decision. The findings of this study show that respondents are more
likely to engage in the recommended problem-based and emotion-based risk reduction strategies
when they have higher levels of risk perceptions. However, some risk reduction strategies are
more significant than others. Financial and trust risk reduction strategies are stronger in
predicting intention to visit than the other strategies.
In terms of financial risk, long-haul travels can present a constraint because of the
expensive cost, especially when competing destinations are nearby. The remoteness of island
destinations provides an opportunity to capture long-stay remote workers. To overcome the
competition among island destinations requires a differentiation strategy. A supporting policy
that has been implemented to attract travelers is the free visa facilities regulation. Free visa
facilities benefit the travelers and the local economy from tourists' spending (Nugroho et al.,
2016). In addition, the tourism industry (accommodation, flights, tour operators) can offer lowercost or promotional travel packages and programs to attract potential travelers after crisis events.
A price discounting strategy with appropriate timing is also considered an effective strategy
following crisis events (Okuyama, 2018). In addition, a refund and cancellation policy should be
made easier for travelers (Ugur & Akbiyik, 2020).
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Destination trust is considered as an important factor that facilitates intention to visit.
Several key components of trust for the destination include transparent pricing policy, good
traffic management, quality of the environments, facilities qualities, public safety and security,
tourism package value for price or reasonable price, service quality, tourism-friendly policy,
friendliness, honesty, and professionalism of the service providers (Liu et al., 2019). DMO
needs to reinforce a positive image by promoting the destination's competency in crisis
management (e.g., earthquake, tsunami, etc.) and attractiveness to enhance travelers' confidence
(Chew & Jahari, 2014).
Next, there were differences in the perceived risk and adoption of risk reduction
measures between the experienced and non-experienced groups. DMO needs to understand that
travelers may not behave the same way. DMO could introduce new tourism spots that will attract
repeat travelers. In addition, although non-experienced travelers have lower risk perceptions,
they should not be taken for granted. What DMO can do is to supply accurate information in
various media that indicate Bali as a safer destination. The utilization of testimonials and positive
experiences on various online social media and news reports can be considered (Fuchs &
Reichel, 2011).
Finally, natural or human-induced disasters can be unpredictable. It is undeniable that
crises and disasters might happen. However, the findings indicate that tourists could also accept
the risks as they still want to visit the destination anyway. Therefore, perceived risk may not
necessarily be avoided and undermined. Thus, rather than ignoring that risks exist, the DMO
needs to be better prepared for potential risks and educate tourists on the possibility of the risks.
The study found that tourists are also likely to regulate their emotions to make them feel safe.
This implies destinations shall consider the importance of reducing emotional tensions under
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crisis events. Strategies that reduce tourists' negative emotions (e.g., worry and anxiety) are
expected; for instance, during the COVID-19 situation, DMO sends positive and encouraging
communication messages that uplift morale and optimism during crisis events (e.g., #StayHome
For a Better Future_ marketing video).

5.6. Limitations and Future research
This research presents a unique inquiry on the influence of risk-related variables on the
intention to visit Bali among prospective U.S. travelers. The perspectives from the notably riskaverse U.S. travelers and Bali as a vulnerable destination provide an interesting insight into the
dynamics of tourist-destination relationships. While this study extends the current body of
knowledge in risk-related research, it is not without several limitations. First, because this study
was conducted in Bali and only to U.S. travelers, the result may not be applicable to other island
destinations or nationalities. Second, this study used a non-probability online sample with only
one sample population analyzed, adults over 18 years old, who were U.S. citizens and had
traveled internationally. With the nature of the non-probability procedure of online samples with
only those who have access to the online platform and willing to participate, the generalizability
of the findings may need extra caution. In order to overcome its limitations, future studies should
use a probability sampling method to have a more representative target population. Future
studies may also conduct an international study and compare the findings across different
destinations or nationalities to enhance the current understanding of risk reduction behaviors.
Third, the samples represent experienced and non-experienced travelers' perspectives. It
is difficult to have accurate information on their prior experience with the destination because the
samples were not on the site. Their low-risk perception may be influenced by the time factor that
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the respondents had the experiences from a long time ago. The perception of the nonexperienced travelers is formed by indirect experiences, including word-of-mouth and
information from the media. Their self-described knowledge about the destination may not be
accurate or represent actual knowledge. Therefore, future studies might include travelers on-site
with direct experiences with the destination. The perception of experienced travelers on-site
presents an opportunity to compare how their perceptions differ from prospective travelers.
Fourth, the proposed conceptual model only shows one model with selected variables,
which makes interpretation limited to only the scenario of the model. Different alternative
relationships can be made to understand the interactive interaction. For instance, recommended
risk reduction strategies in this study are modeled as the consequence of risk perception. Future
research can examine and compare a reverse association between risk reduction strategies and
perceived risks or how the relationships are influenced by different nationalities. Moreover,
future research should refine the conceptual model and tailor the types of risk reduction measures
according to the type of risks.
Fifth, another limitation of the study is that a full understanding of tourists' risk
management behavior could not be derived from this study alone. This study did not examine in
depth respondents’ understanding of the risks that become their major concern. While the
intention is used as a proxy to predict actual behavior, it does not necessarily reflect actual
behavior. Future research could conduct a follow-up of the quantitative research study with a
qualitative approach to understand travelers’ destination risk knowledge or actual risk reduction
strategies behavior. An explanatory sequential mixed-methods approach could be conducted as a
secondary study to provide further explanations and additional details, allowing for a more
comprehensive understanding of the findings in the quantitative study.
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5.7. Summary of Contribution
This chapter discusses the findings with their connection to the literature used in this
study. Also, it provides theoretical and managerial implications. The last section of the chapter
discusses the limitations of the study and future research directions. Despite several limitations,
the study contributes to the risk-related studies theory by providing a conceptual framework and
empirical evidence on the relationship between personal factors, risk-related constructs, and
future travel behavior. The study has made several contributions. First, this study discloses the
interpretation of vulnerability from the prospective travelers across different risk types. The
findings reveal what vulnerability means and its potential impacts on future travel behavior. A
multi-attribute approach exercised in this study allows the comparison of different destination
risk types. By comparing different risk types, this study reveals which types of destination risks
are prevalent for prospective travelers.
Second, this study merges and validates different risk reduction strategies derived from
the existing literature. Previous studies have typically focused on a specific or few types of risk,
ignoring other important variables that may also influence decision making, such that the role of
emotion and time. As an attempt to have an integrated framework, this study compares different
types of risk reduction strategies that are prevalent in influencing risk perception and intent to
visit. The proposed decision model simultaneously considers both types of emotion and
problem-based risk reduction strategies, introducing an alternative theoretical model that has not
been examined before.
Overall, this study demonstrates that risk perception and risk reduction strategies provide
insights into potential travelers’ adaptive behaviors toward risks. It addresses the need for
empirical evidence and understanding of destinations' vulnerability and different types of
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protective behavior adaptation towards risks. This study supports the application of PMT and
TMSC in the tourism literature to explain cognitive and affective processes. Lastly, this study
recommends further in-depth investigation into using this integrated framework to develop this
research's practical, theoretical, and methodological contributions.
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